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Chapter 1

Introduction

In this thesis we study systems consisting of several interacting electrons. More spe-
cific, we study systems named quantum dots. Quantum dots are in the literature often
dubbed artificial atoms, due to their many similarities with atoms, even though they do
not have a nucleus. Quantum dots are of interest because of their many applications in
modern technology. Furthermore they are fundamentally interesting because they allow
us to study electronic systems without the presence of a nucleus that affects the electrons.
Moreover, they allow us to easily study effects of quantum confinement. We will give a
longer introduction and motivation of quantum dots in Chapter 4.

The aim of this thesis is to do numerical studies of closed-shell quantum dots, using
the Quantum Variational Monte Carlo (QVMC) ab initio method (See Chapter 5 and 6
for details). We consider the so-called parabolic (or circular) quantum dot in two dimen-
sions. An object of essential importance for the QVMC method is the trial wave function.
This will be our guess at how the functional form of the true many-body wave function
looks like. In order to construct a good trial wave function, we need to understand the
physics that govern the system of interest. In this thesis we use a Jastrow-Slater wave
function (see Chapter 7 for details). We want to see if a trial wave function with only
one Slater determinant (see Chapter 3) is a good approximation for a closed-shell system.
We aim to develop a code that can do computations on closed-shell quantum dots with
more than twenty electrons. As far as we know, there has not been done any ab initio
calculations on systems with this many particles.

Another aim is to develop a good QVMC machinery for studying electronic systems.
We will not actually do calculations for other systems in this work, but we know that
when the code works for the quantum dot system, it can easily be changed to work for
atomic or molecular systems.

Overview

The thesis is structured into two main parts. In the first part we present the theoretical
foundation of this thesis. We have organized this into six chapters:

e Chapter 2 gives a short review of non-relativistic quantum mechanics, including the
fundamental postulates of the theory. We will focus on single-particle theory, and
give a short example of a quantum mechanical system; the infinite square well.
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e In Chapter 3 we will present non-relativistic many-body theory; quantum mechan-

ics for systems consisting of more than one particle. We will present the insolvable
many-body problem. Then we discuss the basic properties a fermionic wave func-
tion must exhibit. We will solve the non-interacting system, which introduces the
important concept of Slater determinants. We will briefly discuss the interacting
system.

Chapter 4 gives a presentation of quantum dots; what they are, and why we like
them. We will present some theory of semiconductors and quantum dots such as
electronic band structure and excitations. We will then briefly go through some of
the interesting applications of quantum dots.

In Chapter 5 we solve the one-particle problem related to the parabolic quantum
dot. This is of importance when we construct the Slater determinant of the trial
wave function. We will also solve the two-particle problem for a specific case. We
then construct the many-particle Hamiltonian and scale it to a dimensionless form.

Chapter 6 presents the theory of quantum variational Monte Carlo (QVMC) meth-
ods. We first discuss random numbers and pseudo-random numbers. We then dis-
cuss the basic idea behind Monte-Carlo integration and importance sampling. We
will discuss the theory of Markov chains which leads us to the important Metropolis-
Hastings algorithm. We then present the variational principle. This principle is
what actually enables us to do QVMC in the first place. We are then ready to
discuss the QVMC method. Finally we will discuss some methods used to improve
the results: The Davidon-Fletcher-Powell (DFP) algorithm, blocking and time-step
extrapolation (see sections 6.6 - 6.8).

Chapter 7 deals with constructing our trial wave function. We will construct our
Slater determinant out of the single-particle orbitals from Chapter 5. We then dis-
cuss the correlation function used in this thesis, the Pade-Jastrow function. Finally,
we give the functional form of our trial wave function.

In the second part of this thesis, we explain the implementation of the QVMC method,

and present our numerical results. This part is organized in three chapters:
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e In Chapter 8 we present the structure of the code developed in this thesis. We have

developed an entire QVMC machinery for solving closed-shell parabolic quantum
dot systems. We will explain in detail how the QVMC algorithm is implemented.
We also go through the implementation of the DFP, blocking and time-step extrap-
olation techniques.

In Chapter 9 we present our results. We will mostly consider parabolic quantum
dots with two, six, twelve and twenty particles. The results are discussed and
analyzed. We will also present results for 30 and 42 electrons.

e In Chapter 10 we conclude the thesis.
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Theory






Chapter 2

Quantum Mechanics

Mechanics is the field of physics concerned with the behaviour of physical bodies under
the influence of forces, and how these bodies affect their environment. There are two
major sub-fields: Classical mechanics and quantum mechanics. The first field is used for
describing the dynamics of macroscopic objects. The second field is used for describing
the dynamics of microscopic objects.

It is assumed that the reader of this thesis is well acquainted with the fundamentals
of quantum physics. Even so, we feel it is important to give a quick review of the basic
aspects of the theory in order to clarify some of the notation and to help freshen up the
reader’s memory.

Put simply, quantum mechanics is a theoretical framework which has been able to
describe, correlate and predict the behaviour of a vast number of physical systems. In
this chapter, we first give a short historical overview explaining why quantum mechanics
was needed. We then move on to describe some of the quantum mechanical formalism.
We will go through the fundamental postulates of quantum mechanics, and give a brief
explanation to each of them. We then move on to the formalism of quantum mechanics
in the Schrédinger picture, and go through the basic aspects of quantum mechanics for
a single-particle system. We conclude with discussing and solving the particle in a boz,
a famous and fundamental problem in quantum mechanics. If the reader is in need of a
deeper introduction to the field, we refer to [1, 2].

2.1 Historical overview

The theoretical description of Nature called quantum mechanics was created by European
physicists in the early 20th century. It was an intellectual revolution that introduced
several concepts that had been totally unknown in the classical theory of physics:

e Quantization: Many physical quantities can only take certain discrete values.

e Wave-particle dualism: A material particle and electromagnetic radiation is not
as different as in classical physics. They both show particle- and wave-like proper-
ties.

e Probability interpretation: The quantum mechanical description can only give
the probability for finding a particle at a certain place.
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Figure 2.1: Shows the experimental spectral radiation emittance for a black body at different
temperature. The classical result is also plotted. We see that the classical result for kT = 0.6eV
deviates fundamentally from the experimental result for the same temperature.

e Uncertainty principle: Nature puts fundamental limitations on the precision
certain physical quantities may be measured with.

e Annihilation and creation: Every particle may be annihilated and created.

Quantum mechanics was needed because a number of experimental results were funda-
mentally inconsistent with classical physics. We will only give a very short introduction
of a couple of these problems, and the way two brilliant physicists was able to resolve
those problems.

2.1.1 Planck’s law of radiation

Every body radiates electromagnetic radiation. The intensity and frequency distribution
of the radiation depends on the temperature of the body. In Figure 2.1 we see the
experimental result of black body radiation. A black body is an idealized object that
absorbs all electromagnetic radiation falling on it. Such a body will also re-emit radiation
in a characteristic pattern called a spectrum.

We will not go into detail on the calculation in this short introduction. Suffice it to say
that the classical calculations for the spectral emittance results in a divergence such as we
see in Figure 2.1. This was labelled the ultraviolet catastrophe. If the classical theory was
correct, the total energy current from a black body (over all frequencies) would be infinite!

Max Planck was able to come up with a formula that fit with the experimental results

2712 hv
2 hv ’
€ eFsT — 1

I(v,T)=

where I (v,T) is the spectral emittance, v is the frequency, T is the temperature, c is
the speed of light, kg is Boltzmann’s constant and h was a new constant which was later

14



2.1. Historical overview

named Planck’s constant. The new constant had to be about 6.6 - 10734Js to get agree-
ment with the data.

Planck was able to later explain this empirical formula by assuming that the energy
for radiation with frequency v was quantized in units hv, i. e. only taking discrete values

E =0,hv,2hv,3hv, ...

This energy quantizing was a totally new idea, and it marked the beginning of quantum
physics.

Planck himself never fully accepted that this was a revolutionary idea. To him it
was only “an act of desperation.” Even so, Planck received the Nobel prize in 1918 for
“introducing the quantum” as a real physical entity.

2.1.2 The photoelectric effect

The photoelectric effect is a phenomenon in which electrons are emitted from matter as
a consequence of their absorption of energy from electromagnetic radiation. It was first
observed by Heinrich Hertz in 1887. Experiments showed that if the frequency was below
a certain limit vy, no electrons would be emitted. Experiments also showed that the
kinetic energy of the electrons that were emitted was independent of the intensity of the
radiation, but varied linearly with the frequency of the radiation:

Eyin =h(v—1p), v > .

That electrons may be emitted from matter by electromagnetic radiation was under-
standable in the classical theory. But in the classical theory energy is proportional to
the intensity of the radiation. The frequency dependency was therefore baffling for the
physicists in the 19th century.

Albert Einstein solved the problem by assuming that light consists of discrete quanta,
photons, with energy
E = hy,

determined by the frequency. When an electron absorbs a photon, the energy of the
electron increases by hr. Some of this energy, W, is needed to liberate the electron from
the matter, and the rest is just converted to kinetic energy:

Ekin = hv — W.

This is consistent with experiments: The kinetic energy of the electrons varies linearly,
with a cutoff frequency vy = W/h.

There were several other problems which classical physics could not resolve, like the
Compton-effect, diffraction of electrons and the heat capacity of a diatomic gas. A deeper
discussion of these topics can be found in ref. [1].

From the two cases discussed above, we see that some of the problems that classical
physics could not explain was resolved by “introducing the quantum.” This was, of course,

why the new physical theory was labelled quantum physics.

15



Chapter 2. Quantum Mechanics

2.2 Bra-Ket notation

To make the notation more concise, we introduce some standard notation. Integrals often
take up a lot of space in formulas, and as they are very much used in quantum mechanics
through expressions for expectation values, it is very useful to introduce a compact way
to write such integrals. Say we have a state W. This state can be expressed through the
state vector |U), also called a ket. The dual state (complex conjugate) is then represented
by (¥|, called a bra.

We now define the expectation value of an operator O through
(0) = / U*OWdz (2.1)
= (U|0OW). (2.2)
For an arbitrary operator we have that
(T|0T) = (0T0|¥) = (¥|0]¥), (2.3)

where the dagger means
ot =07, (2.4)
i. e. the operators Hermitian conjugate. The standard notation in quantum mechanics

for the expectation value is then

(0) = (¥|0] D). (2.5)

2.3 The fundamental postulates of quantum mechanics

Every fundamental physical theory is based on a set of postulates, quantum mechanics
being no exception. In this section we present the postulates of quantum mechanics, and
give a brief explanations on each of them.

Note that different learning books on the subject presents the postulates in different
order, and with different phrasing. In the following we follow closely the text of ref. [2].

2.3.1 Postulate 1

The physical state U of an isolated quantum mechanical system is represented by a vector
|¥) in a Hilbert space.

Notes on postulate 1: A Hilbert space, H, is a complex vector space with an in-
ner product. It is also complete. In the bra-ket formalism, for every quantum state |¥) in
a Hilbert space, there exists a dual state (¥| in a dual vector space. An inner product is
a structure which associates each pair of vectors in the space with a scalar quantity called
the inner product of the vectors. In the bra-ket formalism we denote the inner product.

(a]B). (2.6)

It satisfies the following three axioms for all vectors |a) , |3) , [v) € H and all scalars ¢ € C:
Conjugate symmetry:

(alf) = (a18)". 2.7)

16



2.3. The fundamental postulates of quantum mechanics

Linearity in the right argument:

(alef) = c(alf) (2.8)
(@B +v) = (alB) + (afv). 2.9

Positive definiteness:
(a]a) > 0. (2.10)

For more details into linear algebra, we refer to [3].

Assume we have a discrete basis which is orthonormal
(il7) = S, (2.11)
and complete

E]@mzm (2.12)

with &,,, being the Kronecker delta, and 1l the identity operator. The quantum state can
then be developed in this basis

) = 3010) @1%) = S aili), (213)

where ¢; = (i|¥) is a complex number. If the basis is continuous, the orthonormality
condition is given as

(z|2') =6 (z — 2), (2.14)

with |z) being a position basis vector. The completeness relation is given as

/mmﬂﬂzm (2.15)

The quantum state can then be written

\m—/mm@m—/mw@m, (2.16)
with U(x) = (z|¥).

2.3.2 Postulate 2

To each observable F' there is in quantum mechanics a Hermitian linear operator F. I f an
observable in classical mechanics takes the form F (q1,qo, ..., qf, 1, D2, ..., Pf), the operator
m quantum mechanics is F (41,425 -+, 4f+ D1, P2, -, D), where the operators representing
the generalized momentum p, and generalized coordinate q, are

h 0O
Dy = — d Gn = qgn- 2.1
Pn =55 ad =g (2.17)

They satisfy the commutation relation
[Pn, Gn] = ih, (2.18)

17



Chapter 2. Quantum Mechanics

where h is the reduced Planck constant, defined as

h

%7

h

(2.19)
where h is Planck’s original constant.

Notes on postulate 2: There are quantum mechanical operators that cannot be con-
structed from a classical expression for the physical entity. Spin is the most important
example.

The expectation value of an observable can be expressed very neatly in inner-product
notation as shown in eq. (2.5). The outcome of a measurement has to be real. This can
be expressed through

(0) = (0)*. (2.20)
This means that X X
(T|0O¥) = (0O¥|V), (2.21)
or, expressed in another way X R
0=0" (2.22)

An operator having this quality is called Hermitian. All observables in quantum mechan-
ics are represented by Hermitian operators.

There is a theorem called the spectral theorem (see ref. |3|), which states that the
eigenvectors of a Hermitian operator A in a Hilbert space form a complete set in that
Hilbert space, and that its eigenvalues must be real. The completeness is expressed

through
d

1=l fail, (2.23)

i
with |a;) being the eigenvectors of 121, and d the dimensionality of the vector space. The
operator can then be expressed through its spectral decomposition

d
A= Zai la;) (a;| - (2.24)

2.3.3 Postulate 3

The time evolution of the quantum state of a system is (in the Schrodinger picture) fully
described by a time dependent state vector W(t), called a wave function. This wave func-
tion obeys the Schrodinger equation

0 A
| (1) = F | (1), (2.25)
with H as the Hamiltonian of the system.

Notes on postulate 3: We define the Hamiltonian (in one dimension) as

- h 02

18



2.3. The fundamental postulates of quantum mechanics

What exactly is the wave function? In classical physics we are used to think of a
particle as being localized at a point. The wave function, however, is spread out in
space. How do we interpret such an object? The answer is provided by Born’s statistical
interpretation of the wave function, which states that |W (z,t)|? gives the probability of
finding the particle at point x, at time . More precisely:

b .. . .
2 .| probability of finding the particle
/a |V (z,8)]"dz = { between a and b, at time ¢. (2.27)

An important concept tied to the wave function is normalization. Since we interpret
|W (x,t)| 2 as a probability density, it follows that

+0o0
/ | (z,t)| 2dz = 1. (2.28)

Without this, the statistical interpretation would be nonsense. This extra condition on
the wave function is called normalizing the wave function. Any physically realizable state
has to be normalizable. It follows that any solution to the Schrédinger equation that is
non-normalizable, cannot represent a real physical state. Such a solution will thereby be
rejected.

It is a lucky fact that if we normalize the wave function at time ¢ = 0, the wave
function will still be normalized as time passes by. This is a remarkable property of the
Schrédinger equation, and without it the whole quantum theory would have collapsed.

2.3.4 Postulate 4

If a system is in a state |V) and a measurement of the observable A is done, the result
will be limited to one of the eigenvalues of the operator A.

Notes on postulate 4: Assume the system is in a quantum state ¥, and we do a
measurement on the system. The result of the measurement will be limited to an eigen-
value a;, which will appear with probability

l
pi = [ain| ), (2:29)
n=1

where [ denotes the degeneracy of the eigenvalue, i. e. how many eigenvectors share the
same eigenvalue. In the non-degenerate case we have [ = 1. If the eigenvalue = of an
operator ¥ is a continuous variable, p; will be a probability density.

2.3.5 Postulate 5

In an ideal measurement, when the measured value of an observable A is a;, the quantum
state is immediately changed to the corresponding eigenstate.

¥) — |a;) . (2.30)

Notes on postulate 5: This is what is usually referred to as the collapse of the wave
function.

19



Chapter 2. Quantum Mechanics

Furthermore, if two operators Q and P are not compatible, [Q,p} # 0, there is no
measurement that can precisely determine both @) and P simultaneously. There will then
be a relation between them that relates how precise we can know each observable. This
is the famous uncertainty principle:

odob > <21Z <[Q,15} >>2 (2.31)

where o is the uncertainty in the measurement of observable () and op is the uncertainty
in the measurement of observable P. The most well known example is the Heisenberg
uncertainty principle

I
Ox0p > 5 (2.32)

which relates the position and momentum observables. This principle states that if we
want to know the exact position of a particle, it comes at the expense of not knowing a
thing about the momentum of the same particle.

2.4 Quantum Mechanics in the Schrodinger Picture

We solve problems in quantum mechanics using vectors and operators, which are quite
abstract objects. This has led to several different pictures in which to view quantum
mechanics, and several different representations of the vectors and operators, depending
on which basis one wishes to use. For more information we refer to [4].

In the Schrédinger picture, the time evolution of the system is defined by the Schrédinger
equation (eq. (2.25)). Originally this was formulated as a wave equation (here in one di-
mension )

L 0P h? 9*V

th—=———

ot 2m Oz

with V(z) as an arbitrary potential. Equation (2.33) can be reformulated as a differential
equation in the abstract Hilbert space of ket-vectors such as in eq. (2.25).

+V(z)V, (2.33)

Since the Schrodinger equation is a linear differential equation with a first order time
derivative, if we know the quantum state at one time tg, then the state is uniquely deter-
mined for all other times ¢, as long as the system stays isolated. The information about
the dynamics of the system is contained in the Hamiltonian H, which usually can be
identified as the energy observable of the system.

The dynamical evolution of the state vector can be expressed in terms of a time
evolution operator U(t,ty), which is a unitary operator that relates the state vector of the
system at time ¢ with that of time ¢,

A~

(W () = Ult, to) [¥(to)) - (2.34)

The time evolution operator is determined by the Hamiltonian through

ih%l](t, to) = HU(t, to). (2.35)

20



2.5. Singe-Particle Quantum Mechanics

IfHisa time-independent operator, we get a closed form expression for the time evolution
operator

U(t, tg) = eHt=to)/h, (2.36)

Furthermore, when H is time-independent, we can solve the Schrodinger equation by
means of separation of variables. We will not go into the details in this thesis, but if
the reader is interested we refer to [1] for an explanation of the process. The method
of separation of variables leads us to what is called the time-independent Schrodinger
equation: R

H i) = € |¢i) - (2.37)
The general solution of the Schrédinger equation can be obtained as a linear combination
of the solutions of eq. (2.37), because these solutions form a complete basis of the Hilbert
space

I= Z Vi) (il - (2.38)

2.5 Singe-Particle Quantum Mechanics

This thesis involves systems containing several particles. But before we move on to such
systems, it is instructive to look at systems consisting of only one particle.

We consider an isolated single-particle system with Hamiltonian
H=T+V, (2.39)
with 7" as the kinetic energy operator (in one dimension)

9 2
. P h 0O
T="=——— 2.40
2m 2m Ox?’ (2.40)

and V as an arbitrary potential. The dynamics of the system is provided by the Schrodinger
equation (eq. (2.25)), and if the Hamiltonian is time-independent, the time evolution op-
erator reads as in eq. (2.36).

We can then use the solutions of the time-independent Schrédinger equation (eq. (2.37))
to obtain an analytical expression of |¥(¢)). The initial state vector can be written as

(to)) = Y (il ¥ (to)) [¢i) (2.41)

(2

We then write the general wave function as

W (1) = U(fato) [¥(to))
= eiH(t_tO)/hZWJ‘l’(to» i)

= 2 (T (1)) T ). (2.42)

Given an initial state vector and a time-independent Hamiltonian, we can, in principal,
always determine the state vector at time t > ¢y through eq. (2.42). The problem then lies
in solving the time-independent Schrodinger equation, and finding the weights (1| ¥ (¢9)).
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Chapter 2. Quantum Mechanics

2.5.1 Spin

In the classical theory of central forces, energy and angular momentum are the funda-
mental conserved quantities. We have already seen how to find the energy of a quantum
mechanical system. It is not surprising that angular momentum also plays a significant
role in quantum theory.

In classical mechanics, a rigid object admits two kinds of angular momenta. The first
one is the orbital momentum, defined as

L=rXxp, (2.43)

where r is the position vector, and p is the momentum vector. Orbital momentum is
associated with the motion of the center of mass of the object in question. In quantum
mechanics, orbital momentum is associated with the motion of particles in space. The
quantum theory of orbital momentum is derived from the classical theory in a straight
forward fashion, but also shows quantum effects of profound importance. We will not,
however, go into detail here. If the reader is interested we refer to |1, 2|

The second type of angular momentum is the spin
S = 1w, (2.44)

where I is the moment of inertia, and w is the angular velocity. In classical theory, the
distinction between orbital momentum and spin is just a matter of convenience. Spin is
really just the sum total of the orbital angular momenta of all the individual parts of the
object as the parts circle around the objects axis. There is an analogue to spin in quantum
mechanics, and here the distinction between spin momenta and orbital momenta is abso-
lutely fundamental. Consider the case of a hydrogen atom. In addition to orbital angular
momentum, associated with the motion of the electron around the nucleus, the electron
also carries another form of angular momentum, which has nothing to do with motion in
space. As far as we know, the electron is a structureless point particle and its spin angular
momentum cannot be decomposed into orbital angular momenta of constituent parts. We
therefore say that elemental particles carry intrinsic angular momentum, called spin, in
addition to the extrinsic angular momentum, L.

The algebraic theory of spin is identical to the theory of orbital momentum (see ref. [1]
or ref. [2]). We start with the fundamental commutation relations:

[sty} = iK8,, [Sys} = ihS,, [st] = ik, (2.45)
The eigenvectors of 52 and S, satisfy ref. [1]

5215, mg) = h2s(s+ 1) |s,ms) (2.46)
S.|s,ms) = hm s, ms), (2.47)

where s is the principal spin quantum number, and m; is the quantum number associated
with the z-projection of the spin.

Since the different components of the spin does not commute (have no common set of
eigenfunctions), they are incompatible observables. This means that we cannot determine
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2.5. Singe-Particle Quantum Mechanics

two components at the same time. However, we can determine one component and 52
simultaneously, so the components share eigenfunctions with S2. In the literature, one
generally choose the z-component, which is what we will do.

The spin quantum numbers can take on the values:

1 3
=0,-,1,=-,2,... 2.48
S ’27 72’ ) ( )
mg=—-8—-s+1,...,s—1,s. (2.49)

Every elemental particle has a specific and fixed value of s, which we call the spin of
that particular species: m-mesons have spin 0; electrons have spin %; photons have spin
1; A-isobars have spin %; gravitons, if they exist, must have spin 2; and so on.

In the rest of this section, we consider the spin % case. This is by far the most
important case, for this is the spin of the particles that make up ordinary matter (protons,
neutrons, and electrons), as well as all quarks and all leptons. Since s = %, we have

e = j:%. (2.50)
The measured value of S will be
S? ;m> = ghQ ;m> (2.51)
The two eigenstates of S, we label
‘; ;> = 4, (2.52)

’;—;> = |-). (2.53)

We will refer to these states as spin up (|4)), and spin down (|—)). The measurable
values are

S.14) = 2 |+ (2.54)
S.|-) = —g -, (2.55)

So the Hilbert space of the spin for s = % is two-dimensional. We use the eigenstates

of S, as basis vectors. The general spin-state can be expressed as a two-element column
vector (or spinor)

X = ( . ) = ax+ + bx—, (2.56)

where we have defined

== g ) (257)

e==(1). (2.58)
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Chapter 2. Quantum Mechanics

The matrix representation of S‘Q,S’w,gy and S, can be determined by considering the
eigenvalue equations (for S, and S?), and algebraic relations (for S, and S,). We obtain

(ref. [1])
A1) (T st (3 ) e

A 3 0 1
2 _ 9:9
S—2h<10>. (2.60)

In the literature, one often uses the famous Pauli spin matrices to express these operators.
These matrices are defined as (ref. [1])

. _ (01 . _ (0 —i . _ (1 0
O'x:<1 0), 0y:<i O)’ O'Z_<0 _1), (2.61)

- h - h
Sx == 50}, Sy - §O¢y, SZ ==

and

yielding
Ty. (2.62)

2.5.2 Total single-particle wave function

We have seen that the wave function has several degrees of freedom. The solution to the
time-independent Schrédinger equation (eq. (2.37)) does not, however, include the spin
degrees of freedom, but the total wave function of the system must also include these
degrees of freedom.

We first note that the Hilbert space of spin, and the Hilbert space spanned by the
energy-eigenvectors (the solutions of eq. (2.37)) are two distinct spaces. We label the
Hilbert space of the energy-eigenvectors H,, and the Hilbert space of the spin Hs. The
total Hilbert space of the system is then

H=H,® H,s. (2.63)

The ® symbol represents a so called tensor product (see ref. [5]). The total wave function
becomes (in three dimension, omitting time)

W (x)) = [¥(z,y,2)) @ |x), (2.64)

where the vector x = (r,s) now contains both the spatial coordinates, and the spin de-
grees of freedom. |¥(x,y, 2)) is the spatial part of the wave-function, and |y) is the spin
part.

Operators must also be modified. An operator A acting on the spatial part of the
wave function becomes

Ao, (2.65)
where [ is the identity operator. An operator B acting on the spin becomes
I® B. (2.66)
A general operator working on the total wave function is then
(deB)we) = (Ao B) (9(,y,2) ® ) (2.67)
= A|U(z,y,2)) @ B|x). (2.68)
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2.6. The particle in a box

2.6 The particle in a box

We now go through the famous particle in a box problem. This problem is quite easy to
solve, but gives valuable insight into the nature of quantum mechanics, and introduces us
to some of the important new ideas that are fundamental in the theory. We will show how
size quantization arises naturally as a consequence of the confinement of a particle. In
the following calculations and discussions we do not consider the spin of the particle, and
we use the coordinate representation of quantum mechanics. Furthermore, we consider
just one dimension.

Suppose we have a potential

0, fo<z<L

00, otherwise

V(z) = { (2.69)

This is called the infinite square well potential (see Figure 2.2). The particle is completely

Y
»

Figure 2.2: The infinite square well potential. The potential is: V(2) = co when z < 0 and
x> L, and V(z) = 0 elsewhere.

free, except at the two ends x = 0 and « = L, where an infinite force prevents it from
escaping. A classical analogue would be a cart on a frictionless horizontal air track, with
perfectly elastic bumpers, bumping back and forth forever between two walls. We write
the time-independent Schrédinger equation for the system

d*p(x)  2m
Outside the well, the probability of finding the particle is zero, because of the infinite
potential barrier. This means that ¢(x) = 0, outside the well. Inside the well we have

V =0, and eq. (2.70) reads

2m d?
. = Bu), 27
or
d*y(x) 9 _ V2mE
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Chapter 2. Quantum Mechanics

This is the same as the classical simple harmonic oscillator equation. The general solution
is

Y(x) = Asinkx + Bcos kz, (2.73)

where A and B are arbitrary constants. These constants are fixed by the boundary
conditions of the problem. We require that ¥(0) = (L) = 0. Together with eq. (2.73)
this gives that

(0) = Asin0 + Bcos0 = B. (2.74)

So B =0, hence
P(L) = AsinkL. (2.75)

We must have either A = 0 which gives us the trivial and non-normalizable solution
Y(z) = 0. Otherwise sin kL = 0, which yields

kL =0, +m, +27, .. (2.76)

But kL = 0 again implies that ¢)(x) = 0, and the negative solutions give nothing new,
since sin —f# = —sin#, and the negative sign can be absorbed into A. This means the

distinct solutions are
nm

knzf, n=1,2,3,.. (2.77)

We conclude that the possible wave functions are

n(z) = Asin ? (2.78)
We find A by the normalization requirement

+00

JCIRTE (2.79)

which yields
2

So the energy eigenfunctions of the time independent Schréodinger equation is

Un(x) = \/gsin % (2.81)

The energy eigenvalues are found by combining eq. (2.72) and eq. (2.77)
n?n2h?
2mL?’
In Figure 2.3 we have plotted the first few eigenfunctions of the particle in a box. The
integer n is what we call the energy quantum number of the system.

E, = n=12,3,. (2.82)

The conclusion is that the energy of a particle in a box can only take discrete values.
This is what we call quantization, and it is a direct result of the confinement of the particle.
We could remove the confinement condition by making the box size L tend to infinity. The
discrete energy spectrum then becomes continuous in the limit. This means that at some
point, when the box size is large enough, we are not able to discern quantization effects
(although they are still there, just smaller than we can observe). Another important
observation is that a particle in a box has a non zero minimum energy, known as a zero
point energy. Both these properties (quantization and zero point energy) are entirely new
in quantum mechanics compared to classical mechanics.
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Figure 2.3: The particle in a box wave functions is shown to the left for the quantum numbers
n = 1,2,3,4. To the right is shown the corresponding probability densities. Image courtesy of
Christian Hill.






Chapter 3

Many-Body Theory

In Chapter 2 we discussed basic quantum mechanics, and how to solve problems in quan-
tum mechanics involving just one particle. This is, of course, the natural starting point.
Single-particle problems are instructive and shows us many of the important features of
quantum mechanics. However, one-particle problems are not very realistic. Almost every
realistic physical system will consist of several particles which are interacting with each
other. We therefore need ways to solve the many-body problem, i. e. solving problems
involving two or more interacting particles. It turns out that such problems are impos-
sible to solve analytically. We must use our knowledge and understanding of quantum
mechanics in order to make good approximations, and then use numerical methods to
solve the problems.

In this chapter we will discuss the basic quantum mechanics of many-body systems.
We start out with presenting the many-body problem. We then consider the wave func-
tion for an electronic system, and discuss some of the features this wave function must
have. Then we will present the non-interacting system and construct wave function so-
lutions to this problem. We conclude with seeing how one can use the solutions of the
non-interacting system to make a general solution to the interacting system.

3.1 The Many-Body Problem

We will consider an isolated system consisting of N particles. In this thesis we exclu-
sively use the non-relativistic description of quantum mechanics, and we do not allow the
number of electrons N of the system to wary. To go beyond either of these assumptions
would require significant and non-trivial modifications of the mathematical formalism. It
has generally been shown that in the study of ground states or low-energy excited states
of electronic systems, both of these approximations are quite safe, and the resulting sim-
plification of the model is highly desirable ref. [6].

As discussed in Chapter 2, every physical system is represented by a wave function.
When the physical system consists of N particles, we can write the wave function as
U(x1,..,xn,t). The coordinates x = (r,s) contains both the space and spin degrees
of freedom of the particles. The wave function exists in a potential energy landscape
described by the function V({x},t). There is also a set of observables for the system

that are represented by operators {O({x},t)} From these observables all the possible
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information about the system can be obtained at any point in time, so long as the wave
function and observables are completely known. The potential V and operators O can
in addition be dependent on the wave function, ¥, and on derivatives of ¥, but we will
not consider such potentials and observables in this thesis. In addition, we assume that
V and O are independent of spin. The wave function ¥ is sometimes represented in the
bra-ket notation as |¥). We use this notation where it is convenient.

Given a system, the first thing we need to do is find the Hamiltonian of the system.
We define the Hamiltonian as

H=T+V, (3.1)

where T is the total kinetic energy operator and V is the total potential energy operator.
We define the kinetic energy operator as

N
=) i, (3.2)
=1

where ; is the kinetic energy of particle i. The potential energy operator is a bit messier:

Ll N(
- (1 . ~(N)
V=) b+ 21 Zvi Z Yij..q0 (3:3)
i=1 ij g
(1) ~(2) - ~(N)
where 9; 7 is a one-body potential operator, ; i 18 a two- body operator, and 0 4 1s an

N-body potential operator. In electronic systems, like atoms and quantum dots, the po-
tential energy operator only contains two-body interactions. This would not be the case
in nuclear physics, where the fundamental strong interaction seems to exhibit three-body
behaviour.

Luckily, in our thesis, we consider quantum dots, which are electronic systems. This
means we only need to include two-body interactions, and our Hamiltonian is a two-body
operator. Our Hamiltonian reads

N N .
H=2 4 Z REPIL R (3.4)

The time independent Schrédinger equation (2.37) reads
W) =B, (35)

where E is the energy eigenvalue, and |V) is the eigenfunction. This equation is what
is usually referred to as the quantum mechanical many-body problem. It is highly non-
trivial due to the interaction between the particles, and can generally not be solved
exactly. Even in our case, when the Hamiltonian is a two-body operator, we cannot solve
it exactly. The topic of this thesis is to solve this problem in a numerical fashion.

In the following we will see how one goes about constructing the wave function for a
system consisting of many particles. The first important observation is that an electronic
system such as ours consist of identical particles.
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3.2. Identical particles

3.2 Identical particles

Identical particles are particles which have all physical properties in common. In classical
mechanics, identical particles are distinguishable; in the physics of microscopic particles
where we must use quantum mechanics, the situation is quite different. We can distin-
guish two identical particles which are separated by a large distance. For example, one
electron at the moon can be distinguished from one on the earth. However, the case is
different when two identical particles interact with each other. Heisenberg’s uncertainty
principle kicks in and as a consequence, microscopic particles which interact with each
other are completely indistinguishable.

As discussed in Chapter 2, the measurable quantities of a quantum mechanical system
is found by taking the expectation values of operators that represent the observables of
the system. We denote the wave function of a system consisting of NV identical particles

\I/(Xl,..,XN). (36)
Now, if the system consists of identical particles, the expectation values must not change

when the coordinates of two particles are interchanged in the wave function. Thus, we
require that for any possible state U of the system and for all observables O

/dT\I/* (X1, 0y Xy ooy Xy o0y XN) OV (X1, 0y Xy ooy Xy ooy XN)
= /dT\I’* (X15 00y Xy 0y Xy ooy XN) OV (X153 Xy o0y Xy ooy XN ) (3.7)

with dr = dx;..dxy. This must hold for all pairs (4, 7). We use the notation

/dx = ;/dr. (3.8)

We define the permutation operator

]DZ‘ U (Xl, vy Xy eey Xy ..,XN) =v (Xl, vy Xy ey Xy ..,XN) y (39)

which swaps the coordinates of particle i and particle j. Applying this operator twice
restores the original wave function. Hence:

Pfj -1 = pgl = Py (3.10)
We can now rewrite equation (3.7):

(T[O|¥) = (P, ¥|O|P;¥) = <‘I’|EE~OAPU|‘I’> Vv (i,7) - (3.11)

This must hold for all wave functions in the Hilbert space under consideration. It follows
that

(@[0] ) :i (1@ + ¥[0]@ +w) — (@ - ¥[0]a —¥)

{4 i0[O]D + i) + (D — 0|0 — i@)).
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Using equation (3.11) on the right hand side, this yields
. 1 i o n o
(@(0]w) = £ ({0 + W|PLOP,|@ + w) — (@ — W|P[OP, |0 - v)
—i(® +iU|PLOP,|® + i) +i(® — i¥|PLOPy|® — i\p>)
= (2| BLOP;|W) (i, ). (3.12)

This must hold for arbitrary wave functions ® and ¥ in the Hilbert space. Equation
(3.12) implies the operator identity

O = PLOP;. (3.13)

In particular, if we take O to be the identity operator, it follows that

Thus, the permutation operators are self-adjoint and unitary (when they operate on the

space of state functions of identical particles). If we multiply equation (3.13) from the
left with P;;, we obtain

P;0 = 0Py, (3.15)
which yields
(0.55] =0 ¥(i.j). (3.16)

Let ¥ be an eigenfunction of ]%j We know that this function must simultaneously
be an eigenfunction of the Hamiltonian H of the system under consideration, because
equation (3.16) must hold for H. We can find the eigenvalues a;; of the permutation

operator through:
F’ij\y = CLZ'j\I/. (317)

It follows that
U=P0=aV =a=1 (3.18)

Since the operators Pij are self-adjoint, their eigenvalues are real. Thus
aij = 4+1. (319)

It can be shown (ref. [7]) that if a function ¥ is an eigenfunction of all Pij, then the
eigenvalues of all P;; must be identical. We make the following definitions:

o If Py =40 V(i,j), U is symmetric.
o If pij\I/ =—-U V(ij), ¥ is antisymmetric.

The state function of a system of identical particles must be either symmetric or anti-
symmetric. In this thesis we only work with antisymmetric state functions.

We now define the permutation Pasa product of permutation operators Pij
P=1][%s (3.20)
For an antisymmetric wave function W4, we then have

PU 4 = sgn(P) - W4, (3.21)
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where sgn (P) = +1 if P contains an even number of transpositions, and sgn (P)=-1
if P contains an odd number of transpositions.

We define an anti-symmetrization operator A by
A=

\/:][WZSQH (P) P, (3.22)
P

where N is the number of particles in the system that is begin permuted. The factor \/iv—'
is present because of normalization issues (when we later use the anti-symmetrization op-
erator on a wave function). Each sum runs over all possible permutations. If f (x1,...,xx)

is an arbitrary function of N variables, we can use A to make an antisymmetric function

~

Uy (x1,.,XN) = Af (X1, ., XN) - (3.23)
There is a principle stating (ref. [7])

The Hilbert space of state functions of a system of identical particles contains
either only symmetric or only antisymmetric functions.

In the first case, the particles are called bosons, and in the second case fermions. This

principle is generally known as the symmetry postulate, and we will not prove it here. A
proof can be found in ref. [7]. In this thesis we will work with only fermions.

The Schrodinger equation in the coordinate representation reads
HU, (x1,..,xn) = ExUx(x1, .., XN), (3.24)
with E) as the energy eigenvalue. We can write the state function as in eq. (2.70)
Uy(X1, ., XN) = Uulry,...tN) @ |Xo) , (3.25)
where U, (ry,..,ry) is the spatial part of the state function, |x,) is the spin part and
A denotes the set of quantum numbers (a, o). The state function is antisymmetric with

respect to the interchange of two particles. Since the state function consists of two parts,
existing in two distinct Hilbert spaces, we have two possibilities. Either

\I]gAS)(Xla "7XN) = \Ij((,YAS)(rla ) I'N) ® |X0'>(S) ’ (326)
or
\II&AS)(Xla ..,XN) = ‘;[j(()zS)(rlv Eh] I‘N) ® ’XU>(AS) . (327>

Here (AS) denotes antisymmetric, and (S) denotes symmetric.

In the following section we consider the non-interacting many-body system. While
this system is not physically realistic, it none the less serves as a starting point for most
many-body methods.
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3.3 The Non-Interacting System

Firstly, we will consider a system of non-interacting identical particles, which are acted
upon by an external potential. The Hamiltonian for this system is.

N
Hy=S" hi, (3.28)
1=0

with N being the number of particles in the system. We define

hi = t; + 1, (3.29)
with #; as the kinetic energy operator
. h?
and 4; as the external potential
ﬂi =Uu (a:,) . (3.31)

The time-independent Schrédinger equation for the problem reads
Hy |®;) = E; |®;), (3.32)

where |®;) is the energy eigenfunctions of the non-interacting Hamiltonian. We assume
that the associated one-particle problem

hlow) = e |o) (3.33)

has been solved. Here |¢,) is the state function, or single-particle orbital, of the one-
particle problem, with v denoting its quantum state. €, is the energy of the orbital.

If electrons had been distinguishable, the energy eigenfunctions of eq. (3.32) would
have been given as

[Di) = [¢a) ® |P5) @ -+ @ |5) (3.34)

where the i subscript denotes the set of quantum numbers (o, 3, ..,d). However, as we
have discussed, electrons are fundamentally indistinguishable particles, and the simple
product form of eq. (3.34) assumes that we can tell the particles apart. These functions
can therefore not represent a system of fermions.

There is another way to construct functions from the single-particle orbitals. We
apply the anti-symmetrization operator (eq. (3.22)) to a product of single-particle states:

q)(A) = A (¢V1 (xl) ¢I/2 (1‘2) Qby (.%'N))

\/7 ngn d)’/l (1) vy (22) Py (TN)) -

This function can also be written as a determinant

" 1 ¢V1 (561) T ¢l/1 (xN)
o) = — : : : (3.35)
v Puy (T1) -+ Puy (¥N)

34



3.3. The Non-Interacting System

Such functions are called Slater determinants. They are eigenfunctions of
Hyd™ = po) (3.36)
with eigenvalues

E=) e, (3.37)

i=1

We can, by inspecting the wave functions, deduce the following from the Slater deter-
minants:

1. If two particles are in the same state, v; = v; for some 7 # j, we have oA = .

2. If two particles have the same position, so that x; = x; for some ¢ # j, we have
oA = 0.

The wave function vanishes in both cases, and as a result, the probability of finding such
a state vanishes as well. This has two consequences

1. It is impossible to have two fermions in the same state. i. e. one state cannot be
occupied by more than one particle.

2. It is impossible to bring two fermions with the same spin projection to the same
point.

These two statements comprise the Pauli principle which is a fundamental postulate in
quantum mechanics.

It is important to note that the antisymmetric state ®4) is only determined to within
a sign by the single-particle states that it contains. For example, we can define two
particle states from ¢,, and ¢,,

(4) _L buy (21) Doy (22)
Pran) = 5 | Gy (1) by (22) | (3:38)

or by
(4) L | ¢u, (1) @, (22) ) (3.39)

Pwin) = U3 | by (1) oy (22)

As long as we remember this and make sure to always use the same order of single-particle
states (and particles) in our Slater determinants, this is not a problem.

3.3.1 The ground state of the non-interacting system

The aim of this thesis is to compute the ground-state energy of quantum dots. The ground
state of a system is defined as the state with the lowest energy eigenvalue. Assume the
system has N particles. By considering eq. (3.37), we see that the ground state can be
correctly represented by a Slater determinant built up by the N single-particle orbitals
with the lowest energy eigenvalues.
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3.4 The Interacting System

Consider a system of N fermions. As we have discussed, the state function of the system
must be antisymmetric. We denote the N-particle Hilbert space of the antisymmetric
states as HJ‘L\‘,S.

The Hamiltonian of the system is the same as eq. (3.1). We assume that the associated
single-particle problem

ilgb,/ (X) = 6V¢V(X)7 (340)

has been solved. We know from single-particle quantum mechanics that the solutions
to eq. (3.40) constitute a complete and orthonormal set. We then utilize the following
completeness theorem (ref. [7]):

If the family {¢,(z)} is complete, so too are the families {(ID(A)} and {CID(S)} of
many-particle functions in the corresponding Hilbert spaces of antisymmetric
and symmetric many-particle functions, respectively.

A proof of this can be found in ref. [7]. This means that the energy eigenfunctions of the
interacting N-fermion system (eq. (3.24)) can be written as a linear combination of the
eigenfunctions of the non-interacting system in eq. (3.32). We write the expansion as

\I//\(Xl, oey XN) = Z Céﬁ_.[;(baﬁ“g(xl, ooy XN). (341)
af..d

It seems as though we may have solved the many-body problem, but this is not the
case. There is usually an infinite number of solutions to the single-particle problem,
which means that the basis of Slater determinants is also infinite. In addition there is the
problem of deciding the correct expansion coefficients.
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Chapter 4

Quantum Dots - The Artificial
Atoms

Low-dimensional nanometer sized systems have defined a new research in condensed-
matter physics during the last 20-25 years (ref. [8]). Modern semiconductor precessing
techniques allowed the artificial creation of quantum confinement of only a few electrons.
The new systems have much in common with atoms, but are man-made structures; de-
signed and fabricated in the laboratory. Because of their similarity to atoms they are
often dubbed designer atoms or artificial atoms in the literature. Usually, though, they
are called quantum dots; this name also indicates some of the properties of the system.
The word “dot” refers to the systems spacial structure, which is much like a small dot,
confined in all three spatial dimensions. The word “quantum” indicates that the ac-
tual size of the system is very small, and reveals the physics that governs the systems
behaviour — quantum mechanics. The term quantum dot is applied both to localized
nanoscopic semiconductor systems with an unknown number of electrons (ref. [9]), and
to systems with a countable number of electrons. We consider in this thesis only the latter.

Quantum dots are of fundamental interest because, while they are man-made objects,
manufactured and designed artificially at the laboratory, they are at the same time small
enough for us to observe quantum mechanical behaviour. This makes them an excel-
lent component for studying quantum effects, not the least because we can tune them to
our need by changing the dots geometric shape and the number of particles in the dot.
Quantum mechanical behaviour such as shell structure (ref. [10]), entanglement (ref. [11]),
tunneling (ref. [12]) and magnetization (ref. [13]) have all been observed in quantum dots.
In addition, investigating many-electron interaction in an atom is difficult, due to interac-
tions with the nucleus. Quantum dots gives us the opportunity to study “electron clouds”
without the presence of the nucleus.

Even though we give quantum dots the name artificial atoms, there are significant
differences between dots and atoms. Firstly, as previously stated, quantum dots are fab-
ricated in the laboratory. Secondly, the typical length scale of a dot is about 1 —1000nm.
Atoms are much smaller, ranging from about 0.05nm to 0.4nm. Thirdly, the confining
forces are different. In atoms, the attractive forces is set up by the nucleus. In quantum
dots we typically have some external field or potential confining the particles.

In spite of these differences, there are important similarities between dots and atoms.
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Figure 4.1: A simplified diagram of the electronic band structure of metals, semiconductors,
and insulators. Image courtesy of P. Kuiper

The confinement of the particles in the quantum dot lead to size and energy quantization.
The only thing in nature that behaves like this is the atom. Quantum dots experience
energy bands and excitation in energy just like atoms, and they even exhibit shell struc-
tures and magic numbers as seen in atoms, although with different values. We can even
control the number of electrons in the dot by controlling the external potential. This
means that we in principle can build a periodic table for quantum dots.

If the reader is in need of a more thorough introduction to quantum dots, we refer
to |8, 14-16]. In ref. [14] some manufacturing techniques of quantum dots are described.

In this chapter we discuss the basic physics of quantum dots. We start out by dis-
cussing semiconductors. Semiconductor materials is important to us because all quantum
dots are made out of such materials. We then continue with discussing the properties of
a quantum dot, and conclude with presenting some of the main theoretical and practical
applications of quantum dots. Much of the discussion in Sections 4.1 to 4.3 follows closely
the outline of ref. [17]. This is also where we have borrowed most of the figures from.

4.1 Semiconductors and quantum dots

Semiconductors are generally classified by their electrical resistivity at room temperature,
with values in the range of 1072 to 10°Qcm (ref. [18]). This resistivity is strongly de-
pendent on temperature - perfect crystals of most semiconductors are insulators at zero
Kelvin.

Devices based on semiconductors include transistors, switches, diodes, photovoltaic
cells, detectors and thermistors. Such devices are the basic constituents of modern elec-
tronics devices, like radio, computers, telephones etc.

An important concept in all solids is what we call energy bands. As discussed in the
particle in a box example, confined electrons experience discretized energies. However,
compared to the particle in a box, electrons in solids does not show narrow discrete en-
ergy levels. Rather, they are arranged in energy bands (see fig. 4.1. We refer to [18] for
an explanation as to why energy bands occur.) separated by regions in energy where no
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4.1. Semiconductors and quantum dots

electrons can exist. Such regions are called bandgaps. The solid behaves as an insulator
if the allowed bands are either full or empty, for then no electrons are free to move in an
electric field. The solid behaves as a metal if one or more bands are partly filled. The
solid is a semiconductor or a semimetal if one or two bands are slightly filled or slightly
empty.

The quantum states in a solid are populated up to a particular band called the valence
band. The band immediately above the valence band is called the conduction band. The
ease with which electrons in a semiconductor can be excited from the valence band to the
conduction band depends on the bandgap between these bands. The gap size serves as
an arbitrary dividing line between semiconductors and insulators.

In an ordinary metallic conductor, the current is carried by the flow of electrons. This
is not so in semiconductors; the current can also be carried by the flow of positively
charged holes in the electron structure of the material. When an electron is excited from
a band, it leaves behind a vacant orbital in the same band. This vacant orbital is called
a hole. A hole acts in applied electric and magnetic field as if it has a positive charge
+e. The holes themselves does not exactly move, but a neighbouring electron can move
in to fill a hole, it then leaves behind a hole at the place it just came from. This way the
holes appears to move, and behaves like positively charged particles. An excited electron
paired with the hole it left behind is a bound state called an exciton.

It can be shown (ref. [18]) that electrons and holes in a crystal respond to electric
and magnetic fields almost as if they were particles with a different mass. In a simplified
picture that ignores crystal anisotropies, they behave as free particles in a vacuum, but
with a different mass. The result is what we call the effective masses of the electrons and
holes. We denote the effective mass as m*. Physically, the effective mass incorporates
the complicated periodic potential felt by the charge carriers in the lattice. This approx-
imation allows us to completely ignore the semiconductor atoms in the lattice, and treat
the electron and hole as free particles (ref. [19]).

We now return to quantum dots. Quantum dots are semiconductor nanocrystals
whose excitons are confined in all three spatial direction. Nanocrystals are crystals with
at least one dimension less than 100nm. We are going to use the term for crystals where
all dimensions are small. More properly one should use the term nanoparticle for these
systems, but we are going to use both terms in order to remember that quantum dots
behave like particles, but are made out of semiconductor crystals. The main reason
quantum dots are so interesting and useful is that they experience size quantization.
This enables them to have quantized energy levels, which in turn enables them to absorb
and emit light at different frequencies; this ability is again closely related to the optical
and electrical qualities of the dots. In Section 2.6, we saw how size quantization arises
naturally in small enough systems. A question arises then: What is the limit size of
confinement so that quantization effects are still visible at our scale? In general, quantum
mechanics is relevant when the de Broglie wavelength of the particle in question is greater
than the characteristic size of the system (ref. [1]). The de Broglie wavelength is defined

Ap = —, (4.1)
with Ap as the de Broglie wavelength, h as Planck’s constant, and p as the momentum
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of the particle.

The size limit for quantum confinement of charge carriers in solids can be approxi-
mated from a modified version of the de Broglie wavelength equation for a free electron

(ref. [17])

gt (4.2)
p m*u

where Ap is the de Broglie wavelength, and p, v and m* are the momentum, velocity and
effective mass of the excited electron, respectively. Modification is required because the
semiconductor materials does not contain truly free electrons. With the effective mass
approximation, we can treat the charge carriers as free particles. In addition, the effec-
tive masses can be quite small for charge carriers in nanocrystals. For instance, in a InSb
crystal, an excited electron has an effective mass of 0.015m, (ref. [18]), where m, is the
electron mass. This in turn makes the de Broglie wavelength (eq. (4.2)) large. In the
InSb example it is almost 100 times larger than for a free electron. This is actually very
lucky for us. It is very difficult to control and create small enough electronic devices so
that we can control quantum effects. Since the de Broglie wavelength of charge carriers in
quantum dots is much larger than for a free electron, quantum dots can be made relatively
large (but still in the nm regime), and still exhibit quantization effect.

Quantum dot semiconductors have properties between those of bulk semiconductors
and those of small molecules (fig. 4.2). In bulk semiconductors, the allowed energy lev-
els are organized in bands, as discussed above. When examining a system consisting
of only two atoms, the molecular orbitals formed create discrete potential energy states
(ref. [17]). Then the electrons will only be excited if the energy absorbed corresponds to
specific discrete quantities. In quantum dots, the particle contains less atoms than bulk
semiconductors, but more than small molecules. As the number of atoms in the particle
is reduced, the energy bands split and shrink, but not to the point of being exactly dis-
crete. This means that electrons in quantum dots can be excited by energies in discrete
intervals, rather than a continuum.

We have until now neglected to discuss the Coulombic attraction between the elec-
tron an the positively charged hole. By using the strong confinement approximation it is
possible to show that when the quantum dot is smaller than the size of the bulk exciton,
the electron and hole can be treated independently. We will not show this here, but refer
to ref. [19] for the interested reader.

For a more theoretical introduction to semiconductors and nanoparticles we refer
to [17, 18].

4.2 Electrical properties resulting from quantum confine-
ment

As discussed above, the band structure of quantum dot systems are size dependent. The
splitting and shrinking of the bands produces an increase in bandgap with decreasing
particle size. The gap energies are therefore size dependent, and it follows that electri-
cal properties that depend on the gap energies also display size dependence. One such
property is electron transfer (ref. [20]). As all things in nature, electrons prefer to move
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towards states of lower energy. An electron in the conduction band will decay until it
reaches the lowest energy state in the band. Since there are no states in the bandgap,
it will then return to the valence band through another mechanism (i. e. electron-hole
recombination, non-radiative energy loss, etc.). However, if the electron encounters a
material with available states that has energy values within the bandgap of the first ma-
terial, it can transfer its electron to that material, as shown in Figure 4.3. This process
is dependent upon the bandgap. If we increase the band gap, excited electrons occupy
higher energy levels, and can decay to a greater number of lower state values. Because
of the tunability of the bandgaps, we can optimize the electron transfer to many materials.

Another property resulting from small nanocrystal sizes is the presence of large excited
state dipole moments. When electrons are excited it is possible for the electron to get
trapped at the particle surface (ref. [17]). This results in a fixed charge separation between
the electron and the hole, producing a dipole moment that depends on the size of the
crystal. The dipole moments are of interest in electronic applications because they can
be used to influence ions outside of the particle (ref. [17]).

4.3 Optical properties resulting from quantum confinement

Quantum confinement also affects the optical properties of quantum dots. We denote the
bandgap energy AFE. For a photon to excite an electron, it needs to have at least this
much energy. We can then set up the following equation

AFE = hw = %, (4.3)
where c is the speed of light, and w and X is the frequency and wavelength of the incident
light, respectively. Since the energy is inversely proportional to the wavelength of the
incident light, it follows that quantum dots will only absorb light of wavelength shorter
than that determined by eq. (4.3). As particle size decreases, the bandgap increases, and
the absorbance onset shifts to shorter wavelengths. Thus, onset of absorbance is directly
related to particle size. In Figure 4.4 this is shown for a CdS quantum dot.

The particle size also influences the particle fluorescence properties. When an electron
is excited, it will lose some energy due to atom vibrations (satisfying the second law of
thermodynamics). This energy is typically converted to heat energy. When the electron
decays back to the valence band, it will emit light (fluoresce) at a longer wavelength due
to the energy lost. This is shown in Figure 4.5A As the bandgap decreases, less energy
will dissipate through fluorescent emission when the electron decays. In this way, the
wavelength of emitted light will shift to the red as shown in Figure 4.5B. This redshift is
dependent on the size of the nanocrystals. In addition, the energy lost to heat decreases
in a size-dependent manner.

Nanoparticles can also exhibit a unique type of fluorescent emission resulting from the
trapping of an electron at the crystal surface. By introducing a defect into the crystal, it
can introduce a potential energy state in the bandgap as shown in Figure 4.6. Electrons
that enter in to this state can decay back to the valence band (albeit at a low probability
(ref. [17])). Because of this low probability, the life time of an exciton in such a trapped
state is significantly longer than that of an ordinary exciton. In addition, the shift between
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Figure 4.2: (A) Bulk materials have continuous energy bands and absorb energy at a value
greater than the band gap. (B) Molecular materials possess discrete energy levels and only
absorb energy with certain values. Also, the bandgap is greater than that of a bulk material as a
result of shrinking and splitting of the energy bands. (C) Quantum dots lie between the extremes
(A, B). They possess discrete energy bands and absorb energy in discrete intervals. The bandgap
is greater than that of a bulk material, but less than that of a molecular material. Image courtesy
of Jessica O. Winter (ref. [17])

f

Band .1.

Gap (eV) Band

l Gap (V)
v

Valance Valonce
Material A Material B

Figure 4.3: The figure shows electron transfer between materials with different bandgap size.
An electron in one material (A) can be transferred to another material (B) with a lower bandgap.
Image courtesy of Jessica O. Winter (ref. [17]).
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Figure 4.4: In this figure is shown the bandgap energy for different CdS quantum dot sizes as
well as Bulk CdS. The bandgap energy is inversely related to the absorbance onset (\). Smaller
particles (the leftmost figure) begin to absorb at shorter wavelengths. Image courtesy of Jessica
O. Winter (ref. [17]).

the absorbance wavelength and the emitted wavelength will be larger as a result of the
energy lost in decaying to the trapped state.

4.4 Applications of quantum dots

Because of our ability to tune the quantum dots in a precise fashion, they offer a wide
variety of usage. As discussed, quantum dots have excellent optical and electrical prop-
erties. They are therefore attractive components for integration into electronic devices.
One advantage they have over traditional optoelectronic materials is that they exist in
the solid state; solids tend to be more compact, easily cooled and allow for direct charge
injection. In addition, quantum dots can interconvert light and electricity in a tunable
manner dependent on crystal size. This allows for easy wavelength selection. This is a
significant improvement over silicon-based materials. These materials require modifica-
tion of their chemical composition to alter optical properties.

Quantum dots can be used to absorb and emit light efficiently at any wavelength.
This property enables them to form new kinds of lighting and improve the current laser
technologies. Another problem with conventional lasers is the need for cooling, and that
the pulses are relatively slow. These parameters can be improved by the use of quantum
dots. Quantum dots can also be used to produce efficient white light (ref. [21]).

The main idea in conventional computer circuits is to create a system that can handle
voltage differences, controlled by some external device. During recent years, microchips
have been made smaller and smaller. At some point we will no longer be able to make
smaller circuits because of quantum effects. Scientists dream of creating quantum com-
puters where the fundamental information unit is the quantum bit (or gbit). Quantum
dots have been proposed as the building blocks in such quantum computers, and the idea
is to manipulate the electron spin states. A computer built on quantum principles will
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Figure 4.5: The figure shows fluorescent emission and particle bandgap. (A) Photon absorption
creates an excited electron. This electron loses some energy to heat, then decays back to the
valence band. The emitted photon has a longer wavelength than the absorbed photon because
of the energy lost to heat. (B) As the bandgap decreases, the particle will absorb at longer
wavelengths. This will produce an associated red-shift in particle fluorescent emission. Image
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Figure 4.6: The figure shows Trapped State Fluorescent Emission. (A) After absorption of a
photon, an excited electron loses some energy to vibration and then decays back to the valence
band. (B) In a system with a trap, the electron first decays into the trap, then decays to the
valence band producing a photon at a longer wavelength than in (A). Image courtesy of Jessica
O. Winter (ref. [17]).

manipulate information in a qualitatively different way than a classical computer in such
a way that it will be able to solve certain types of problems much more efficiently. In
ref. [4] can be found an introduction to gbits and quantum information theory.

Researchers have also experimented with quantum dots in photovoltaics and new gen-
erations of transistors. An exciting possible application lies towards solar cells. It has
been shown (ref. [22]) that by creating intermediate bandgaps, the theoretical efficiency
of the solar cell is as high as 63.2%. The tunability of quantum dots makes them great
candidates for this purpose. Indeed, quantum dot intermediate band solar cell material
triads (quantum-dot /barrier/substrate) have been uncovered that yield thermodynamic
conversion efficiencies of over 60% at maximum concentration (ref. [23]). This is a great
deal higher than conventional solar cells with an efficiency of about 30%. If the reader is
interested, ref. [24] goes a bit more into detail on this subject.

In addition, quantum dots can be used for biological applications. Again, it is their

unique optical properties that make them appealing. For the interested reader we refer
to [25, 26].
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Chapter 5

Theoretical approximations to
quantum dots in two dimensions

In this chapter we aim at developing a theoretical framework for the two-dimensional
quantum dot. Quantum dots are complex devices, and it is not easy to give a simple and
complete theoretical model. We need to account for the electron-electron potential, the
Pauli exclusion principle, edge effects, and external fields. We should also have an exact
analytical expression for the confining potential. The complexity of a model accounting
for all this would quickly reach the limit of our computational resources. We therefore
need to introduce some approximations.

In this thesis we will completely disregard edge effects. We will model the electron-
electron interaction with the Coulomb interaction. Another common approximation that
we will use is to reduce the number of spatial dimensions from three to two. The third
dimension is usually fixed by manufacturing techniques, which forces the electrons to oc-
cupy a planar region. We approximate the confining potential with the harmonic oscillator
potential. In two dimensions this potential takes the form

1 2.2, 1 2, 2
V(z,y) = im*wmx + Em*wyy , (5.1)
where m* is the reduces mass of the electron as we discussed in the previous chapter,
x and y are the coordinates of the electron with respects to the point in space where
V(z,y) =0, and w, and w, are the oscillator frequencies in their respective directions.
This potential can be tuned by varying the oscillator frequencies. For simplicity we will
use a spherical symmetric potential, which means we require w, = w, = wg. The potential
then takes the form .
V(e.y) = ymiad (e + ) (52
Numerical (refs. [27, 28]) and experimental (refs. [29, 30]) results show that this approx-
imation is quite good. Quantum dots with this confining potential are often dubbed
parabolic quantum dots, due to the parabolic nature of the potential.

We will in our calculations also include the effect of an electromagnetic field, where the
magnetic field is constant and uniform in the z-direction, i. e. the direction perpendicular
to the two-dimensional plane.



Chapter 5. Theoretical approximations to quantum dots in two dimensions

In this chapter we first consider a quantum dot with only one particle. This system can
be analytically solved, and will give us a single-particle orbital basis for later calculations.
We move on to construct the N-particle Hamiltonian that is the target of our numerical
calculations. We finally bring this Hamiltonian over to a dimensionless form, in order to
simplify the numerical calculations.

5.1 One-electron quantum dot

We start out with considering the one-particle problem. The solutions to this problem
is important because it gives us the one-particle orbitals that we use to construct Slater
determinants in later chapters.

We first need set up the Hamiltonian for the system. We assume that the potential
is given as in eq. (5.2). We further assume that the particle is under the influence of
a magnetic field. The classical Hamiltonian of a charged electron in an electromagnetic
field reads as (ref. [31]) ,

2
H = 5 (p—eA)” + eo, (5.3)
with A and ¢ as the electromagnetic potentials, m as the mass of the electron, and p as the
classical momentum. The electromagnetic potentials are related to the electromagnetic

fields through

10A
E=—-"—— 4
~Sr = Vo, (5.4)
B=VxA, (5.5)

where E is the electric field, and B is the magnetic field. As previously discussed, electrons
carries intrinsic spin. Because of this spin, the electron has a magnetic moment, u, which
can couple with the magnetic field. This leads to an additional energy contribution,
—u - B. The Hamiltonian of a single-electron parabolic quantum dot subjected to an
electromagnetic field then reads

1
2m*

H=

1
(b—eA)* + om wi(#* +5%) +ed — o B. (5.6)

Let us now assume that the magnetic field is constant and uniform along the z-axis,
B = Bgk, where k is the unit vector in z-direction. We further assume that the electric
field is nonexistent. From egs. (5.4) and (5.5), it follows that A must be constant in time
(if B is constant, then A must be as well). We then must have that

Vo =0, (5.7)

in other words, ¢ must be constant. This means that the term e¢ in eq. (5.3) is just a
constant addition to the energy.

Let us expand the first term in the Hamiltonian (eq. (5.6))
(P—eA)?=p?—e(p-A+A-p)+e2A2 (5.8)
In general we have that

A('r7y7 Z) = A%(‘r:yv Z>i + Ay(m7y7 Z)j + AZ(mayv Z>k7 <59)
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with i, j and k as unit vectors in respectively x-, y- and z-direction. We can make A and
p commute by demanding that

A(z,y,2) = Az(y, 2)i+ Ay(z, 2)j + Az (x, y)k. (5.10)

In this case we also have V- A = 0. This is called the Coulomb gauge (ref. [31]). It can
be shown (ref. [31]) that the Coulomb gauge only affect the choice of potentials, A and
¢, but do not constrain the electromagnetic fields E and B. One possible choice for the
vector potential is

B
A= 70 (—gi + 2j) . (5.11)

By inserting this into equation (5.8) we get

2 n2
e“Bj

1 (2 +9%). (5.12)

(P —eA)? = p? — eBo (ip, — Upz) +

We note that p, — yp, = L. (vef. [1]), where L. is the angular momentum operator in
the z-direction. We insert this back into the Hamiltonian, resulting in

- 1

i 6233
2m*

i 1
(;32 —eByL, + (3% + ;g2)> +omrod(@t+ Y +ep—fn-B. (5.13)

2

We now define

eBo
= — 5.14
YB = ome (5.14)
w? = wh +ui. (5.15)
This yields
. 1 - 1
A= — (;32 - eBoLZ) + MW@+ §7) +ep— o B. (5.16)
We split the Hamiltonian up in two:
H=Hqo— H, + e, (5.17)
where we have defined
N 1 . 1
o — (AQ—BL) 1% 2052 | 42 1
a=5 (P €0z+2mw($+y) (5.18)
H,=p-B. (5.19)

We then have that Hy is dependent on spatial coordinates, and H,is a spin dependent
part. We then have

H(x) = Hoth(x) — Hath(x) + edp(x) (5.20)
= Bop(x) — Bap(x) + edv(x), (5.21)

where 1(x) is the energy eigenfunction, x contains both the spatial coordinates and the
spin degrees of freedom. The total energy of the system can then be written

E = Eq— E,+ed. (5.22)
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From Chapter 2 we know that we can write the total wave function in two dimensions
as

1
660 = vl ) @ [5m. ). (5.23)
where x contains both the spatial coordinates and the spin degrees of freedom. In this
representation, ¢ (x,y) is the eigenfunction of the spatial part of the Hamiltonian, and
%, ms> is the eigenfunction of the spin part. We know the form of the spin part since we
are working with fermions.

We first find the energy of the spin part. The magnetic moment is given as

eg -
S 5.24
2m* (5.24)

i =

where g is the Landé g-factor, which is g &~ 2, e is the electron charge, and S is the spin
operator as discussed in Chapter 2. We now rewrite the spin Hamiltonian as

H,=4-B
- Y99.§.Byk
2m*
Ba -
€g OS

:2m* i

= gwpS.. (5.25)

This spin Hamiltonian will act on the spin part of the wave function

1
§ams

1
23m5> b (526)

A~

H,

1 ~
2,ms> = gwpS;

= mshgwp

where my is the spin projection on the z-axis. For electrons, we have that my = j:%. Do
not mistake mg for m*, which is the effective mass of the electron. In the calculation
above we have used what we learned about spin in Chapter 2.Equation (5.25) gives us
the following energy eigenvalues for the spin part

E, = mshgwp. (5.27)

We now look at the spatial part of the total Hamiltonian. The time-independent
Schrédinger equation reads

We will solve this equation in polar coordinates, as it is much easier than using Cartesian
coordinates. In ref. [32] can be found how the transformations are done, we will not show
how to do them in this thesis, as it is quite tedious and not really relevant; we just need
the results. In polar coordinates the z-projection of the angular momentum reads

0

L, =—ih—. 5.29
o0 (5.29)

We do the substitution p — —tAV, which yields
p? = h2V2. (5.30)
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The two-dimensional Laplacian in polar coordinates reads as

10 ( 0 1 02

in polar coordinates. The spatial wave function is rewritten as
P(x,y) = P(r,0), (5.32)

and the Hamiltonian is rewritten as

A (10 ([ 9 1 8> €iBy 0 1 5
Ho——— (12 (,2) 1 el 1 .2 |
0= o <7“87“ (’l%«) T2 T Th 09) gmer (5:33)

We want to solve the following eigenvalue equation

(10 ([ 0 1 0> eiBy 0 1 .
o (a <a> T e ae) Vi 0) + gmiwry(r 6) = By(r, 6). (5:34)

We try with separable solutions on the form
P(r,0) = R(r)Y (0). (5.35)
What form should the angular part have? We try with an ansatz
Y (0) = ™. (5.36)

We then have
Y(r,0) = R(r)e™?. (5.37)

By substituting this into eq. (5.34) we get

R (10 0 m?  emBy 1 . 5

The solution to this equation is derived in ref. [33]. The eigenfunctions are

|
Ram(r) = | 2 gl iml b2 pfm (5,2) (539)

(n + |m|)

where L‘Jn’ | (ﬁrQ) is the associated Laguerre polynomials, and 3 is defined as

m*w
6= o (5.40)

The eigenfunctions in eq. (5.39) are already normalized. We have not, however, normal-
ized the functions Y (). This is rather easy. We require that

/27r Y (0)*dé = 1. (5.41)
0

The normalized functions are

Y () = em?, (5.42)
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The total normalized eigenfunctions to Hq, including the angular part, is then

Yrm(1,0) = R(r)Y (6)

’I’L! =(lm m 7ﬁ7. m im
= e L () (s

The corresponding energy eigenvalues are
Epm = (2n+ |m| + 1) hw + mhwp. (5.44)

What are the values of n and m? The quantum number n is found in the derivation
of eq. (5.39). It can only take positive integer values

n=0,1,2,. (5.45)

The quantum number m is related to the angular part of the wave function. Our system
should be invariant under a 2mw-rotation, so we make the demand that

1 imb 1 im(04-2m)
e = e (5.46)
s

(eimeeimQﬂ ) ) (5_47)

S

This indicates that '
ePmT — (5.48)

This is always true if m is an integer. We therefore demand that
m=0,+1,+2, .. (5.49)
The total energy of the system in eq. (5.22) can now be written as
Enmm. = (2n+ |m|+ 1) iw + mhwp — mshgwp + eo. (5.50)

The last term in this equation is not really important. We know that the potential ¢ is
constant, so the term e¢ is just a constant addition to the energy. We therefore ignore
this term in all calculations from now on. This gives us an energy

Ermm, = (Qn + |m’ + 1) hw + mhwp — mshgwp. (5.51)

We now consider the case wg = 0. This is the same as saying there is no external
magnetic field, i. e. B = 0. This leads to the energy

EB=0 = (2n + |m| + |) hwy. (5.52)
These energies are degenerate with a degeneracy
d=2n+|m|+1. (5.53)

Remembering that each electron has two spin options, giving a total degeneracy of D = 2d.
This is what we call a shell structure. It is often seen in nature, f. ex. in the Hydrogen
atom. We define the shell number

R=2n+|m|+1. (5.54)
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5.1. One-electron quantum dot
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Figure 5.1: Shows the shell structure of a one-electron quantum dot. The vertical axis shows
the shell number R, the horizontal axis shows the angular quantum number m. Each vertical bar
can contain two particles due to spin degeneracy. This means that the first shell can contain two
particles, the next can contain four, and so on. Generally, each shell can contain 2R particles (in
two dimensions).

Table 5.1: The table shows the degeneracy of each shell number R, and how many particles it
takes to fill up all shells up to, and including that shell number.

Shell number R  Degeneracy D = 2d  Shell filling S

1 2 2
2 4 6
3 6 12
4 8 20

The shell structure is depicted in Table 5.1 and Figure 5.1 for the first four shell numbers.

The shell filling S shown in Table 5.1 represent the number of non-interacting elec-
trons that are needed to fill up all one-particle orbitals up to the relevant shell number.
They are so-called magic numbers, as seen in the periodic table for atoms. Quantum dots
that are filled up with a number of particles equivalent to one of the magic numbers define
what we call the closed-shell quantum dots.

Turning on the magnetic field, we move from eq. (5.52) to eq. (5.51). We now rewrite
eq. (5.51), using eq. (5.15), for simplicity we leave out the spin dependent part:

Enm w]?g WwB
:2n—|—m+11/1+—+m—. 5.55
huwg ( ’ ‘ ) w(2) wo ( )
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Chapter 5. Theoretical approximations to quantum dots in two dimensions

Fock—Darwin energy spectrum

WO K

WA AT

) sy VU
V4

iy
7

10

AR N
DALY
WLl

/)
v
WAL 7777

©

RUL K
AL 77 7/
N AL 772/
WXDNAELT 17
) Qoo YOI
V% s( k"‘i"
)

[ee]

~

NI éf’ -~

A""A‘é%*wl

Enm/hwo
N0
W

<7
e

0 0.5 1 15

2 25 3 35 4
wWB / wo

Figure 5.2: Shows the two-dimensional Fock-Darwin energy spectrum for a single-electron quan-
tum dot. When wp is increased from wp = 0, the degeneracy in eq. (5.39) is split up. This is
because of the energy dependence on the sign of m in eq. (5.34). Comparing with 5.1, the shell
number R = 2 has two possibilities for m, namely m = +1. This is picture in the figure above
as a splitting in the energy for E,,,/hwy = 2 when wp increases from zero. One path is for
m = 1, the other is for m = —1. If we were to follow one of the energy lines as wp increases
from zero, the “energy path” of the particle would become a zig-zag line. One line will eventually
cross another line, forming a sudden degeneracy. When wp is increased further, the particle will
choose the path with the lowest energy (assuming the state is available). Another feature that is
clearly visible is the forming of Landau bands. As the magnetic field is increased to the high-field
limit, energy states converge to certain Landau levels shown as dotted lines in the figure.

This leads to what is called the Fock-Darwin energy spectrum shown in Figure 5.2. When
the magnetic field is off, the energy is degenerate, as shown in Table 5.1 and Figure 5.1.
As we turn on the magnetic field, the term mhwp in eq. (5.51) causes a splitting of the
degenerate states. The energy of the states increases or decreases, depending on the sign
of m. If we increase wp further, it causes sudden degeneracies to appear with states
of different shell numbers. If the magnetic field is increased more, a particle in such a
degenerate state will choose the state with the most favorable energy (if it is available).
Incrementing wp further leads to new degeneracies, and so on. In the high-field limit
(wp — 00), the energy lines seem to gather in bands. These bands are called Landau
bands (ref. [2]). In this limit, eq. (5.51) reads (without spin energy)

lim E,p, = 2n+|m|+14+m)hwpg. (5.56)

wp—00
We split this equation up in two parts, one for m > 0 and one for m < 0. In the first case
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5.2. Two-electron quantum dot

we have
lim Ep, = 2(n+m)+1)hws, (5.57)

wp—00

in the second case, the energy becomes independent from m

lim E, = (2n+ 1)hwp. (5.58)

wp—00
We define the Landau band quantum number

Np=0,1,2,.. (5.59)
With this, we can write the high field approximation of the energy as

w
By, = (2N, +1)22, (5.60)
wo
called Landau energies. We have plotted the first three of these energies in Figure 5.2 as
dotted lines. When the magnetic field increases, the Landau bands in the figure converge
to these Landau energies.

Since we have not included the spin energy int eq. (5.55), the lines in Figure 5.2 are
degenerate. Including the spin energy would break each of the lines into two, making the
energy spectra even more complicated.

5.2 Two-electron quantum dot

It has been shown (ref. [34]) that there exists particular analytical solutions of the two-
dimensional quantum dot in a homogeneous magnetic field. The solutions exists only for
some particular values of the oscillator frequency in eq. (5.15). This is of importance for
us because these analytical solutions gives us a good benchmark for our code when we do
our numerical simulations. Our code must be able to reproduce these results.

The Hamiltonian for the two-particle system is

e2

(5.61)

2m* ATeperrin’

2
H= Z [ ! (pi — eA;)” + %m*wgerriz +
i=1
where ¢y is the vacuum permittivity, €, is the relative permittivity, 7“7;2 = xf + yf, and
r12 = |rg — r1|. We have not included the spin, because it gives the same addition in the
energy as in the previous section. The only difference now is that we have to sum the
contributions from both of the particles. We assume that the magnetic field is given as
Byk, where By is a constant and k is the unit vector in z-direction. We want to introduce
center-of-mass coordinates. The transformation is given by

r=ry—ri, (5.62)

and

miry + moro

mi + ms

r + Iro
= 5.63
9 ) ( )
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Chapter 5. Theoretical approximations to quantum dots in two dimensions

where R is the center-of-mass term and r is the relative term. We have used that the
particles are identical, and therefore have identical mass. The momenta transforms in
almost the same way as the coordinates

p= P2 — pP1 (5.64)

P = p; + po. (5.65)

Since the magnetic field is constant, Maxwell’s equations implies that the vector field A
must be linear. This means we transform it as

A(r) = A(rz) — A(r1) (5.66)
A A
A(R) = A ;L (r2) (5.67)
We need the following relations when we transform the Hamiltonian:
Agr =2A(R), (5.68)
1
A, = §A(r), (5.69)
1
pi +p3 = (P*+4p?), (5.70)
1
r 413 = 3 (4R +17), (5.71)
ro =r, (572)
1
P1 -A(I'1> + P2 ~A(I‘2) = §P AR +2p- A, (573)
1
A(r1)? +A(r2)* = §A§ +2A2% (5.74)
WR = 2w0, (575)
1
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5.2. Two-electron quantum dot

We write out the Hamiltonian

H = 5o [0+ 93— 2 (1 A() + P+ Ar) + € (A(r1)* + Ar)?)]
1 *, 2 2 2 82
+ oM Woer (Tl T TQ) T dmrepe,r
— 1 1P2 2 2 2 1P A 2 A 2 1A2 2A2
_Zm*§+p_€§'R+p‘r+€ §R+r
L o 1 2 2 e’
5 -~ (4R
My (4R +7) + dTege,T

1 1
{ [P? —2eP - Ag + ¢®AR| + Qm%%R?}

1 1 e?
* {2’m* P P Art AL+ TR dege,r

1 2 1
{2m* [P2 —eAr|” + 2m2w%R2}

) 1 [ A ]2 + 1 * 2 2 + 62
—e —m*wir
om* P r 2 T dTege,r
1 - N
= SHp+2H,, (5.77)

where we in the last step have defined

2 1 2 1
Hp = P2 _ A 102 2 p2 .
R=5 [ eAr]” + 5™ wipR®, (5.78)
and
B = — [p— eAr? + w2 + ¢ (5.79)
" 2m* ' 2 " Amege,r '
This indicates we can write the wave function in a separable from as
U(R,r) = Yr(R)¢r(r), (5.80)

where the separable solutions are eigenfunctions of the respective Hamiltonians:

Hrpr(R) = Ertr(R), (5.81)
and )
H, . (r) = Ep)p(r). (5.82)

The time independent Schrodinger equation for the whole system is
. 1. .
YR, x) = (QHR ; 2Hr) BR)(r)

— L e (R) () + 20:(R) Hi(r)

2
1
= <2ER + 2ET> P(R)Y(r). (5.83)
The total energy is then
1
E= §ER +2F,. (5.84)
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We make the following definitions

2
w
o= \JwR 4P
w
_v 5.85
5 (5.85)
WR = \/w% +4w123
— 20, (5.86)

where wp and w is defined as in the previous section. We see that eq. (5.81) is just the
same as the one-particle problem, but with different parameters. We are only interested
in the energy, which is given as

Er=FEny = (2N—|—|M|—|—1)h@R—|—2thB
=202N + |M|+1) hw + 2Mhwp. (5.87)

The ground state is given by N = M = 0, which gives an energy
Ero = 2hw. (5.88)

Solving eq. (5.82) is in general not possible because of the % term in the Hamiltonian.
However, for particular values of ), it is possible to get closed-form expressions. We refer
to [34] for a derivation of these solutions. The energies are given as

1
E.=E,, = (n+ |m|)ho, + émth

1 1
The possible solutions are found by first choosing a value for n. This in turn gives a value
for w. One problem is that solutions found this way is not always ground states. The
simplest solutions are generated by n = 2. The frequency is then (ref. [34])

_ 1
or
1
- 91
w Sl T 1 (5.91)

and luckily for us, these are all ground states (ref. [34]). We choose the state with |m| =0,
this gives w = 1. The energy is then

Eyo=h. (5.92)
The total ground-state energy for w = 1 is found by eq. (5.84). We get Ey = 3h.

For the non-interacting case, the two-particle energy can be found by summing up the
two lowest energy eigenvalues in eq. (5.44). This gives a ground-state energy of Fy = 2h
when w = 1. This means that in the interacting system, the interaction energy is one
third of the total energy of the system.
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5.3. The N-electron Hamiltonian

5.3 The N-electron Hamiltonian

For an N-electron system, we need to solve the time-independent Schrédinger equation
numerically. As before, we assume a magnetic field B = Bgk, and we approximate the
confining potential with the harmonic oscillator potential. The N-electron Hamiltonian
then reads

2?2 Y

1
—. (5.93)
4dmepey T

N

N 1 . 1 . R .

H= g <2m* (Pi — eA)? + om Wi (22 + 9:%) +ep — f1; - B> +
i=1

This is almost the same as eq. (5.6), but we have added the electron-electron interaction,
and we now sum over several particles. Again, we assume that B = Bgk, and do the
same definitions as in Section 5.1. For brevity we set, K = 47“6#;”‘1 . The Hamiltonian can

then be written as

L (59

Ti]’

N 12 o1 » h
H=3_ (— V2 —wpl® + Sm*w? (@2 + ) - gwss,&“) o
K
=1

2m* 2 —
1<)

where we have set the term e¢ = 0 like before, for the same reason. Both L, and S,
commute with the Hamiltonian, m and mg are therefore good quantum numbers. The
effects of these operators are therefore only constant (dependent only upon the relevant
quantum number) additions to the energy (ref. [35]), this means we can write eq. (5.94)
as

N

A h? 1 ; ; h 1
0= _ 2 1 S*w?(32 4+ 42) — ( () <z>) A _
ZZ:; < Dy Vit gmw (&7 + ;) —wp (M"Y +gmy’ ) | + K2, (5.95)

The contributions from the angular and spin part of the Hamiltonian are as stated really
just constant additions. This means that there is no reason for us to carry them with us
through all the calculations; we can just add them after the simulation. This means the
Hamiltonian we need to simulate is just

N

N
p=3 (- b g s L (5.96)
— 2m* " ° 2 K iz Tij

Furthermore, in our simulations, we will only look at closed-shell system. This means
that all states up to a certain shell is filled. Within a shell, there is a symmetry to the
spin and angular quantum number

m=0,%1,+2, .., Mmaz, (5.97)
1
ms = ii’ (5.98)

where myq, is the maximum value of the angular quantum number in the relevant shell.
When we add the angular and spin energy, the sum goes over all these quantum num-
bers. The positive and negative terms will then cancel each other out. Therefore, in a
closed-shell system, there will be no spin and angular addition to the energy. The effect
of the external magnetic field is then just to tune the oscillator frequency wy — w.
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Chapter 5. Theoretical approximations to quantum dots in two dimensions

5.4 Scaling the N-electron Hamiltonian

In order to simplify our calculations later on, we want rescale our Hamiltonian to a
dimensionless form. First of all, we define a new length unit . We want to make all the
length units in the Hamiltonian dimensionless. We define

=2 y=2 rij = B ¥ =av. (5.99)
o o «
We can then rewrite the Hamiltonian:
] a h2 2 2 2 h N 1
H=3% (—2 Vi —wpll) + MW (@i + y7) —ngS§>> +-> —  (5.100)
=1 i<j i
N N
h 1 2 4 q2 h
=3 (- 2V 4 st ) (5.101)
; 2m*a? 2 a? RO 15
=1 1<J
N N
K2 1, h 1
i=1 i<j i

We want to express the Hamiltonian in a dimensionless form. To do this, we multiply the

whole equation with m;LS‘Q'
N 2 N
m*a? 1, 1 [/m*wa? PR m*a 1
=2 (‘sz‘ 3 () ) )+ S G
i=1 <j W
For our purpose, we require that
h
o= (5.104)
m
Putting this back into eq. (5.103), we get
2 N 2\ 2 N
K* A 1 1 (hwk 1
m*H:Z <—2v;2+2< — ) (x;2+y§2)> +277. (5.105)
i=1 i<j U
We define
~ 52 ~
H = —H (5.106)
m
hiw 2
o == (5.107)
m
This gives us the final form of our dimensionless Hamiltonian
ANy 1 AR
=% <—2v§2 + §w/2(x;;2 + y?)) +)° - (5.108)
i=1 i<j W

where w’ is a dimensionless oscillator frequency. We are later going to vary this when we
calculate the energy, and see how this change affects the energy. By varying this frequency
we are in effect actually varying the exterior magnetic field.

2
: o o . : * 2 .
Using the scaled Hamiltonian, energy is given in units of 5 = m* (m) , which

* 2

is called Hartrees (symbol: Ep or Ha). Lengths are given in units of %: = 47:?0%.
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Chapter 6

Quantum Monte Carlo

As we already have stated a number of times, it is generally impossible to solve the many-
body problem analytically. We therefore need numerical methods to get approximated
results. Many different many-body techniques have been developed over the years, but in
this thesis we are going to use the Monte-Carlo (MC) method. This method (or rather,
series of methods) is an example of what we call an ab initio method. Ab initio is derived
from the Latin ab (“from”) and initio (“beginning”). In science the term means something
like “from first principles”. A calculation is said to be ab initio if it relies on basic and
established laws of nature without additional assumptions or special models. In quantum
mechanics this means that we want to solve the many-body Schrédinger equation from
fundamental physical principles alone.

MC methods are based on using (pseudo-)random numbers — hence the name “Monte
Carlo”. Any numerical technique in which random numbers play an essential role can be
called a “Monte Carlo” method, after the famous Mediterranean casino town. Three main
types of MC simulations can be distinguished (ref. [36])

Direct Monte Carlo, in which random numbers are used to model the effect of com-
plicated processes, the details of which are not crucial. An example is the modelling
of traffic where the behaviour of cars is determined in part by random numbers.

Monte Carlo integration, which is a method for calculating integrals using random
numbers. This method is efficient when the integration is over high-dimensional
volumes.

Metropolis Monte Carlo, in which a sequence of distributions of a system is generated
in a so-called Markov chain. This method allows us to study the static properties
of classical and quantum many-particle systems.

In this thesis, the first one is not important. The two others, however, are central to our
problem.

By using random numbers, MC methods are considered stochastic, i. e. non-deterministic,
unlike other simulation techniques, such as Hartree Fock, Coupled Cluster Theory and
Configuration Interaction (ref. [37]). There are several Quantum MC techniques such
as diffusion Monte Carlo (DMC), Green’s function Monte Carlo (GFMC), path-integral
Monte Carlo (PIMC) and variational Monte Carlo (VMC). The last one is our choice



Chapter 6. Quantum Monte Carlo

method.

In this chapter we will discuss the Monte Carlo method at some length. We start out
by discussing random number and pseudo-random numbers. We then explain the basic
idea behind Monte Carlo integration and importance sampling. We will look at Markov
chains and the Metropolis-Hastings algorithm. We then move on to the Variational prin-
ciple, before we discuss the quantum-variational-Monte-Carlo (QVMC) method, which
utilize all of the concepts described before. We briefly discuss another algorithm for find-
ing the energy minimum, called the Davidon-Fletcher-Powell algorithm (DFP). At the
end of the chapter we discuss the blocking method that deals with correlations in our
result, and a method called time-step extrapolation, which we use to get more correct
results.

It is advisable that the reader reviews Appendix A before reading this chapter. Some
basic concepts like PDFs and sample error are discussed in this appendix, and we will
make use of the results in this chapter.

6.1 Random numbers

All MC methods are based upon the use of random numbers. Random numbers are char-
acterised by the fact that their value cannot be predicted. More precisely, if we construct
a sequence of random numbers, the probability density for a new number is independent
of all the numbers generated so far (ref. [36]). Pure random numbers may occur in exper-
iments; for example the radioactive decay of a nucleus is associated with a pure random
number since it is not possible to predict when it will decay. One could therefore in prin-
ciple build a device that supplies random number based on such radioactive decay, and
indeed this has been done. This is, however, a cumbersome method, and one would in
many instances prefer a method that can reproduce the same sequence of random num-
bers when it is necessary to check the consistency and accuracy of the produced results.

In our work, we will use random numbers generated by computers. In all computer
generators the new numbers are generated from the previous ones by a mathematical for-
mula (ref. [36]); the new values are in other words fully determined by the previous ones.
Luckily, though, the numbers generated by computer algorithms have properties which
make them suitable for simulations. They are therefore called pseudo-random numbers.
The most crucial test of a pseudo-random-number generator is that the mean and vari-
ance of the number sequence produced match those of the desired PDF!.

We will usually treat computer-generated numbers as though they are truly random,
but in reality there will always exist a correlation between the numbers, and they will
have a period before the same set of random numbers is repeated. The algorithms are
usually based on a random seed that starts the sequence of numbers. This means that
if you construct a sequence two times with the same initial seed, the same sequence of
numbers is produces.

1'We advice that the reader review the appendix on statistics for a brief introduction to statistics and
PDFs
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6.2. Monte Carlo integration

6.1.1 Generation of uniform random numbers

We will mostly need random numbers of a uniform distribution. The PDF is given by

L fora<az<
p(x)z{ba orasz<bh (6.1)

0 else.
These generators will return a random number

r € [a,b], (6.2)
with equal probability for every number in the range. In refs. [36, 38| is described some

of the standard methods for generating uniform random numbers.

In most cases, we want a random number, r, in the range
r € 1[0,1]. (6.3)
In our computations, we will use library functions to get these numbers.

Uniform random numbers are also of importance because the generation of arbitrary
PDFs usually begins by transforming from a uniform distribution.

6.1.2 Generation of Gaussian distributed random number

Besides the uniform random numbers, we are also in need of random numbers that follow
a Gaussian distribution. They have the PDF
1 _@=u)?
p(x) = [ 2052 s (64)
V2no?

where v is the mean of the distribution, and o2 is the variance (ref. [38]). We will use a
library function when we generate these numbers. The standard algorithm for creating
Gaussian distributed numbers is based on uniform random numbers. It can be found in

ref. [38].

For more information on the subject of random and pseudo-random numbers, we refer
to [38, 39].

6.2 Monte Carlo integration

In quantum mechanics (as well as other fields of physics), one often face the problem of
solving an integral on the form

b
I:/ dzf(x). (6.5)

There are plenty of numerical methods to solve such integrals. Standard methods usually
boil down to evaluating the function on a set of (usually, but not always) equally spaced
values x; and then evaluate the sum

b—a N
1="2 ;wifm), (6.6)

63



Chapter 6. Quantum Monte Carlo

where N is the number of points evaluated, and w; are some weights that do not depend
on f, but determine the accuracy of the method. Equation 6.6 is also used in MC inte-
gration, with all weights w; = 1, but the points x; chosen randomly.

When we use random numbers to calculate the integral by eq. (6.5), we have to
remember that the random numbers are uniformly distributed. We need to make a
change of variables in order to adapt to the integration limits a and b. This is quite easily
done by defining

r=a+ (b—a)y, (6.7)

where y is a random number in the range y € [0, 1]. We further have that
dz = (b—a)dy. (6.8)
Substituting this in eq. (6.5), assuming a # b, we get

1
I=5= | anrta). (69

This together with eq. (6.6) yields the following sum for the MC integration (remembering
we set the weights w; = 1)

N
1= 5 DS, (6.10)

If the random points z; are distributed homogeneously on [0, 1], and if N is sufficiently
large, the sum in eq. (6.6) yields a result close to the exact integral. This result has a
corresponding variance which we write as

o? = (%) — (f)?, (6.11)

where we have defined

1 o1& )
mN;ww»aM<H=NZﬂwm. (6.12)

i=1

The error is given as?

[\
Q

err- =

=|

err =4/ — (6.13)

which means the error scales as (V) 2. See Appendix A for a derivation of this equation.

Compared to standard numerical integration techniques, this seems unfavourable.
Standard quadrature methods yield an error proportional to N~% with k > 1 (ref. [36]).
However, MC integration is more efficient in higher dimensions. To see this, consider
integration of a hypercube with sides L and dimension d. Standard quadrature methods

2For the moment we will assume no correlations in the random numbers. We will later discuss a
method call blocking which deals with correlation.
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has equidistant values for the evaluation points x;. The separation value is h. The number
of integration points in the volume will be

oo (1) 610

And the error in the result scales as N~ 4 (ref. [36]). The error in MC integration, on the
other hand, is independent of the dimensionality. Comparing this to eq. (6.14), we see
that MC integration is more efficient when d > 2k. Monte-Carlo integration is in addition
much faster for higher dimensions than standard quadrature methods.

6.2.1 Importance sampling

The scheme described above is very “brute-force™ish, meaning we do not take into ac-
count that the contributions to the integral from different regions in the integration
volume might vary strongly. Standard MC integration samples the function homoge-
neously(meaning that they sample with the uniform distribution), so if the significant
contributions to the integral come from a small region within the integration volume,
there will be only a few sample points there. This can lead to large statistical errors.
One way to improve upon this is by concentrating the sampling in the regions where |f|
happens to be large. This is called importance sampling.

Let p(z) be a PDF on [a,b] that has more or less the shape of f(z) in the sense that

f(z)

~ constant. 6.15
p(z) (6.15)

We require that

/b dzp(z) = 1. (6.16)

We rewrite eq. (6.5)
b
I:/ dz f(x)

b

= / dap(x) [f(a:)] . (6.17)
a p(x)

Random numbers are generated through the uniform distribution, but we want to generate

random numbers that follow the distribution of p(z). We make a change of variables. Let
p(y) be the uniform distribution, then we have

p(y)dy = dy = p(z)dz, (6.18)
which yields N
y(x) = / p(z')dz’. (6.19)

If y(x) is invertible, we can find z(y) as well. We then rewrite eq. (6.17) as

1 Fa)
= [ Wiy (6.20)
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where the integration limits have been changed to suit the uniform distribution. With
the integral on the form of eq. (6.20), we can rewrite eq. (6.6)

1 fay)
1= N 2 o) (621
We define ‘
Flalw) = T2, (6.22)

The error still scales as in eq. (6.13).

The advantage of such a change of variable (in case p(z) follows closely f(x)) is that
the integrand becomes smooth and we can sample over relevant values for the integrand.
This allows us to get a better result while using fewer samples than we would have if we
did not use importance sampling.

6.3 Markov chains and the Metropolis-Hastings algorithm

In a MC calculation we first prepare a system in a configuration, calculate an observable,
reconfigure the system, calculate the observable again, and so on. This is done several
times, and at the end we calculate the mean of the observable. The question is then: How
do we choose the configuration of the system for each step?

All MC schemes used are based on Markov processes in order to generate new random
states/configurations (ref. [38]). The reason for choosing a Markov process is: When a
Markov process is run for a long enough time starting with a random state, we will
eventually reach the most likely state of the system (ref. [38]). To reach this distribution,
the Markov process needs to obey two important criteria; namely that of ergodicity and
detailed balance. The ergodicity criteria has two conditions (ref. [36]):

1. Every configuration which we want to be included in the ensemble should be acces-
sible from every other configuration within a finite number of steps. This property
is called connectedness or irreducibility.

2. There should be no periodicity. Periodicity means that after visiting a particular
configuration, it should not be possible to return to the same configuration except
after ¢ = nk steps, where n is some positive integer and k is a fixed positive integer.

We will come to the criteria of detailed balance later.

The theory of Markov chains is based on random walks. In a random walk, one de-
fines a mathematical entity, called a walker, whose attributes completely define the state
of the system in question. In our case the state of the system refers to the state of a
many-electron quantum dot. The walker moves in the state space by a combination of
deterministic and random displacements from its previous position. This sequence then
forms a chain. This chain is a Markov chain if the state-to-state transition probabilities
are independent of time and history — that is, they depend only on the current state of
the system, not on how or when it got there (ref. [39]).
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6.3. Markov chains and the Metropolis-Hastings algorithm

Assume that the system is described by a PDF w;(t), where the subscript ¢ denotes
the state of the system, and ¢ denotes the “time”, or Markov step. This is the same as
saying that w;(t) gives us the probability of the configuration i to occur at time ¢t. We
define transition probabilities W;;, which brings the system from state j to state i. We
can then set up the following equation

i(t + At) Z Wijw; (t) (6.23)

where At is a chosen time step. We require W and w to be normalized

Zwi(t) =1 (6.24)
> Wi =1, (6.25)
j

since they are both probabilities. The change in the function w;(t) from one step to the
other is governed by two processes:

1. Going from a configuration ¢ at time ¢ to some other configuration j at time ¢ + €.
This means there is a decrease in the probability of finding the system in state 3.

2. Going from a configuration j at time ¢ to some other configuration ¢ at time ¢ + €.
This means there is a decrease in the probability of finding the system in state j.

This change can be summed up in the following equation

wi(t 4+ €) — wi(t Z{WM Wiwi(t)} - (6.26)

This equation is a discretized version of what is called the master equation (ref. [36]).

We are trying to find the stationary distribution, also called the steady state of the
system. In this distribution there will be no noticeable change in the probability for state
7 during a change in time e. In other words, we require

wi(t + 6) = wi(t). (6.27)

We can then rewrite eq. (6.26) to
Z Wijw;(t) = Z Wiiwi(t). (6.28)
J j

We can now omit the t-dependence, since we have assumed ergodicity. It is difficult to
find a general solution to eq. (6.28), but there is a particular solution that is immediately
recognizable:

VVijo == Wjiwi. (629)

For all pairs of configurations ¢ and j. This solution is called the detailed balance solution.
Picture this in the following way. The different configurations ¢ are buckets, each con-
taining an amount w; of water. We can make connections between each pair of buckets
with pumps. Water is pumped from a bucket i to a bucket j with pumping rate W;;w;.
Equation (6.29) then states that the pumping rates between each pair of buckets are
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balanced in such a way that the flow from 4 to j is equal to the flow from j to i. The
volumes w; and w; does not change. This holds for all pairs of buckets. The whole set of
water volumes in the buckets will remain stationary.

We can rewrite eq. (6.29) on the form

= 2, 6.30
Wj' u)j ( )

We (usually) know the probabilities w, but unfortunately we do not know the analytic
form of the transition probabilities W;;. We are, however, free to model it as

Wij = gij Aij, (6.31)

where we interpret g;; as a trial step probability and A;; as an acceptance probability.
There are now two paths to take.

1. We demand that the matrix g is symmetric, this is the same as demanding that the
probability for stepping from i to j is equal to the probability for stepping from j
to 4. We then have that g;; = g;;, and we rewrite eq. (6.30) on the form

Az’j Wy
= —. 6.32
Aji cL)j ( )
We then define the ratio s
R=". (6.33)
Wy

This is the procedure in what we call simple Metropolis sampling.

2. Instead of letting each random walker attempt to move to any state with equal
probability as in the simple Metropolis sampling, we can try to guide the walkers
in the direction of the steady state. This is called generalized Metropolis sampling.
We then need to find an appropriate form of the trial step probabilities g;;. We
rewrite eq. (6.30) as

Aij _ giiwi. (6.34)
Aji gijw;
We then define the ratio .
R = %1% (6.35)
9ijWj

Generalized Metropolis sampling is of greatest use where a transition function/prob-
ability g;; is known that generates a PDF close to the steady state w (ref. [39]).

We now introduce the Metropolis-Hastings algorithm. This algorithm was first proposed
by Metropolis et al. (ref. ( [40])) in 1953, then for the special case of the Boltzmann
distribution. It was later extended to the more general case in 1970 by W. K. Hastings
(ref. [41]). This algorithm can be summarized as follows:

R ifR<1
Ajj {1 F RS 1 (6.36)
or 1
[ L ifR>1
Aﬂ_{ 1 ifR<1’ (6:37)

68



6.4. The variational principle

with R defined as above (either simple or generalized Metropolis sampling). A step from
J to i is accepted with probability A;;, and rejected with probability 1 — A;;. This is
usually done by generating a random number r € [0,1]. If » < A;j, the new state is
accepted, else it is rejected.

It is easy to check that the Metropolis algorithm is consistent with eq. (6.30). Say we
want to use simple Metropolis sampling (the proof is equivalent for generalized Metropolis
sampling). Then we need to check that eq. (6.32) is satisfied with the choice of the
acceptance probabilities. We have to check two cases:

1. R<1:
Aj=R="2
Wy
Aji:
Ay _w _ wi
=% =2 QED.
Aji 1 Wi Q
2. R>1
Aijzl
1 w
A =— =22
TR wy
Aij 1 W
A=, O

The Metropolis-Hastings algorithm satisfies the conditions for both ergodicity and
detailed balance (ref. [38]). The theory of Markov chains then guarantees that we arrive
at the steady state distribution by using the Metropolis-Hastings algorithm.

6.4 The variational principle
The time independent Sherédinger equation reads
HY, = E,U,, (6.38)

where H, ¥,, and E,, is the Hamiltonian, energy eigenfunctions and energy eigenvalues of
the system under consideration, respectively. In this thesis we want calculate the ground
state energy of the system, Fy. Unfortunately, it is usually impossible to solve eq. (6.38)
analytically. We can, however, make a guess at the ground state wave function. We define
a trial wave function Wp. The energy associated with this wave function is

U |H|U7)

A
Ep = i) (6.39)

where the denominator stems from the fact that we have not required ¥ to be normalized.
The variational principle then states that

B, < (Ur|H|Vr)

S wolur) (6.40)
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which means that expectation value of H , in the (presumably incorrect) state ¢ is certain
to overestimate the ground state energy. We will in the following prove the variational
principle.

Since the eigenstates of H form a complete set, we can expand our trial wave function
in this basis

Ur =Y ¥y, (6.41)
n

We then have that
oo
Z CnCm(Vn|H V)

ET <\I’T|}AI|\IJT> _ n,m=0

(Ur|¥r) >
> ciei(Wi|Y)
i,j=0
o o oo
Z C;‘;CmEm<\Ijn|\Ilm> Z C;(;CmEm(snm Z |Cn|2En
n,m=0 n,m=0 =0
- _ _ nm=0 0 (642)
> b > lail? E
ij=0 =0 =0

where we have used that the energy eigenfunctions are orthogonal. By definition, the
ground state energy is the smallest eigenvalue, that is

Ey < E, forn >0, (6.43)

which means that

) 0o
Z ‘Cn|2En Z |Cn|2E0
n=0 n=0

Br = "= > =0 — Ep. (6.44)
D lal” X el
1=0 1=0

This inequality will only be an equality when U = ¥y

The variational principle gets us an upper bound of the ground state energy Fy. The
main goal of our thesis is to approximate this energy. The way we do this is by first
making a wave function ansatz

U = Up({x}, {a:}), (6.45)

where {x} is the positions of the particles in the system, and {«;} is a set of variational
parameters which we introduce to the wave function. The number of variational param-
eters usually varies; in this thesis we do not introduce more than two. By introducing
these parameters, the energy Ep becomes

Er = Er({a;}) (6.46)

Our goal is then to find the minimum of this energy by varying the parameters {«;}.
This is the main concept behind the Variational Monte Carlo (VMC) method. One
should note that the degree of accuracy of this method depends on our choice of trial
wave function. If we choose a function that does not remotely follow the form of the true
wave function, the energy approximation will not be good. Therefore it is important to
use our understanding of the physics of the system to construct good trial wave functions.
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6.5. The quantum variational Monte Carlo method (QVMC)

6.5 The quantum variational Monte Carlo method (QVMC)

In the previous sections, we have discussed basic MC methods. We will now proceed to
see how we make use of these methods to get an estimate of the ground state energy of a
quantum mechanical many-particle system, using the QVMC method. We start out with
seeing how the actual energy calculation is done, then discuss how the sampling is done.
We then set up the actual algorithm. At the end we will discuss what is called impor-
tance sampling in the QVMC scheme. This is a way to improve upon the basic algorithm.

6.5.1 Calculating the energy and variance of our system

Given a Hamiltonian, H, the energy of a system is given as the expectation value of the

Hamiltonian X

_ iy = S ATV {ai ) H () Ve (7, {as})

(E) = (H) = ; :
JAr¥(r, {a})Ur(r,{a})

where we define 7 = (x1, X2, ..,XN), and d7 = dx;dxs..dxy, with N as the number of
particles. We want to calculate this integral for a high number of particles. This integral
has a dimensionality of 2N. When N gets large, MC integration is usually the most
efficient way to evaluate this integral. For brevity, we write Up(7,{c;}) = Up. We
rewrite eq. (6.47)

(6.47)

[dTULHYr
Ey=J "~ "T7 "7 6.48
(B) [drus Py (6.48)
AT (U /U ) HY
_Jdr ch(l i/ \I’T) r (6.49)
TVYrVYT
U2 HUp
— [4 6.50
/der|\pT|2 U (6.50)

= /dTp(T)EL(T), (6.51)

where we have defined a probability density function

[Tr ()]
=7 6.52
10(7-) de|\IJT(T)‘2’ ( )
and the local energy operator
. HY7(T)

The local energy is constant if U7 is an exact eigenfunction of the Hamiltonian. The
more closely U7 approaches the exact eigenfunction, the less strongly will £}, vary with
7 (ref. [36]). This means that the variance should go to zero as our trial wave function
approaches the correct ground state. In most cases we will never get a variance of exactly
zero, because our wave-function ansatz never actually takes the exact form of the correct
ground state. In Section 9.1.1 we will, however, see that the variance indeed is zero if our
wave-function ansatz is equal to the exact ground state.
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We want to solve the integral in eq. (6.51) by MC integration. We do this with a
Metropolis random-walk as discussed above. The energy approximation becomes

M
1
E~ M;EL(Xi), (6.54)
1=

where {X;} is the set of sample points, and M is the number of samples. There are two
ways to sample the state space of the system. We can use simple Metropolis sampling,
or we incorporate importance sampling by using generalized Metropolis sampling. The
samples are then drawn from the PDF in eq. (6.52).

We also want to calculate the variance. We then need to calculate the energy squared.
This is given by

M
- 1
B = [arpnEi(n) ~ ;Y X)), (6.55)
i=1
The variance is then given by
o® = (E%) — (E)?, (6.56)
and the error is then (by eq. (6.13), still assuming no correlations)
2
o
=1/ . 6.57
err N (6.57)

This means that for each cycle in the MC simulation, we need to calculate the local
energy at the given particle positions. In these calculations, we use the dimensionless
Hamiltonian in (5.108), restated here as

—Z(—V2+ —w(a? —I—yz)—l—z (6.58)

The local energy is then given as

=1 i<j Y
1 ZN Lo ZN Lo a2, o ZN 1
i=1 i=1 i<j Y

From this we calculate both (E) and <E2>, giving us an estimate of both the energy and
the variance.

In our thesis, we will try to vary the trial wave function to find an energy minimum. As
stated, if we find the exact ground state, the variance should be zero. This means that one
in principle could vary the trial wave function to find the minimum of the variance. Since
we use a wave-function ansatz, we will in general not find a minimum for the variance
and the energy for the same set of parameters. One could, after the MC simulation, use a
linear combination of the parameters that minimize the energy, and the parameters that
minimize the variance to construct the wave function. Indeed, this has proven to yield
the most efficient wave functions (ref. [42]. We will however not do this, but focus on
finding the parameters that minimize the energy.
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6.5. The quantum variational Monte Carlo method (QVMC)

6.5.2 Simple Metropolis sampling

Our system is described with the PDF in eq. (6.52). The Metropolis-Hastings algorithm
is implemented as follows. For each MC cycle we choose new random positions for the
particles that are dependent on the previous positions. We call this a random walk. For
each particle, it is done by setting

Tnew = Tolg + Arm, (6.60)

where r,e, is the new position of the particle, r,;q is the old position, Ar is a set step
length, and n is a two-dimensional vector of uniformly distributed random numbers.
When the new position for a particle is set, we perform a so-called Metropolis test. This
test is done to determine if we should accept or reject the new position. We define 7/ as
the set of particle coordinates where one particle has been moved to a new position, and
T is the set of particle positions where that particle is at the old location. We then define
the ratio according to the simple Metropolis method

p(v) _ [r(r)

R= = , 6.61
o(7) ~ [Br(r)P (061
and we define an acceptance probability
R if R<1,
A= { 1 ifR>1. (6.62)

Finally we compare this with a uniform random number . If x is less than A, we accept
the new position. If x is larger than A, the new position is rejected, and we move the
particle back to the old position. After this procedure is done for all particles, we calculate
the local energy, and a new MC cycle can begin.

6.5.3 Generalized Metropolis sampling

The algorithm described above is not optimal. We do not discriminate when we choose
new positions. Typical many-particle wave functions are very small in large parts of con-
figuration space, and very large in other parts ( [36]). This means that we might have
problems in finding regions where the wave function is large, and that attempted moves
of walkers from regions where the wave function is large will be rejected with high prob-
abilities.

There exist more efficient approaches. The simplest form of the diffusion equation can
be written as 5 ;
p(a’;’) = DV2p(T,1), (6.63)

where D is the diffusion constant. This equation describes how the probability density
p(7,t) of a random walker evolves in time (ref. [36]). We want to construct a Markovian
diffusion process that has a predefined distribution as its stationary distribution. Then
stationary distribution we want to simulate is eq. (6.52). We then modify the simple
diffusion equation in eq. (6.63) by adding a drift term that guides the distribution towards
more likely regions. The Fokker-Planck equation

N
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describes this Markovian process (ref. [36]). To see this, assume we have reached the
invariant distribution p(7). Since this is an unchanging state, it is time independent. We
must have that the left-hand side of eq. (6.64) is zero, namely

N
> Vi(Vi—F)p(r) =0. (6.65)

=1

This has the trivial but uninteresting (and unnormalizable) solution p = 0. The simplest
solution that makes sense is that each term in the sum is zero. This yields

Vi(Vi—Fi)p(t) =0 (6.66)
Vip(T) = Vi(Fip(T)) (6.67)
Vip(r) = (ViFi)p(t) + FiVip(T). (6.68)

This equation has the solution (ref. [39])
Fi = TVZ,O(T) (669)

This drift term causes the diffusion to be biased by Ur. Equation (6.64) will guide p(7,t)
towards the invariant solution p(7) in a biased way, actually incorporating importance
sampling.

Our stationary state is given by eq. (6.52). We then get the following drift term?

1
= 92—V, (6.70)
U

This vector field is usually called the quantum force of the system. Think of it like this:
The gradient of the wave function tells us which direction the particles are moving. The
quantum force term then steers our sampling in directions that are more relevant to our
system, rather than just sampling random points that may actually be of very little inter-
est. It actually takes us a bit of time to calculate the quantum force for each MC cycle.
However, this is more than made up for by the fact that we need much fewer samples to
get a good estimate of the energy.

We now have a diffusion equation which gives the desired distribution. The next
problem is to implement it using MC. In Statistical mechanics, Fokker-Planck trajecto-
ries are generated by means of a Langevin equation (ref. [39]). The Langevin equation
corresponding to eq. (6.64) is

or(t)
ot

— DF(r(t)) + n, (6.71)

3We use that our trial state is real, and that the normalization integral is just a constant that is
canceled out in the fraction.
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where r(t) is the position of one particle and n is a randomly fluctuating force which is
distributed according to a multidimensional Gaussian with a mean of zero and a variance
of 2D. We integrate this equation over a short time interval At, obtaining a discretized
from suitable for our MC calculations. The particle is moved from an old position to a
new through

Tpew = Yold + DF(rold)At + X\/E7 (672)

where x is a Gaussian random variable with a mean value of zero and a variance of 2D.
So moving to a new position requires that we have an algorithm for creating random
numbers that follow the distribution in eq. (6.4), with 02 = 2D, and v = 0.

The Fokker-Planck equation yields a step probability for the Markov chain given by
the Green’s function (in two dimensions with N particles)

1 1 / 2
G "At) = ——— ¢ DAY (r'—T—DAtF(7)) . 6.73
(1.7 = e (6.73)
This function is derived in refs. [36, 39]. If the reader is in need of a deeper introduc-
tion to diffusion equations and Green’s functions, we refer to the same references. The
diffusion constant will in our calculations be D = % This is found from considering the
Schrodinger equation with our dimensionless units.

When we previously discussed Markov chains, we split the transition probability up
in two like this:
Wij = gij Aij, (6.74)

which is the same as saying
Wr —1)=g(r - 1HA(T — 1), (6.75)

where 7 is the old positions and 7’ is the new positions. We defined g as a trial step
probability, and A as an acceptance probability. We now want to use the generalized
Metropolis method as described above. We identify the trial step probabilities g with the
greens function G. We then have

W(r —7')=G(r,7; A A(T — 1), (6.76)
and we can rewrite eq. (6.30) as

At = 1) G, 1 At)p(T)
AT —T1)  G(T,7;At)p(T)” (6.77)

We then define the ratio

G(t',1; At)p(T!)
G(r, 7 At)p(T)
G(T',1; At) | U ()2

T G, T AU (T) (6.78)

R=

The fraction involving the greens functions becomes

N2

G(t',m;At) e —axi (- = GF())

G(T,T’;At) —i(‘r’—‘r—gF(ﬂ)2
_ e—%(F(T)+F(7'/))(%(F(T)—F(T/))-ﬁ-(ﬂ'—f’)) (6.79)
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Table 6.1: A summary of the QVMC strategy.

Put N walkers at random initial positions.
REPEAT for all MC cycles
REPEAT for all walkers
Select next walker, and move that walker to a new position (either
by eq. (6.60) or by eq. (6.72)).
Compute the ratio R (according to either eq. (6.61) or by eq. (6.80)).
Accept or reject the new position according to eq. (6.81).
UNTIL we have tried moving all walkers.
Update expectation values.
UNTIL all MC cycles is done.

We then rewrite eq. (6.78) as

_ e ()P

_ W{%<F<r>+F(f’>>(%(F(»F(f/))wff')). (6.80)
T

R

The acceptance probability is then defined as before

A:{R if R <1, (6.81)

1 ifR>1.

This probability is compared with a uniform random number. If the random number is
less than A, we accept the step. If not, we reject it.

In Table 6.1 we have summarized the QVMC algorithm. The strategy is equivalent
for both simple Metropolis sampling and for generalized Metropolis sampling, but the
equations used are different.

6.6 Energy minimization using DFP

We wish to minimize the energy using our QVMC machinery. To do this, we need to find
the optimal parameters for our trial wave function, that is, the parameters that minimizes
the expectation value of the energy.

The first strategy that comes to mind is to manually vary the parameters and calcu-
late the energy for each set of parameters. However, this is rather brute-force-ish; it does
not utilize any knowledge of the trial wave function, and it may take us several runs of
the program to actually target the correct parameters.

Another method we will try out, is the Davidon-Fletcher-Powell algorithm (DFP),
given in ref. [43]. This method builds on the conjugate gradient method (CGM), and the
steepest descent method (both of these also described in ref. [43]).

The algorithm is based on approximating a function of variational parameters, f(a),
by a quadratic form, where a is a vector of variational parameters. We write f as a
Taylor series at around some point P (we choose P as the origin of the coordinate system
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with coordinates o)

of 1 0% f
= P i a 1Oy
fle) fT)*Z:&%Pa+z§;a%&%P“%+
ma—b-a—l—%a'A-a, (6.82)
where we have defined
a=f(P), b= Vf| A= ’f (6.83)
o ’ o L v 8ai8aj P ’ '

The matrix A is called the Hessian matrix of the function f at P. In this second order
approximation, the gradient of f is easily calculated as

Vf=A a+b. (6.84)

Calculating the Hessian A is generally hard work. The basic idea the DFP procedure
is to build up, iteratively, a good approximation to the inverse Hessian, A~'. This means
we want to construct a sequence of matrices, H;, such that

lim = AL (6.85)

1— 00
DFP is a variant of a wvariable metric method. Such methods are sometimes called
quasi-Newton methods as well. Consider finding a minimum by using Newton’s method

to search for a zero of the gradient of the function. Near the current point o;, we have
to second order (ref. [43])

fla=fla)+(a—a) Vi) + a—a) A (a-a),  (650)

Vila)=Vf(a;)+ A (a— ). (6.87)

Using Newton’s method, we set V f(a) = 0 to find the next iteration point, which yields
a—o;=—-A"1 V(o). (6.88)

DFP is called a quasi-Newton method because we do not use the actual Hessian matrix
of f, but instead use our current approximation for it. This approach is actually often-
times better than using the true Hessian, because we can choose H such that it is always
positive definite and symmetric. The true Hessian need not always be so, which may lead
to moving towards increasing values of f, as explained in ref. [43].

In ref. [43] there is only given a heuristic motivation for the algorithm which takes H;
to H; 1. The algorithm given for updating the matrix is

(@ip1 — ;) ® (a1 — )
(@it1 — i) - (Vf(ei1) = Vf(ew))
C[Hi - (Vf(@ir1) = V()] @ [H; - (Vf(eir1) = V()] (6.89)
(Vf(ait1) = Vf(ew) H; - (Vf(eiy1) = V(ai) '

H, 11 =H; +
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where ® denotes the “outer” or “direct” product of two vectors, which will be a matrix.
The ij component of u® v is u;v;. This algorithm is taken from ref. [43].

Minimization of the function f then entails that we must have algorithms that eval-
uates the function itself, evaluates the gradient of the function, V f(a), with respects
to the variational parameters. We then choose a matrix H, and update it according to
eq. (6.89). We then use the same procedure as in Newton’s method, but with H instead
of the exact Hessian A.

6.7 Blocking

In most of the discussion in this chapter we have completely ignored correlations in the
MC results. We have approximated the error in the sample mean with

1
err? &~ —Var(z). (6.90)
n

The derivation if this equation is shown in Appendix A, and it assumes that the measure-
ments are uncorrelated. This is in reality a bad approximation. We are using (pseudo-
Jrandom-number generators in many parts of our calculations, and as discussed in Section
6.1 there will always be correlations between these random numbers. Even though we have
assumed that the random numbers have little correlations, it turns out that we cannot
completely ignore the fact that correlations are present. Functions evaluated with respects
to correlated variables will also be correlated. This means that each calculated value of
the local energy will be correlated to other values. In addition, our algorithm is based on
Markov chains to find new trial positions for the random walkers. A Markov chain, as
discussed in Section 6.3, contains inherent correlations, because every new Markov step
depends on the previous position. This is not an independent stochastic process, and we
need to account for the correlations.

As discussed in Appendix A, the effect of correlations in a sample is to increase the
error of the sample mean. When we take correlations in the sample in to considerations,
the statistical error for a set of stochastic values is given by

1 T
2= = -V 91
err nCov(x) - ar(z), (6.91)

with 7 as the autocorrelation time, defined as in eq. (A.39). We have that 7 > 1, where
7 = 1 means that the sample is uncorrelated. Calculating 7 is rather time consuming,
and it is therefore not the best approach for dealing with the correlations. We will instead
use the blocking technique, described in ref. [44].

The procedure is to group the data into several equal-sized blocks, and then treat
the mean of each block as our measurements. This will leave the mean of the sample
untouched, but the error will change.

Say we have 10000 measurements. We could then start with an initial block size of 10,
this means we have 1000 blocks with 10 measurements in each of the blocks. We treat the
mean of each block as the new measurements. The total mean of the sample will then be
unchanged. We calculate the error of the sample mean, assuming the new measurements
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to be uncorrelated, by eq. (6.90). We then increase the block size, and do a new calcula-
tion of the error. This process is repeated. And at some point, we will reach a plateau (we
will see this later when we present our results) where the error does not increase any more
as the block size increases. The error at this plateau will then be our true estimate for the
sample error, meaning the measurements (means of each blocks) are in effect uncorrelated.

6.8 Time-step extrapolation
In the generalized Metropolis method, we use the equation
Tnew = Yoid + DF(roq) At + xV At. (6.92)

to generate trajectories for the particles. Unfortunately, this equation is only exact at
the limit At — 0. However, it is not possible to use At = 0 in the calculations, because
then the particle would not move at all. This introduces a bias into the dynamics for any
At > 0. The distribution of trajectories, and therefore the measured energy, will deviate
increasingly from the exact as At increases (ref. [39]).

It is possible to extrapolate towards At = 0 by plotting results for non-zero At and
fitting a curve to the data plot. In this work we will use a simple linear fitting that also
accommodates for the standard error of the data. We use a least-squares method called
Singular-Value decomposition, described in Section 15.4 in ref. [43].
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Chapter 7

The trial wave function

We want to find the ground state energy of an N-electron quantum dot. The Hamiltonian
of the system is defined in eq. (5.108). We restate it here as

N 1 N o
H:Z<—2V?+2w2(x?+yi2)> —i-zr

=1 i<j )

(7.1)

As stated before, we simply cannot solve this problem analytically. We therefore need to
do numerical calculations. Our method of choice is the QVMC method described in the
previous chapter. But before we can start any calculations, we need a trial wave function.
To get a good approximation of the energy, our trial wave function cannot be just any
function. We need to employ our understanding of the system to make a good guess at
how the analytical form of the wave function actually looks like.

The most commonly used correlated wave function in many-fermion physics is the
Jastrow-Slater wave function (ref. [9]). This is the wave function we will use in our thesis.
The initial assumption is that the wave function can be separated into two parts

Ur =S/, (7.2)

where S is a Slater determinant part, and J is some correlation function which we will
call the Jastrow factor.

In this chapter we will find an analytical expression for our trial wave function. We
start out with finding a Slater determinant part that we assume is a good physical de-
scription of our system. We will find the single-particle orbitals associated with the Slater
determinant, and calculate the gradient and Laplacian of these. We then choose a Jastrow
function, and discuss the cusp conditions this function must satisfy. At the end we will
give the total trial wave function for our system.

7.1 Slater determinants

We discussed Slater determinants in Chapter 3. The result was that a Slater determinant
is an exact solution of the non-interacting system, and that the exact solution to the
interacting system is a linear expansion of Slater determinants. However, this expansion
is infinite, and therefore we cannot do it in computer experiments. In this chapter, and
the rest of the thesis, we use the notation |A| for determinants. The matrix associated
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with the determinant is then written as A.

A general Slater determinant is written

. Guy (X1) o oy (XN)
S| = —= : : : (7.3)
v buy (X1) -+ duy (XnN)

where the functions ¢, are single-particle orbitals, and x = (r, s) as before contains both
the spatial and spin degree of freedom. We restate eq. (3.41), which says that any general
many-body wave function can be written as a linear combination of Slater determinants

\I’(Xl,..,XN) = Z CZI1V2..Z/M(I)V1V2..VM(X17"7XN)7 (74)

muva..Upnr

where M is the number of single-particle orbitals, which is generally infinite. Unfortu-
nately, we cannot solve an infinite dimensional problem, so we have to cut this sum at
some point. This is why we need to include some extra correlation function to our trial
wave function. If we could do the infinite expansion, we would not have to.

We now define the determinant part of our trial wave function as a limited sum
(&
5] =" Cilsil, (7.5)
i

where |S;| represents Slater determinants built up of different sets of single-particle or-
bitals, {C;} is a set of expansion coefficients, and ¢ is some cutoff that we have defined. To
do QVMC, we want to include some variational parameter, «;, to each Slater determinant,
i. e.

Our trial Slater determinant can then be written as
15" ({ai}) =D CilSi(e)]- (7.7)

Assume that
{¢s:}, 0<i<N, (7.8)

is the N single-particle orbitals with lowest energy, where N is the number of particles
in the system. We then define the ground state of the non-interacting system Sy as the
Slater determinant that is built up of these orbitals. We rewrite eq. (7.7) as

|5 ({ai})| = ColSo(ao)| + Y CilSi(a). (7.9)

i=1

The Slater determinant Sy is as stated the ground state of the non-interacting system.
We then interpret the other Slater determinants as including correlation effects to the
system. They do this by introducing single-particle state of higher energy, and then in a
sense allowing the particles to excite to higher energy levels.
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7.1. Slater determinants

In our calculations, we will actually only use the ground-state Slater determinant,

thereby setting
15 (a)] = [So (). (7.10)

This is because we consider a closed shell system. We know that there is a high energy
difference between the highest energy state in one shell and the lowest energy state in
the next shell. We make the assumption that it is very hard to excite a particle from
the outer-most filled shell, and therefore Slater determinants that include orbitals with
even higher energy are very unlikely. This is the same as saying that all the expansion
coefficients in eq. (7.9) are approximately zero, except for Cy, which is approximately
1. Our Slater determinant does therefore not include any correlation effects, making the
choice of the Jastrow function very important.

7.1.1 Splitting up our Slater determinant

When we later do our actual MC simulation, we will move one particle at the time and
evaluate the PDF at the new position. The Slater determinant can be quite tough to
compute, but luckily there are some tricks we can do to make our computations faster.

Our Hamiltonian is spin independent. There are therefore two and two single-particle
orbitals that are just the same. It is shown in ref. [9] that when we are calculating the
expectation values of operators that do not depend on spin, we get equivalent results if
we do the substitution

_ L onpe
with

¢V1T (rl) T d)lflT (r%)

D' = : : (7.12)
)
¢V1i <r(%+1)> T ¢z/1l (I'N)

D! = z - (7.13)
(;SV%l (r(%+1)) ¢V%l(rN)

With the above substitution, even local values of any observables are unchanged, which
is very important for us when we calculate the Local energy at specific points in space.
To do the above substitution, we have assumed that we have an even number of particles,
with an even number of spin ups and spin downs. This will always be so in a closed-shell
system. The strength of this substitution is that when we move one particle, only one
of the determinants is changed, and we only have to evaluate this determinant, since we
have stored the value of the other one. This reduces greatly the computation time.

However, if we write our wave function as a separated spin-up and spin-down deter-
minant, it will no longer be antisymmetric under particle exchange, as it should be. Even
so, the eigenvalues are unchanged since H is spin independent. Because we work with
ratios of the wave function in this thesis, we neglect the normalization factors from now
on. These will just cancel out in the total result anyway.
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7.1.2 Single-particle orbitals

We now need to define the single-particle orbitals that make up our Slater determinant.
The single-particle orbitals should be the solutions to the one-particle problem associated
with the Hamiltonian in eq. (7.1)

h = —%V2 + %w2(1‘2 + 2). (7.14)
We found the solutions to this problem in Section 5.1, but then in polar coordinates. In
the code we have developed, we use Cartesian coordinates. By examining the one-particle
problem above, we see that it is just the ordinary two-dimensional harmonic oscillator
equation. The solutions to this problem can be found in most standard text books on
quantum mechanics (see f. ex. refs. [1, 2]). We write them as

Gy (2,y) = AH,,, (Vwx)Hy, (Voy)e 3 (& +9°) (7.15)

where A is some normalization constant, and Hy, and H,, are so-called Hermite polyno-
mials (see refs. [1, 2]). It is easy to confuse the Hermite polynomials with the Hamiltonian.
The way to distinguish them is to remember that the Hermite polynomials always have
a subscript n, and the Hamiltonian is usually written in operator form with a hat. The
single-particle energies are now given as (remember, we use the scaled Hamiltonian, and
the oscillator frequency w is the same as defined in eq. (5.107))

Enyn, = (nz +ny + 1w, (7.16)

with
ne =0,1,2, .. (7.17)
ny =0,1,2, . (7.18)

This expression for the energy is a bit different than what we found in eq. (5.44), but
remember that our Slater determinant represents a closed-shell system. We have there-
fore filled up all single-particle orbitals up to a given shell. The energy of the the Slater
determinant is given in eq. (3.37), it is simply the sum of all the single-particle energies
in the determinant. Since we deal with a closed-shell system, the spin and projection of
the orbital momentum are zero. Defining the single-particle energy as eq. (7.15) therefore
yields the same total energy for the Slater determinant.

We want to introduce some variational parameter to the Slater determinant. We do
this by introducing it in the single-particle orbitals. We then write the orbitals, now
omitting the normalization constant!

Onemy (2, @) = Hy, (Viwaw) Hy, (Vway)e™ T2+, (7.19)

7.1.3 Derivatives of the single-particle orbitals

In the MC calculations, we need the gradient and Laplacian of the wave function. We
first state an important property of the Hermite polynomials

H) (x) = 2nH,_1(z), (7.20)

'We can omit this because all orbitals in the same Slater determinant have the same normalization
factor. It will then vanish when we compute ratios of the determinants.
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7.1. Slater determinants

we then have

0H,, (Vwar)  0H,,(vwax) d(y/war)

= 7.21
Ox d(vwax) Oz (7.21)
= VwaH, (vVwoz) (7.22)
= 2nzvwaH,, _1(vwazx), (7.23)
and the same applies for H,, (v/way). We also find
267%(””%”2) = wage™ 5 (2"19%), (7.24)

For the sake of brevity, we set Hy, (vwax) = Hy,, and Hy, (y/way) = Hy,,. The gradient
of the single-particle orbitals is then

Vén,n,(©,y;a) = (ia +jaa> Hy, Hy e 5 (0+07) (7.25)
y

oz
4 e—“’;(m2+y2))

YO

i (Ve (R oy, g,
ox Y e

Hp, _wa(y2,,2 0 _
6yye 2(513 y)—|—anHny87y€

+j <Hn 9 ”é*(x2+y2)> . (7.26)

We use eq. (7.23) and eq. (7.24) in the last equation, which yields

H — wa
v¢nwv”y (.I',y; a) =i (277135\/0‘)7& }TLIz ! — xwa) anHnye_T(IQ-l—yQ)

Ng
Hny—l
H,,

+J <2ny\/wa - ywa> anHnyef%a(xHyZ) (7.27)

n

Hnyfl
n

H, _
= <(2nx\/wozfn;1 — xwa) i

H

Y

+ <2ny\/@ - ywa) j> Prginy (T, Y5 ). (7.28)
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We also need to calculate the Laplacian. It is

v2¢nw,ny (a;, Yy« ) V- ¢"wvny (‘T’ Y a) (7.29)
0 Hnw—l
= <<2nx\/@ H, xwa) Prgny (2, Y5 a))
0
+ a— <<2ny\/wa - ywoz> ¢>nz,ny (JU, Y; a)) (7'30)
"y
0 Hnw—l
<8 20,/ wa . xwa)
+ an—l 2
7an TWo
H, _
+ aay (Qny\/@ Hiyl - ywa>
Hny—l 2
+ { 2nyvwva—2— — ywa Py (T, Y5 1) (7.31)
Ny
Hnm—Q H
4nx Nng—1 . 4ny ny—1 . 2) d)nz,ny(x’y; Oé) (732)
Nz ny

7.2 The Jastrow function

In Chapter 3 we discussed some of the basic properties a fermionic wave function must
have. The Jastrow function needs to emulate the same behaviour. The total wave function
must be antisymmetric, and we have assumed ¥r = |S|J, where |S| is antisymmetric.
The Jastrow function must therefore be symmetric. We also want J to only affect the wave
function when the distance between particles is reasonably small. The most commonly
used wave function is the Pade-Jastrow function (ref. [39])

N
J=]]e" (7.33)
1<j
> i
g(ri) = k:1n7’ (7.34)
L+ D B
k=1

where r;; is the distance between electron ¢ and electron j, a;; is a factor that is dependent
on the spin configuration of the particles, and [Fj is a variational parameter. When the
distance r;; becomes small, only the lower order terms in the expansion above is relevant,
and one usually use only n = 1, that is

Q5755
g(rij) = 1 +]ﬁ7zm (7.35)
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7.2. The Jastrow function

which is the analytical form we will use throughout the thesis. Our Jastrow function is
then only

aiiTig
J=]]e"u. (7.36)

1<j

This function follows the criteria we set in the beginning of the section. In addition it
satisfies important cusp conditions that must be followed.

7.2.1 Cusp conditions

We define the total unnormalized trial wave function as
Ur = |D|| D). (7.37)

The Hamiltonian in eq. (7.1) has a singularity when r;; — 0. Since, for any exact eigen-
state, HU is proportional to ¥, this divergence must be cancelled by an equal and opposite
divergence in the kinetic energy terms. It is important that this is included in our trial
wave function, else the local energy will diverge as 7;; approaches zero. The divergency
cannot be cancelled by the kinetic energy of the Slater determinant part (ref. [39]), so the
cancellation must come from the Jastrow factor.

We consider two electrons, k and [, in close approach, and rewrite the Hamiltonian in
terms of their center-of-mass coordinates, that is

mgry + mr; ry + 1y

=r — d R= = 7.38
ry =r; —r; an e 5 ( )
r,=R— % and =R+ %, (7.39)

where we have used that the particles have equal mass. The gradients in the new coordi-
nates transforms as (ref. [45])

1 1
Vr=Vir+V,, (7.41)

which gives

1 1 1
5vz - §V12 =V + iv%{. (7.42)

Tkl

With this, the Hamiltonian in eq. (7.1) takes the form

1 1 Noq N |

H=—(V2, +-Vh—— )= Vi+> @ +y)+ > —. (743
4 Tkl 2 — 2 4 Tij
ikl i (i<j)#kl

The oscillator energies are finite, as is the kinetic energy of the center-of-mass motion.
The Coulomb term 1/7y;, however, diverges as k approaches [. We must have that the
kinetic energy term —V%kl term cancels the Coulomb divergence. We consider the local
energy with the these two terms in the limit ri; — 0

1 1
lim \rong Vet ) PP A4
mlzrgo{|DT|]Dl|J < vr“—l_rkl) D] |J} < 00, (7.44)

87



Chapter 7. The trial wave function

with 75 = |rg|. We assume that we have a Pade-Jastrow function on the form of
eq. (7.35). Since we now consider only one pair of particles (the function for all other
pairs of particles will then disappear in the fraction in the expression for the local energy),
we write the Jastrow as

J = e9(rk1) H e9(ris) (7.45)
(i<g)#k,l
with the function g as before. The Laplacian in two dimensions is
1o o
Vi=__ (7.46)

F = T
We then have
V2 DD = (V2 IDTID!) J+2 (Ve |[D'ID*]) (Vi) +1D1[ DY (V2T) . (7.47)

Tkl

The derivatives of the Jastrow is

.0 r rij
V. J =1y I e9(rk1) | H e9(ri5)
(i<g)#k,l
=g (), (7.48)

and

2
viJ = (13 N 32> o) [ et
Oy Ory (i<ihi

_ <g’(m) +g”(rk1)+g’(m)2> J (7.49)
Tkl

where 74; is a unit vector in the ry; direction. We insert eq. (7.47), eq. (7.48) and eq. (7.49)
back into eq. (7.44)

lim {_V%M!DTHDH 2 (e DD _

|DH|DY| DYDY

7 —0 Tkl

/
g+g”+g’2—1> < 0.
Tkl
(7.50)
This equation indicates different short-range behavior for anti-parallel spin than for par-
allel spin. For electrons with anti-parallel spin in contact, in general | DT||D}| # 0, but for
electrons with parallel spin in contact, two rows are the same in one of the determinants,

and we must have that |[DT||D!| = 0. We consider the two cases separately.

1. We first consider anti-parallel spin. With anti-parallel spin, all the terms that
involve a derivative of the determinants will be finite. We are left with only two
divergent terms in eq. (7.50), these are the two terms proportional with 1/rg. We
find that we must have

"+1
lim {g + } < . (7.51)
Tkl_’o rk;l
To have this we demand that
0
9 —1=0, (7.52)
aT’kl re=0
which gives the cusp condition
Y9 (7.53)
Iy Ti=0

88



7.3. The total trial wave function

2. For parallel spins we expand |D'||D!| around rj; = 0. We get
ID|DY ~ b1y + .., (7.54)

where b is some undetermined vector. The derivatives are

(vrkl \DT||Di|) ~b (7.55)
Tk —0
(kal yDTHDH) ~0 (7.56)
Tkl—0
We insert this into eq. (7.50)
. 29" (131 - b) ( g " 2 1 ) }
lim  ——+—~— | ~+4+g¢"+¢°— — < 0. 7.57
ki —0 { 7k (Pri - b) a0 Ty (7.57)
Collecting all the divergent terms, this yields
39 +1
lim { g+ } < o0, (7.58)
re;—0 Tkl
We then demand that
0
329 —1=0, (7.59)
ory =0
which yields
dg 1
— =_. (7.60)
87"Icl - 3

We want to use the Pade-Jastrow function. To find what the cusp conditions impose
on the function we need to find the derivative of g:

/ Akl
TR) = ————— 7.61
g (rer) 05 52 (7.61)
9'(0) = ap. (7.62)
To satisfy the cusp condition we demand that
— 1 when particles £ and [ have anti-parallel spin, (7.63)
M % when particles k£ and [ have parallel spin. '

7.3 The total trial wave function

We have decided on a trial wave function that obeys much of the physics one would expect
from the correct wave function of the system. Our trial wave function has the form

Ur(a, §) = [DY(a)||D ()] I (B), (7.64)

where o and § are two variational parameters which we have imposed on the function.
The determinantal part of our function is split into a spin-up and spin-down part. This
actually destroys the antisymmetric properties of the wave function, but as we have
discussed, it still gives us the correct expectation values. We have chosen a Pade-Jastrow
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Chapter 7. The trial wave function

function as the correlation function, and found the cusp conditions this function has to
satisfy. The total wave function can then be written as

d)l/lT (I'l,Oé) ¢V1T <I'%,Oé)
Guyt (r1,0) - By (ry.0)
2 2 2
¢V1l <r%+17 a) T ¢u11 (rN7 04)
X : : [Te™ 7, (7.65)
¢Vgl (rgﬂ,a) ¢u%¢ (ry,a) |~

where r; represents the coordinates of particle 1 < i < N. The spin dependent factor in
the Jastrow factor is defined as

aj = { 1 when particles ¢ and j have anti-parallel spin, (7.66)

% when particles ¢ and j have parallel spin,

in order to satisfy the cusp condition.
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Chapter 8

Implementation of the QVMC
method

We implemented the QVMC method by writing a code in C++. This language was chosen
because of its efficiency and its opportunity for object-orientation. The first step was to
build a brute-force code to handle the two-particle quantum dot. By brute force we mean
that we used simple Metropolis sampling (see Section 6.5.2). The second step was to
implement generalized Metropolis sampling for the two-electron quantum dot, in order to
do a more efficient sampling. The next step was to move on to more particles. We then
needed efficient algorithms to calculate the Slater determinant and Jastrow factor, and
their respective derivatives. Since we had an analytical form of the trial wave function,
we used analytical derivatives instead of numerical. To make the code more general and
adaptive, it has been written in an object-oriented manner. The code can then easily
be used to do QVMC calculations on closed-shell atoms as well, simply by changing the
single-particle orbitals and the confining potential. The last step was to optimize the code
in order to make the calculations as fast as possible. The trial wave function used in the
code is the same as before

Ur(a, §) = [D'(a)||DH (@) I (B). (8.1)

We start this chapter by giving a description of how we optimize the important cal-
culations in our program. We then give a description of the classes in the program and
their function. We will then describe how the QVMC algorithm has been implemented.
We only describe the final QVMC program, not the intermediate ones. This means we
only discuss the generalized Metropolis method, described in Section 6.5.3. We will also
give a short description as to how we implemented the Davidon-Fletcher-Powell (DFP)
algorithm, the blocking technique and time-step extrapolation. Finally, to make our pro-
gram more efficient, we have parallelized it. This is shortly discussed at the end of the
chapter.

8.1 Optimizing the calculations

If we just raw-coded all the algorithms, the calculations would take a lot of time. We
want our calculations to be as fast as possible. There are several measures we can take
to achieve this.
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Calculating the determinantal part of the wave function scales as N4 , while the Jas-
trow part scales as N3 (ref. [38]). Clearly the Slater determinant scales faster when we
simulate systems with a large number of particles. This means that optimization of our
code is important in order for us to be able to simulate systems with a large number of
electrons.

An important observation is that by moving only one electron, we actually only change
one column in only one of the two determinants in eq. (8.1). This is why we split up the
determinant in the previous chapter. The wave function is needed in three cases:

1. Calculating the acceptance probabilities in the Metropolis-Hastings algorithm

A:{R itR<1

1 ifR>1, (8:2)

with R as in eq. (6.80). We concentrate on the part of this ratio that involves only
the wave function. We write this as

R*=R2?,-R3, - R?, (8.3)
where we have defined

DT

pr = Do (5.4
‘Dold’
Dl

=] ffw| (8.5)
|Dold|
J,

Ry = %, (8.6)
Jold

The critical observation is that by moving only one particle, only one of the deter-
minants is changed. This means that one of the ratios Rpt, or Rp, is equal to 1.
We can therefore write eq. (8.3) as

R”? = R} - R, (8.7)
where Rp is
|Dnew|
Rp = , 8.8
P = Dy (85)

which is the determinantal ratio that is not equal to one. This ratio is also needed
when updating the inverse-Slater matrix, as discussed in Section 8.2.2.

2. Calculating the quantum force

(8.9)

where the subscript ¢ means differentiation with respects to particle number i. We
want to split this up in a Slater part and a Jastrow part. The above equation can
be written as

o, Vi(DID!)
=201l
VD'l VDY  V,J
_y , 8.10
( D T T (8.10)
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Since we differentiate with respects to particle i, the gradient of one of the deter-
minants will be zero. We then rewrite the above equation to

VilD|  ViJ
F, =2 , 11
( o[ J) (8:11)

where we have suppressed the spin configuration of the determinant. This means
we need algorithms to compute the fractions

Vi|D]
Gp = 8.12
=] (512
ViJ
Gj= } : (8.13)
3. Calculating the Local energy
1
EL=> \ITTV%\IIT -V, (8.14)
i

with the potential V' as the sum of the harmonic oscillator potential and the
Coulomb energy associated with the electron-electron repulsion. The potential en-
ergy bit is easy to compute, but we need an efficient algorithm to compute the
Laplacian

vivr _ Vi (ID|DYJ)

Uy  |DV||DYJ
_ VZ|IDT V2IDY Vi 2(V¢|DT|) (Vi|DY)
-~ |DT| |D| J |DT|| D
(VilD)) (Vid) — _(VilDY) (Vi)
2 1
D DI (8.15)

Once again, only one of the determinants contains the particle ¢. This means that
the gradient/Laplacian of the other determinant is zero. The above equation then

reduces to ) 20| ) Dl
Vivr VID|  ViJ Vi|D| Vi
= 2 . 8.16
vr D] 7 "o T (8.16)
This means we need an algorithm to compute the fractions
VilD|
Lp=— (8.17)
D]
2J
Ly= vf] ) (8.18)

in addition to the fractions in eq. (8.12) and eq. (8.13).

In the following we will describe the algorithms used to calculate the various fractions.

8.1.1 The Rp-ratio
The inverse of a matrix is related to the determinant of the matrix through (see ref. [3])

adj(D)

D! = :
D]

(8.19)
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where adjD is the adjugate of a matrix. The adjugate of a matrix D is the transpose of
the cofactor matrix of D (see ref. [3]). We can rewrite eq. (8.19) on matrix-element form
1 Cji

= 2
() ‘D|’ (8 O)

where Cj; is the (i, j)-cofactor of D (see ref. [3]). For the matrix D to be invertible, we
must have that D™1D = I, with I as the identity matrix. This can be written as

> DDy} = by, (8.21)

where 6;; is the delta function. We multiply eq. (8.20) from the left with Dj;, and sum
over %, yielding

N N
D.C.
=1 _ Ji“gi
> DDt =>" o (8.22)
i=1 i=1
This results in N
= : (8.23)
2o
or
N
|D| = ZDjiCji- (8.24)

Using eq. (8.24), we express the ratio in eq. (8.8) as
N
> oy

Rp=-—"—. (8.25)

Id ~old
> Ditcs,
i
When moving only one particle, lets say particle j, only the j-th row of the matrix

changes. This means that the j-th row of the cofactor matrix will remain unchanged (in
fact, only the j-th column is unchanged). This means we set

e = o9 (8.26)
Equation (8.25) then becomes

Z Dnewcold

Rp=—F7—"- (8.27)

old ~old
ZD Cl

Using eq. (8.20), we rewrite this as

ZDnew Dold -1
Rp = (8.28)

old old
Z DDy
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Using eq. (8.21), the sum in the denominator is equal to one. We then have

Rp = Z D (DY)~ (8.29)

= Z Gi(ri ) (DGH (8.30)

where we used that the matrix D has the single-particle orbitals ¢;(r;) as entries (where
J contains the quantum numbers of the state, and r; is the coordinates of particle 7). The
sum in eq. (8.30) is then all we need to evaluate when we calculate the Slater ratio. This
means we actually need to keep track of the inverse of the Slater matrix. We will see how
we do this later.

We have implemented eq. (8.30) as shown in the code segment below.

double Slater::get ratio(doublex r, int p) {
R = 0;

for (int i = 0; i < dim; i++) {
r_try[i] = r[il;

particle = p;

// Get the ratio of the determinant
for (int i = 0; i < slater dim; i++) {
new _slater[i] = orbital[i]—->get wf(r_ try);
R += new _slater[i] % inverse slater[i]|[particle];

}

return R;

}

As its input, this function gets the new particle position and the number of the particle
that has been moved. The calculation is done with the old inverse Slater matrix (i. e. the
matrix before the move was done). We also store the values of the single-particle orbitals
at the new position, these are needed when we update the inverse-Slater matrix.

8.1.2 The Rj-ratio
Using the Jastrow function in eq. (7.33), the ratio Ry in eq. (8.6)becomes

new
[

1<j

old
[1e

1<j
e (8.31)

Ry =

where we have defined

AT=Y (g;;ew g;’]’d> . (8.32)
1<j

When we have moved only one particle (say particle k), we have that
gt =95t i #k, (8.33)
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which reduces eq. (8.32) to
N
AJ = Z (i = g) + 3 (e - g (8.34)
i=k+1

To calculate the Jastrow ratio, we then need to calculate eq. (8.34), and input this in
eq. (8.31). The following code segment implements this.

double Jastrow exp::get ratio(doublex r, int p) {
// First copy which particle is moved and its new location
particle = p;
for (int i = 0; i < dimension; i++) {
oty [i] = r[il;
}

// Calculate the new distances between particles ,
// and the new Jastrow function values
for (int i = 0; i < number particles; i++) {

if (i != particle) {

r ij new|[i] = cale_r ij(r_try, r _now|[i]);

g ij new[i] = jas func—>get value(r_ ij mew|[i], i, particle);
}

}

// Calculate the ratio between new and old Jastrow
// The matrix g ij old has entries only above the diagonal
// so we only use these

R = 0;

for (int i = 0; i < particle; i++) {
R += g ij new[i] — g ij old[i][particle];

}

for (int i = particle + 1; i < number particles; i++) {
R += g ij new[i] — g 1ij old[particle]|[i];

}

R = exp(R);

return R;

8.1.3 The Gp-ratio
The algorithm we use to compute the ratio in eq. (8.12) is taken from refs. [38, 39]:

N
|D’ Z (Vig;(r:)) D3 (8.35)

Again, we see that it is actually the inverse of the Slater matrix that is used.

Equation (8.35) is implemented in the following code segment:

void Slater ::get grad(doublex grad slater, int p) {
for (int i = 0; i < dim; i++) {
grad slater[i] = 0;
}
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for (int i = 0; i < slater dim; i++) {
// get the gradient from the orbital class, returns a vector
orbital [i]->get grad(grad, r now|[p]);
for (int j = 0; j < dim; j++) {
grad slater[j] += grad[j] * inverse slater[i][p];
}

}
}

This function has as its input a vector where the gradient is stored (grad slater), and the
particle number (p). The function orbitalfif->get grad(grad, r_now/p]) then calculates
the gradient of single-particle orbital ¢;(r,) according to eq. (7.28).

8.1.4 The G -ratio

We split eq. (8.13) into coordinate form:

10J
S (8.36)
Using the Jastrow in eq. (7.33), the expression above becomes
1 1 AOTIN . e9(rit)
0J _ [y e (8.37)

J O N estri) O

The differentiation only affects the terms where either k or [ is equal to ¢. The above
expression then reduces to

10 L1 9eslrwi) N1 geslrin)
j@ixl - ; e9(Tki) ox; T kzl e9(Tir) o0x;

= =1

:iag(m‘) N i\f: 9g(rir)

k=1 k=i+1
i—1 N
agkz arkz agzk 8Tzk
= 8.38
oryi 0x; Z or, 0x; ( )
k=1 k=i+1
We first find
8T‘ik . 0 D) D)
T = o, V(@r — )2 + (Y — i)
_ Tl — Iy
V(@ — )+ (yr — yi)?
. T; — Tk
B Tik
oryi T — Tk
B e (8.39)
(2 1
Using the Pade-Jastrow function in eq. (7.35), we find
Ogik. 0 apgrik ik (8.40)

ora  Ori L+ Brie (14 Brig)?
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We finally get

10J & agi(zi — xg) al ai(z; — x))
-7 Ry PR kA R) 8.41
J 81‘1 ; rki(l + ,BT]CZ')Q + kzi;-l T‘Zk(l + ﬂrik)Q ( )

The expression will be equal for the other dimension.
We implement eq. (8.41) through the code segment below.

void Jastrow exp::get grad(doublex grad jastrow, int p) {
// initialize the array
for (int i = 0; i < dimension; i++) {
grad jastrow[i] = 0;

}

// Sum over all particles except particle p
for (int i = 0; i < p; i++) {
jas_func—>get grad(grad, r now[i], r now[p], i, p);
for (int j = 0; j < dimension; j++) {
grad jastrow|[j] += grad|[j];

}

}

for (int i = p + 1; i < number particles; i++) {
jas_func—>get grad(grad, r now[i], r now[p], i, p);

for (int j = 0; j < dimension; j++) {
grad jastrow|[j] += grad|[j];
}
}

}

The function jas_ func->get grad(grad, r_nowlif, r_now/p/, i, p) calculates the value of
the expression
agi(xp — ;)

ERVE 8.42

rpi(1+ Bryi)? (542

and similarly for the y-dimension.

8.1.5 The Lp-ratio

The algorithm we use to compute the ratio in eq. (8.17) is taken from refs. [38, 39]:
VDI _ o2 L

j=1

We see once again that it is the inverse of the Slater matrix that is used.

We implement eq. (8.43) through the following code segment:

double Slater ::get lap(int p) {
double ret = 0;
for (int i = 0; i < slater dim; i++) {
// get the Laplacian from the orbital class
ret += orbital [i]->get lap(r_now|[p]) * inverse slater[i][p];

}

return ret;

}

As input, this function gets the particle number p. The function orbitalfif- >get_lap(r now/[p/)
then calculates the Laplacian of single-particle orbital ¢;(r,) according to eq. (7.32).
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8.1.6 The L -ratio

The derivation of the algorithm used to compute this ratio can be found in ref. [38]. It is
a bit tedious, but not really that different from the derivation of the G; ratio.

As shown in ref. [38], L can be written as

i1 N

d—10gk;  *gr; d—10g;  gu
Ly =G> § § 8.44
7 J + 1 ( Tkq 87“]“' + 87“,%2 + k—it1 Tik a’l“z'k + a’l”gk ’ ( )

where d is the number of dimensions, which in our case is d = 2. We first find, using
eq. (8.40)

g _ 0 @ik, 2agf8 (8.45)
8r§k 8rik (1 + ﬂT’ik)Q 1 + ﬂrik)3 ’ '
Using eq. (8.40) and eq. (8.45), eq. (8.44) becomes
i—1
-2 Z ( 2a1;3 >
G = \rei (1+ 57’1@1) 1+ Br)?
N
aik 2a;,8 )
+
k;1 L+ Brin)? (14 Bra)’?
Z_1a (1 — Bri) N (1= Bri)
G +Z ki ki + Z ik ik ) (846)

ki (14 Brig)? i (14 Bri)?

=1 k=i+1

We implement eq. (8.46) through the following code segment:

double Jastrow exp::get lap(int p) {
double ret = 0;
// We split the Laplacian into two part. The first one involves
// the gradient of the Jastrow function
get _grad(grad_g, p);
for (int i = 0; i < dimension; i++) {
ret += grad gli]xgrad g[i];
}

// The second part involves both the Laplacian and the gradient
// of the Jastrow function, but both of these are collected into
// what we call the Laplacian in the Pade Jastrow class
for (int i = 0; i < p; i++) {

ret += jas func—>get lap(r ij old[i][p], i, p);
}

for (int i = p + 1; i < number particles; i++) {
ret += jas func—>get lap(r ij old[p][i], p, 1)

}

return ret;

)

}

The function jas_func->get lap(r_ij old[il[p], i, p) calculates the value of the expression

aip(1 — Brip)
—np(l ) (8.47)
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8.2 Class implementation

The classes of our program are

MC algo: This is where the Monte Carlo algorithm is implemented. It has a Wave-
function object.

Wavefunction: This is an abstract class that contains members that are associated with
the trial wave function.

quantum__dot: This is a derived class from the Wavefunction base class. Specifies a
quantum dot wave function. As members it has two Slater objects (one for each
spin configuration), a Jastrow object, and a potential object.

Slater: Class for handling Slater determinants. It has an array of Orbital objects.
Orbital: Class for handling the single-particle orbitals in eq. (7.19), and their derivatives.
Jastrow: Abstract class for handling Jastrow functions.

Jastrow exp: Derived class from the Jastrow class. Specifies an exponential Jastrow
function as in eq. (7.33). It has an array of Jastrow Function objects.

Jastrow Function: Abstract class that handles the functions in the exponent in an
exponential Jastrow factor. It specifies the function g(r;;) in eq. (7.33), and the
derivatives of this function.

Pade Jastrow: Derived class from the Jastrow_Function class. Specifies the Pade
Jastrow function in eq. (7.35).

potential: Abstract class for handling the confining potential in the Hamiltonian.

harm_osc: Derived class from the potential class. Specifies an harmonic oscillator po-
tential.

In Figure 8.1 we have included a class diagram of our program.

8.2.1 The initialization of the program

In the main of the program, before we start the MC sampling, we create objects of the
classes.

int main(int argc, charsxargv[]) {
// Initialization of MPI and variables
// Creates a harmonic oscillator potential object
potential+* pot = new harm osc(omega, dimension, number particles);

// Define a matrix of MonteCarlo object pointers
MC_algox** paramset = new MC algoxx[alpha steps];

for (int a = 0; a < alpha_ steps; a++) {
paramset [a] = new MC _ algox|[beta steps];
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Figure 8.1: Class diagram of our QVMC program

103



Chapter 8. Implementation of the QVMC method

for (int b = 0; b < beta_ steps; b++) {
// Create a wavefunction object for the specific alpha and beta
long idum = —time (NULL);
#if MPI ON — 1
idum —= my rank;
#endif
// Define the correlation function we’re using
Jastrow Function* jas func =
new Pade Jastrow (dimension, beta start + bxbeta plus,
number particles);
Wavefunction* wf =
new quantum_dot(pot, jas func, alpha start + axalpha plus,
omega, number particles, dimension);
paramset[a][b] = new MC algo(wf, time step, idum,
number cycles);

}

We start by creating an array of MC__algo objects; one for each set of parameters. Each
of the MC _algo objects is given a Wavefunction object of type quantum dot, and each
quantum__dot objects has two Slater objects, a Jastrow object and a potential object. In
our case, we use the Pade-Jastrow function defined in eq. (7.33) and eq. (7.35), and the
Slater determinants use the single-particle orbitals from eq. (7.19). The potential we use
is the harmonic oscillator potential

V(z,y) = —w?(x? + ). (8.48)

Inside the main the MC sampling is done through:

int main(int argc, charxargv][]) {

// Run the simulation itself
for (int a = 0; a < alpha_ steps; a++) {
for (int b = 0; b < beta_ steps; b++) {

// run the MC algorithm
paramset [a]|[b]—>run_algo();

// get the energy results from the run
energy = paramset|a][b]—>get energy ();
energy2 = paramset[a][b]—>get energy2();

total energy = energy;
total energy2 = energy?2;

#if MPL ON — 1
// Collect results from all nodes
MPI_ Reduce(&energy , &total energy, 1,
MPI_DOUBLE, MPI SUM, 0, MPI COMM WORLD);
MPI Reduce(&energy2, &total energy2, 1,
MPI DOUBLE, MPI SUM, 0, MPL COMM WORLD);

total energy /= numprocs;
total energy2 /= numprocs;
#endif
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// Write out to file and measure the time of the iteration

}
}

// Finalize

}

We loop over all the different pairs of parameters, and calculate the energy for each pair in
the function paramsetfa/[b]->run_algo(). Inside this function we start with the following
initializations:

void MC_ algo::run_algo() {

// Initialize arrays and variables

// initial trial position
for (int i = 0; i < number particles; i++) {
for (int j = 0; j < dimension; j++) {
r old[i][j] = gaussian deviate(&idum) = sqrt(time step);
rnew[i[[§] = r_old[i]Tj];
}
}

// Get the wave function at these coordinates
wif—>initial set(r_old);
wif—>get q force(q_ force old);

// Do the MC sampling

} // end function

We start with setting the initial positions of the particles. Then the wave function is
initialized and the initial quantum force is calculated.

The initialization of the wave function is done through the function wf- >initial_set(r_old):

void Wavefunction:: initial set (doublexx r) {

// Copy position

// initialize Slater determinants

doublex* r 1 = (double %) matrix(slater dim, dimension,
sizeof (double));
doublex* r_ 2 = (double %) matrix(slater dim, dimension,

sizeof (double));
for (int i = 0; i < slater dim; i++) {
for (int j = 0; j < dimension; j++) {
r 1[i][J] = r_mow[i][]];
}
}
for (int i = slater dim; i < number particles; i++) {
for (int j = 0; j < dimension; j++) {
r 2[i — slater _dim]|[j] = r_now[i][]];
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}
}

slater up—>initial setup(r_ 1);
slater _down—>initial setup(r_2);

free _matrix ((void *%) r_1); // free memory
free_matrix ((void xx) r_2); // free memory

// initialize Jastrow factor
jastrow —>initial setup (r_now);

On input this function gets the initial positions of the particles. The particles are num-
bered from 0 to N — 1. It is important that we keep track of the numbering of these
particles. We define that particles 0 through N/2 —1 have spin up, and the rest have spin
down. The |D'| determinant is then initialized with the first half of the particles, and
the |D!| determinant is initialized with the other half. The numeration of the particles
is also important for the Jastrow factor, in order to decide the value of the parameter in
eq. (7.66).

The Slater objects are initialized through:

void Slater ::initial setup (doublexx r) {

// Copy positions

// First we calculate the Slater matrix
for (int i = 0; i < slater dim; i++) {
for (int j = 0; j < slater dim; j++) {
inverse slater[i][j] = orbital[j]->get wf(r now[i]);
}
}

if (slater dim > 1) {
// Find the inverse of the matrix. Function inverse can be
// found in the library file lib.cpp
inverse (inverse slater , slater dim);
}
else { // If the Slater matrix only contains one particle, the
// function inverse will not work. We therefore need to
// do this check, in order for the code to work for
// two particles
inverse slater [0][0] = 1./inverse slater [0][0];
}
}

This function first gets a copy of the initial position, then calculates the Slater matrix!.
This is done by evaluating the function orbitalfj/->get wf(r nowfi]), which calculates
the value of the single-particle orbital ¢;(r;) through eq. (7.19). As we saw in Section 8.1,
most of our calculations require the inverse Slater matrix, not the Slater matrix itself.
We calculate the inverse matrix using a library function. The Slater matrix itself is not
stored, only the inverse matrix.

!The slater matrix is defined as the matrix D associated with the determinant |D|.
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The Jastrow function in eq. (7.33) depends on the inter-electron distances r;;. If we
write this as a matrix, it will be symmetrical, which means we only need to store the
entries above the main diagonal. When moving one particle, say k, we need to change
only the entries along column k and row k. As stated above, we use the Pade-Jastrow
function in eq. (7.35). The values of this function are stored in a matrix. This matrix
will also be symmetric. The Jastrow object is initialized through:

void Jastrow exp::initial setup (doublexx r) {

// Copy positions

// Set up the r ij old and g ij old matrices,
// making them upper triangular.

// The value of r_ij old[i][j] is the distance
// between particle i and particle j.

for (int i = 0; i < number particles; i++) {

for (int j =1 + 1; j < number particles; j++) {

r_ij old[i][j] = calec_r_ ij(r_now[i], r now[j]);

g ij old[i][]j] = jas_func—>get value(r ij old[i][j], 1, j);
}

}

}

As its input, this function gets a copy of the position of all the particles. Then the inter-
mediate distances, r;;, are calculated. The function jas_func->get_value(r_ij_oldfi/[j],
i, j) then calculates the value of g;;, according to eq.(7.35).

8.2.2 Implementation of the Metropolis-Hastings algorithm

After the initialization shown in the previous section is done, we are ready to start the
MC sampling. This is all done in the function MC algo::run_algo(). We start out by:

void MC_algo::run_algo() {

// Initializations
// loop over monte carlo cycles
for (int cycles = 1; cycles <= number cycles + cut_off; cycles++){
// mew position
for (int i = 0; i < number particles; i++) {
for (int j = 0; j < dimension; j++) {
r mew|[i|[j] = old[i][j] +
(D %« q_force old[i][j] * time step) +
(gaussian deviate(&idum) * sqrt(time step));

}

} // end function

The array ¢ force_old[i/[j] contains the quantum force (eq. (6.69)) for all the particles at
the old positions. The function gaussian_ deviate creates a Gaussian distributed random
number. The new positions of the particles moved is calculated through eq. (6.72). After
this is done, we tell the wavefunction to try out the new position We calculate the new
quantum force, the Green’s function and the ratio between new and old wave function.
This is all done through:

void MC_algo::run_algo() {
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// Try out the new position
wif—>try move(r_new[i], 1);

} // end function

\end{lstlinsting}

The function \emph{wf—>try\ move(r\ new[i], i)} does the following:
\begin{lstlisting}

void Wavefunction ::try move(doublex r try, int p) {

// Make a backup of the particles old position

// Calculate the ratio of determinants and Jastrow
calc _ratio(r_try);

// update determinant and Jastrow

update ();

}

It gets the number of the particle that has been moved, p, and the new position of this
particle on input. The ratio R’ from eq. (8.3) is then calculated, before the Wavefunction
is updated in the function:

void Wavefunction :: update () {
// Update slater determinant
if (particle tried < slater dim) {
slater up-—>update ();
}
else {
slater down—>update ();

}

// Update Jastrow factor
jastrow —update ();

// Update position with pointer switching
doublex r temp = r now|[particle tried];
r_now|particle tried] = r_ new;

r new = r_temp;

}

This function updates the relevant Slater determinant (i. e. the determinant that contains
the particle that has been moved), and then updates the Jastrow factor.

As we have observed, in the Slater objects we keep track of the inverse-Slater matrix,
not the actual Slater matrix. When a particle is moved, we update the inverse matrix
through an algorithm taken from ref. [39]. We first calculate

N

Si =Y (i) (DY (8.49)

k=1

The new elements in the inverse matrix are then given as

oldy—1
poldy=1 — SBEIT g,
eyt = D) e (8:50)
éT if ] =1

The algorithm above is implemented in the following code:
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void Slater ::update() {

// Make a backup of the matrix in case we reject the move

// Update the inverse matrix according to the algorithm
// First we update every column but number p
for (int i = 0; 1 < p; 1 ++) {

double S = 0.0;

// Calculate S

for(int j = 0; j < slater dim; j++) {

S += new_slater[j] % inverse slater[j]|[i];
}

for (int j = 0; j < slater dim; j++) {
inverse slater[j][i] —= (S/R) * inverse_ slater[j]|[p];

}
}

for (int i = p + 1; i < slater dim; i ++) {
double S = 0.0;
// Calculate S
for (int j = 0; j < slater dim; j++) {
S += new_slater[j] * inverse slater[j]|[i];
}
for (int j = 0; j < slater dim; j++) {
inverse slater[j][i] —= (S/R) * inverse slater[j]|[p];
}
}

// Update column p

for (int i = 0; i < slater dim; i++) {
inverse slater[i][p] /= R;

}

// Update positions

The Jastrow is updated through the function:

void Jastrow exp::update() {
double memory switch;
// First update r_now
doublex temp = r_ now|particle |;
r_now|particle] = r_ try;
r_try = temp; // Old position is now stored in r_try

// Update r ij old

temp = r_ij old|[particle];

r ij old[particle] = r ij new;

r_ij new = temp; // Old r ij is now stored in r_ ij new

// All the new values are stored as a row in the matrix

// we need to change it so the matrix is still upper diagonal
for (int i = 0; i < particle; i++) {

memory switch = r_ij old[i]|[ particle|;
r ij old[i][particle] = r ij old[particle][i];
r ij new[i]| = memory switch;

}
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// Update g ij old in the same way
temp = g ij old[particle];
g ij old[particle] = g ij new;
g _ij new = temp; // Old position is now stored in g ij new
for (int i = 0; i < particle; i++) {
memory _switch = g ij old[i][particle];
g ij old[i][particle] = g_ij old[particle][i];
g ij mew[i] = memory switch;

}

When a particle is moved, lets say particle number p, the only values r;; and g;; that are
changed are the values where either ¢ or j are equal to p. This means that the values
along row p, and column p in the matrices for r;; and g;; are changed.

After the wave function is updated, we do the following:

void MC_algo::run_algo() {

// Get new quantum force
wf—>get q force(q_ force new);

// Metropolis—Hastings algo
greens function = 0;
for (int p = 0; p < number particles; p++) {
for (int j = 0; j < dimension; j++) {
greens function 4+= 0.5 =*
(q_force old[p][j] + q_force mnew|[p][]j]) =
(D * time_step * 0.5 =

(q_force old[p][j] — q_force_mnew|[p][]j]) +
r_old[p][j] — r_new[p]|[j]);
}

}

greens function = exp(greens function);

R = wf—get ratio();

R = RxR;

double random = ran2(&idum);

double test = greens function*R;

// perform the Metropolis test
if (random <= test) {
// Accept the move
for (int j = 0; j < dimension; j++) {
// Update position
r old[i][j] = r_new[i][]];
}
// Update quantum force by pointer switching
double** temp = q_force old;

q_ force old = q_ force new;
q_force new = temp;

}

else {

// Reject move in the wavefunction
wif—reject move ();
for (int j = 0; j < dimension; j++) {
// Reset position
ronew (1151 = r_old[i][;[;
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} end function

The quantum force at the new position is calculated, then the Green’s function (or rather,
ratio of Green’s functions) is calculated according to eq. (6.79). Then we calculate the
ration in eq. (6.80). The Metropolis test is done as described in Section 6.5.3. If the new
position is accepted, we update the positions and quantum force. If it is rejected, we set
all the objects back to the old values. This is done in the function wf->reject move().

After all particles have been tried to be moved, we update the expectation values.
This is done through:

void MC_algo::run_algo() {

if (cycles > cut_ off) {
// compute local energy
delta e = wf—>local energy ();
// update energies
energy += delta_e;
energy2 += delta exdelta e;
}
} // end of loop over MC trials
// update the energy average and its square
energy /= number cycles;
energy2 /= number cycles;

// Free up memory

} // end function

The expectation values are calculated as discussed in Section 6.5.1. The local energy is
calculated as the sum of the kinetic energy and the potential energy. The kinetic energy
term is calculated through

(8.51)

Y1y _i_1 ViD| , ViJ , ,VilD| Vi
2 Up & 2\ |D| J \D| J )’

=1

which is implemented in the following code segment:

double quantum _dot:: get kinetic energy () {
double ret = 0;
// Contribution from the Laplacian of the Slater determinant part
for (int i = 0; i < slater dim; i++) {

ret — slater up—>get lap(i);

}

for (int i = 0; i < slater dim; i++) {
ret — slater down—>get lap(i);

}

// Contribution from the Laplacian of the Jastrow part
for (int i = 0; i < number particles; i++) {

ret —= jastrow—>get lap(i);
}

// Contribution from the coupling of the Slater determinant
// and the Jastrow
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for (int i = 0; i < number particles; i++) {
get slater grad(grad slater, i);
jastrow —>get grad(grad jastrow, 1i);
for (int i = 0; i < dimension; i++) {
ret —= 2xgrad _slater[i]xgrad jastrow|[i];
}

}

return 0.5xret;

}

We could have used numerical derivatives, but since we have an analytical form of the
wave function, it is much faster to do analytical derivatives.

The potential energy includes both the harmonic oscillator potential and the Coulomb
energy from the electron-electron repulsion. This is calculated in the following code
segment:

double quantum dot::get potential energy () {
double e potential = 0;

// First calculate energy from the coulomb interaction between
// electrons
double r_ij;

for (int 1 =
for (int j
r_ij = 0;
for (int k = 0; k < dimension; k++) {
// calculates squared distance between electron i and j
r ij += (r_now[i]|[k] — r_now[j]|[k]) =
(r_mow[i][k] — r_nmow[]j][k]);
}

e potential += 1./sqrt(r_1ij);

0; i < number particles; i++) {
=1+ 1; j < number_ particles; j++) {

}
}

return e potential + pot—>get pot energy(r now);

}

The function pot->get pot_energy(r_now) returns the potential energy from the har-
monic oscillator potential at the current position. The local energies for each cycle of the
MC sampling is summed up. After all cycles have been finished, we divide the expectation
values by the number of samples.

8.3 Parallel computing

One of the major strengths of the MC algorithm is that it is very easy to parallelize. The
possibility of running the program in parallel has been implemented in our code.

Parallel computing means that large tasks are split up in many smaller tasks that are
sen to different processes. Each individual process performs its task, and finally all the
results are collected.

In our work, we use the MPI library to parallelize the program. The strategy for our
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program is that we decide on how many codes we want to use, and we then let each pro-
cess calculate the expectations values of the energy, and energy squared. Each process is
given different random seeds, so that they have different initial positions for the particles.
If each process then do 10° MC cycles, and we have 10 processes doing calculations, we
are in effect doing 107 MC cycles. If we have many processes at our disposal, this will
greatly reduce the time it takes to do a desired amount of MC cycles.

In this work we use the Titan computer cluster for large parallel jobs. The Titan
computer cluster is described on its homepage http://hpc.uio.no.

8.4 Implementing the DFP algorithm

We want to implement the DFP algorithm from Section 6.6. We then implement the
function dfpmin from ref. [43]. This function utilizes the DFP method to find a minimum
of a function f. In our case, this function will be the expectation value of the energy
discussed in Section 6.5.1.

As input, the DFP function needs a pointer to the function it minimizes, as well as
a pointer to a function containing the gradient of the function it minimizes. In our case
we want to minimize the energy of a trial wave function. To calculate the energy, we use
the QVMC method. We must also calculate the gradient of the expectation value of the
energy. The partial derivative of (F) with respects to just one variational parameter is

_0(E) _ [V, HYr U,
(E); = Ber, _<‘I’T Er + T 2(E) >

—2(EE ) =2 (e -2 (EH®, )

where we have defined U7; = 0¥7/da;. The expectation values in eq. (8.52) cannot
easily be calculated using closed form expression. In general we must evaluate them
numerically. In this work we use a simple estimate for the first derivative

Py = @D S =) 559

with A = 0.001.

We have implemented this through the following code segment:

int main(int argc, charxargv[]) {
// various declarations and initializations
// Do the OGM
dfpmin (param, number parameters, g tol, &iterations , &energy,

&E function, &dE_function);

// Print out results

}

dfpmin gets the address of the MC object E_function and the gradient dFE _function.
The DFP algorithm then uses an MC simulation to calculate the energy. Inside the
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MC simulation, we compute derivatives numerically in order to calculate the expectation
values in eq. (8.52) as well, by:

// MC calculations

// compute local energy
delta e = wf—>local energy();

// Partial derivatives
wf—>get partial psi_ over psi(partial psi_ over psi,
number parameters);

// compute expectation values
for (int i = 0; i < number parameters; i++) {
exp_val part psi_over psi|i| += partial psi_over psi[i];
exp_ val e local times part psi_over psi[i] +=
delta expartial psi_over psi[i];

}

// update energy
energy += delta_e;

}

} // end of loop over MC trials
// update the expectation values
energy /= number cycles;

for (int i = 0; i < number_ parameters; i++) {
exp_val part psi_over psi[i] /= number cycles;
exp_val e local times part psi_over psi[i] /= number cycles;

}
for (int i = 0; i < number parameters; i++) {
gradient [i] = 2 * (exp_val e local times part psi_ over psi[i]
— energys*exp val part psi_over psi[i]);
}

// free memory and return the energy

}

This means that when F_ function is called, it calculates all the relevant expectation val-
ues, and then stores the gradient so that it can be collected when dE function is called.

8.5 Implementation of blocking

The implementation of the blocking technique discussed in Section 6.7 is rather easy. The
first thing we do is to find the optimal parameters by using the QVMC method discussed
above. We then do a single QVMC calculation using the optimal parameters, and store
the local value calculated for each MC loop. We write these values to a file. A separate
program does the actual blocking. The main of that program looks like this:

int main(int nargs, chars args][])

{

int n_procs, min_block size, max block size, n_block samples, i;
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// The program needs four comand line arguments
if (nargs > 4) {

n_procs = atoi(args[1l]); // First input is the number of
// processors used in the MPI
min block size = atoi(args[2]); // Second input is the minimum
// block size
max_block size = atoi(args[3]); // Third input is the maximum

// block size
n_block samples = atoi(args|[4]); // Fourth input is the number
// of block samples we want
}

else {

// quit program and write out an error report

// Collect the MC results from all the nodes used in the simulation
// and initialize out file

int block_size, block_step_ length;
double res[2];

double mean, sigma;

block step length = (max_block size — min_block size) /
n_block samples;

// We loop over all block sizes

for(i = 0; i < n_block samples; i++) {
block size min _block size + i * block step length;
blocking (mc_results, n, block size, res);

mean = res [0];
sigma = res|[1];
// Output

}

// end program

}

The program start by reading from the command line the number of processes used when
doing the MC simulations, then reads the minimum and maximum block size we want
to use, and finally the number of block samples we want. Then the values from the
MC simulation is collected, before the blocking procedure itself is done. The function
blocking(mc_results, n, block_ size, res) looks like:

// Finds mean value and variance of a block of a given size
void blocking(double xvals, int n_vals, int block size, double xres)

{
int n_blocks n_vals/block size;
doublex block vals = new double[n blocks];
int i;

for(i = 0; i < n_blocks; i++) {
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block vals[i] = mean(vals + i * block size, block size);

}

meanvar (block vals, n_blocks, res);

delete block wvals;

}

As input it gets an array wvals with all the MC values, an integer n_ vals that tells the
number of values in wals, the integer block size, which tells us the desired block size for
this particular calculation and finally the array res, which is where we return the results.
The function mean(vals + i * block_ size, block_size) calculates the mean of a block, and
the function meanvar(block wals, n_blocks, res) calculates the mean and variance of all
the blocks.

8.6 Implementation of time-step extrapolation

To extrapolate the energy and error towards At = 0, we do VMC calculations on several
different values of Atf, and blocking for each of those values. We then implement a
numerical recipe from Section 15.4 in ref. [43], which gives us a linear fitting of the
results, and an estimate of the energy and error at At = 0. The code we use for this is
an old FORTRAN code supplied by Morten Hjorth-Jensen.
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Chapter 9

Computational results

In this chapter we present the results from our simulations. We start out by validating
that the code yields the correct results for the non-interacting system and the two-particle
system. We then move on to minimizing the trial wave function for closed-shell systems
of various sizes. We will use brute-force variation (varying the parameters manually), and
the Davidon-Fletcher-Powell (DFP) algorithm to find the optimal parameters. The next
step is to do blocking and time-step extrapolation with the optimal parameters, in order
to obtain correct results for the energy and the error. We discuss also the dependency on
the oscillator frequency w. Finally, we will present and discuss the results obtained.

We will mainly consider systems with N € {2,6,12,20}, where N is the number of
electrons in the dot. We will consider oscillator frequencies w € {0.28,0.5,1}. At the very
end of the chapter, we will present results for the 30- and 42-electron systems, then only
considering w = 1.

We use atomic units (a.u.) in all calculations. This corresponds to our scaling of the
Hamiltonian (see Section 5.4). Energies are then given in units of Hartrees (Ha). We only
consider closed-shell systems as discussed in Section 5.1. For brevity we usually only say
system, but it is implied that we mean closed-shell systems.

9.1 Validating the code

Before we do any large computation, it is important to validate that our code can give
us the correct results for systems where we have analytical values for the energy. We
start out by computing the ground-state energy for the non-interacting system. We then
compute the energy for the two-particle system. If we get good results for these two
systems, we are ready to do computations on more complicated systems.

9.1.1 The non-interacting system

From our discussion in Section 3.3.1, we know that the ground state of the non-interacting
system can be exactly represented by a Slater determinant filled with the single-particle
orbitals with lowest energy eigenvalues. The energy of a single-particle orbital is given in
eq. (7.16), and the energy of the Slater determinant is given in eq. (3.37). In Table 9.1 we
present the analytical energy of the non-interacting system for the first few closed-shell
systems. We have used dimensionless units and the oscillator frequency is set to 1.
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Table 9.1: The table shows the energy of a quantum dot with non-interacting particles. The
energy is calculated for w = 1 and is given in units of Hartrees.

Shell number R Number of particles Energy (Ha)

1 2 2

2 6 10
3 12 28
4 20 60

Table 9.2: In this table we present our results from simulations of a closed-shell quantum dots
with no correlation. The table shows the experimental results for the energy, and the variance.
We also include how many MC cycles we have used in the simulations. The energy is given in
units of Hartrees.

Number of particles Energy (Ha) Variance #MC cycles
2 2.0000000 o2 = 0.0000000 108
6 10.000000 o2 = 0.0000000 108
12 28.000000 &2 = 0.0000000 106
20 60.000000 &2 = 0.0000000 108

Our trial wave function is defined as in eq. (7.64), but with no Jastrow factor. This
means that our trial wave function is on the correct theoretical form. Our single-particle
orbitals are given as in eq. (7.19). The correct orbitals are given in eq. (7.15). This means
that for a = 1, we should obtain something very close to the exact result.

In our calculations we used an oscillator frequency of w = 1. We have included the
results of the simulations in Table 9.2. Comparing Table 9.2 to Table 9.1 we see that
we seem to get the exact results and a variance of zero. This is in agreement with our
discussion in Section 6.5.1; the more closely our trial wave function resembles the exact
wave function, the less strongly will E (the local energy) vary with the position. When
a = 1, our trial wave function is actually the exact wave function of the system. This
means that the variance should be equal to zero (except for perhaps some small statistical
fluctuations). In Figure 9.1 we have included a plot that shows how the energy varies
with a. The figure shows a clear minimum for o« = 1.

We have also run the code for different values of w, and reproduced the results pre-
dicted by eq. (3.37) and eq. (7.16). That our code is able to reproduce the exact results
for the non-interacting system is a clear indication that the Slater determinant part of
our program is correctly coded.

9.1.2 The two-particle case

In Section 5.2 we discussed the two-electron quantum dot, and we found the exact ground-
state energy for a dot with an oscillator frequency w = 1. The energy should be Ey = 3Eg
with our scaling of the system. This is a good benchmark to test if our Jastrow part is
coded correct.
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Variational plot of a six—particle non—-interacting system
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Figure 9.1: Shows the variational plot of the non-interacting system for 6 particles. We have
used 1 000 000 Monte-Carlo (MC) cycles for each value of «, and varied « from 0.95 to 1.05 in
steps of 0.01. The figure shows a clear minimum for a« = 1. Energies are in units of Hartrees.

In this case, we do not know the exact form of the wave function, and it is likely that
our trial wave function does not have the exact form.

We first varied « from 0.5 to 1.4 in steps of 0.1, and 3 from 0.1 to 1 in steps of 0.1.
We did 10* Monte-Carlo (MC) cycles for each iteration. We then closed in on the region
where the energy was small. When we closed in on the good values of the variational
parameters, we increased the number of MC cycles.

A final run was made with 100 million cycles. We did 100 variations in both «
and (8, meaning we had a total of 10 000 iterations. The resulting variational plot of the
energy is shown in Figure 9.2. The optimal parameters are found by considering this plot.

As discussed in Section 6.5.1, a good way to find the ground state could also be to
search for a minimum in the variance. We will not do this in our later discussion, but
take the time in this section to verify that it is correct. In Figure 9.3 we have included a
variational plot of the variance for the two-electron quantum dot.

We collect the results of this section in Table 9.3. We see that we get different pa-
rameters depending on whether we choose to minimize the variance or the energy. The
differences are not very large, though, which leads us to believe that our wave-function
ansatz works quite well for this system. The energy we get is quite close to the exact
result from Section 5.2. The error is calculated according to eq. (A.32), which means we
have assumed no correlations.
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Variational plot of the energy
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Figure 9.2: In (a) we have plotted the variational results for the energy for a two-electron
quantum dot. The simulation was done with 108 MC samples, and 100 variations in both o and
(. From (b) we read the optimal value of «, and from (c) we read the optimal value of 3 We find
the minimum at o ~ 0.987 and 8 ~ 0.398. The energy is in units of Hartrees.

Table 9.3: In the first row in the table we present the parameters that minimize the energy,
while in the second row we present the parameters that minimize the variance. All results are for
the two-electron quantum dot.

a Ié] Energy (Ha) Variance Error

0.987 0.398 (E)=3.00036 o2 =0.00185 4.3012F — 06
0.980 0.420 (F)=3.00046 o2 =0.00156 3.9497F — 06
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of 5. We find the minimum at a ~ 0.98 and 5 ~ 0.42.

Figure 9.3



Chapter 9. Computational results

Table 9.4: In this table we present the optimal parameters found for six-, twelve- and twenty-
electron quantum dots, together with a first approximation of the energy for the systems. The
results are calculated with w = 1.

N « 15} Energy (Ha)
6 092 0.565 (F)=20.19
12 087 068 (E)=65.79
20 0.84 0.76 (E)=156.06

To get a more correct estimate for the energy and error, we should do blocking and
time-step extrapolation. We do this in Section 9.3.1.

The code seems to be working well for both the non-interacting and the interacting
system. We are then ready to do simulations of systems with more electrons.

9.2 Variational plots — Finding the optimal parameters

In this section we will present the result from QVMC simulations on quantum dots with
six, twelve and twenty electrons. We show the variational plots, and find the optimal
parameters. All the results presented in this section are calculated with the oscillator
frequency w = 1. At the end, we will also present results from the DFP minimization of
two-, six- and twelve-electron quantum dots.

9.2.1 Simulation of a six-electron quantum dot

To get the optimal parameters for the six-electron system, we first did small calculations
to find the areas of « and 3 where the energy was small. We then did a large QVMC
simulations with parameters

a € {0.890, 0,895, 0.900,0.905, 0.910,0.915, 0.920, 0.925, 0.930,0.935} ,
B € {0.530,0.538, 0.546, 0.554, 0.562, 0.570, 0.578, 0.586, 0.594, 0.602} ,

and 100 000 000 MC cycles per iteration. The resulting variational plot of the energy is
shown in Figure 9.4.

We have tabulated the results in Table 9.4, together with a first approximation of the
energy of the system. We will do blocking and time-step extrapolation for the optimal
parameters in Section 9.3.2 .

9.2.2 Simulation of a twelve-electron quantum dot

We repeat the procedure for the twelve-electron system. In this case it was hard to decide
on good optimal parameters, because the function is quite flat in both the o and the 3
parameter around the minimum. We did a final QVMC simulation with the parameters

a € {0.82,0.83,0.84,0.85,0.86,0.87,0.88,0.89} ,
B € {0.620,0.635,0.650, 0.665, 0.680, 0.695,0.710,0.725} ,
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Variational plot of the energy
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Figure 9.4: In (a) we have plotted the variational results for the energy for a six-electron
quantum dot. The simulation was with 108 MC samples. We have done 10 variations in both «
and §. From (b) we can read of the optimal value of o, and from (c) we read of the optimal value
of 3. We find the minimum at o ~ 0.920 and 3 =~ 0.565.
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Table 9.5: In this table we present the optimal parameters and energy found for two-, six- and
twelve-electron quantum dots using the DFP algorithm. We see that the results do not differ
much from the results in table 9.4.

N e ¢ Energy (Ha)

2 0987 04 (E)=3.00044
6 0928 055 (E)=20.1926
12 0.877 0.678 (E) = 65.7953

and 10 000 000 MC cycles per iteration. The resulting variational plot of the energy
is shown in Figure 9.7. We have tabulated the results in Table 9.4, together with a
first approximation of the energy of the system. We will do blocking and time-step
extrapolation for the optimal parameters in Section 9.3.3.

9.2.3 Simulation of a twenty-electron quantum dot

We include also variational plots for the 20-electron system. The procedure is the same
as before. The final QVMC simulation was made with the parameters

a €{0.78,0.79,0.80,0.81, 0.82,0.83,0.84, 0.85,0.86, 0.87},
B € {0.700,0.715,0.730,0.745,0.760,0.775,0.790, 0.8050.820, 0.835}. (9.1)

With a system of 20-electrons, the computations are starting to take a lot of time. Due
to time limitations we are not able to do a very large simulation on this system. The final
run was made with 1 000 000 MC cycles. The resulting plots are shown in Figure 9.8,
and the optimal parameters are tabulated in 9.4, together with the first approximation
of the energy.

9.2.4 Minimization with DFP

We want to use the minimization technique discussed in section 6.6. This is implemented
as discussed in Section 8.4. We use this code to obtain the optimal parameters for the
trial wave function. In Table 9.5 we have tabulated the results for quantum dots with
two, six and twelve electrons. We see that the results are quite similar to the results in
Tables 9.3 and 9.4.

This method works quite well for small systems. The advantage using this approach
is that we do not have to manually vary the parameters. Instead the program searches
for a minimum in a more intelligent manner. This means we do not have to use as many
iterations as we did before. However, using this method, we need to calculate the gra-
dient of ¥r with respects to « and 3, and this is done numerically. We then need to
evaluate the function Wp four times in each MC loop. Evaluating this function takes a
lot of computational power when N is large. This means that the DFP algorithm is not
well suited for handling systems with a large number of particles, and several variational
parameters.

It is possible to do a Hartree-Fock calculation of the system, and then parametrize
the results in Gaussian type orbitals. We can then use these orbitals as our single-particle
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Variational plot of the energy
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Figure 9.5: In (a) we have plotted the variational results for the energy for a twelve-electron
quantum dot. The simulation was with 107 MC samples. We have done 10 variations in both «
and 8. From (b) we read the optimal value of «, and from (c) we read the optimal value of S.
We find the minimum at a ~ 0.87 and § ~ 0.68.
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Variational plot of the energy
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Figure 9.6: In (a) we have plotted the variational results for the energy for a twenty-electron
quantum dot. The simulation was done with 106 MC samples. We have done 10 variations in
both o and 8. From (b) we read the optimal value of «, and from (c) we read the optimal value
of 5. We find the minimum at « =~ 0.84 and § ~ 0.76.
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Table 9.6: In this table we give the energy and error calculated with blocking for three values
of At. In the last row we give the extrapolated result. All values correspond to a quantum dots
with two electrons.

At Energy (Ha)
0.01 (E) = 3.00026 &+ 3 x 107
0.025 (E) = 3.00036 42 x 107
0.05 (E) = 3.00036 =2 x 107°
Extrapolated: (E) = 3.00029 & 3 x 1075

orbitals when we construct Slater determinants. These orbitals have already been opti-
mized, making the need of the a-parameter superfluous. We then only need to concern
ourselves with the parameter 5. As discussed in Section 8.1, the Slater determinant is
the most costly part of the wave function to calculate. If we only need to minimize the
correlation function, it would greatly increase the efficiency of the DFP algorithm.

9.3 Time-step analysis with blocking

In this section we will use the optimized parameters found in the previous sections, and
do time-step extrapolation and blocking to get more correct results for the energy and
the error of quantum dots with two, six, twelve and twenty electrons. As described in
Sections 6.7 and 6.8, blocking is used to get a correct estimate of the error of the sample
mean, and time-step extrapolations is done in order to deal with the errors due to the
finite step length in time used in eq. (6.72). All calculations in this section are done with
w = 1.

9.3.1 Two electrons

We use the optimal parameters from the energy minimization in Table 9.3. We used three
different At values when calculating the energy:

At € {0.01,0.025,0.05}. (9.2)

For each calculation, we use 108 MC cycles. This time we store the local energy calculated
in every single loop of the MC calculation. These values are then loaded in the program
discussed in Section 8.5. The results are plotted in Figure 9.7. We clearly see the plateau
discussed in Section 6.7. At this plateau, the blocks are considered to be uncorrelated,
and we read of the correct value of the error. In Table 9.6 we give the energy and error
for the three At-s we have done calculations for. We then do a linear fitting as discussed
in Section 8.6. The resulting extrapolated energy and error can also be found in table
9.6.

9.3.2 Six electrons

We use the optimal parameters from Table 9.4. We did three calculations of the energy
with
At € {0.01,0.025,0.05},
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Figure 9.7: The plots show the error as a function of block size. To the left in the figure, we
see the blocking plots for the two-electron quantum dot. To the right we see the plots for the six-
electron quantum dot. The top two plots are for At = 0.01, the middle plots are for At = 0.025,
and the bottom plots are for At = 0.05. The plateau discussed in section 6.7 is clearly visible.
At this plateau we find the correct value for the error of the sample mean. If we study the plots,
it may seem like the plot is smoother for small values of At. However, by studying the axes, we
see that the resolution is finer for larger At, so the smoothness in the top plots is mostly due to
a larger resolution in the y—axis.
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Table 9.7: In this table we give the energy and error calculated with blocking for three values
of At. In the last row we give the extrapolated result. All values correspond to a quantum dot
with six electrons.

At Energy (Ha)
0.01 (E) =20.1900 &+ 3 x 1074
0.025 (E) =20.1902 + 2 x 1074
0.05 (E) =20.1904 £ 1 x 1074
Extrapolated: (F) =20.1899 4+ 2 x 1074

and 10® MC cycles for each simulation. The resulting blocking plots are presented in
Figure 9.7, and we present the energy and error for each At in Table 9.8. In Figure
9.8 we have included a plot of the energies and errors from Table 9.8 in order to give a
visualisation of how the extrapolation is done.

Plot of the energy and error
20.1908

20.1906 1

20.1904 T b

T

0

¥
1

20.1902

Energy (Ha)

20.191 * - 1

20.1898} 1

20.1896 ; ; ; ‘ ;
0 0.01 0.02 0.03 0.04 0.05 0.06

At

Figure 9.8: We have calculated the energy of a six-electron quantum dot using three different
values of At. This plot shows the value of the energy for each value of At together with the cor-
responding error. The idea is then to make a linear fitting to these points, in order to extrapolate
the value of the energy for At = 0.

9.3.3 Twelve electrons

The same procedure is repeated for the twelve-electron system. We use the optimal
parameters from Table 9.6. We calculate the energy for At values:

At € {0.01,0.025,0.05},
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Table 9.8: In this table we give the energy and error calculated with blocking for three values
of At. In the last row we give the extrapolated result. All values correspond to a quantum dot
with twelve electrons.

At Energy (Ha)

0.01 (E) =65.7915 + 4 x 10~
0.025 (E) = 65.7909 & 3 x 10~%
0.05 (E) =65.7901 2 x 107

Extrapolated: (E) =65.7918 £4 x 1074

Table 9.9: In this table we give the energy and error calculated with blocking for three values
of At. In the last row we give the extrapolated result. All values correspond to a quantum dot
with twenty electrons.

At Energy (Ha)

0.00 (E) = 156.0726 £ 7 x 107%
0.025 (E) = 156.0695 + 4 x 10704
0.05 (E) = 156.0667 + 3 x 107

Extrapolated: (F) = 156.0732 +6 x 1074

For each energy calculations, we use 10° MC cycles. The plots are presented in Figure
9.9. Once again we see that the error reaches a plateau. We present the calculated energy
and error in Table 9.9, together with the extrapolated result.

9.3.4 Twenty electrons

We use the optimal parameters from Table 9.6, and calculate the energy for
At € {0.01,0.025,0.05},

using 10® MC cycles for each calculation. The resulting blocking plots are presented in
Figure 9.9. The plateau value of the error is found, and we present the results in Table
9.9.

9.4 Changing the oscillator frequency

We have also done some calculations for oscillator frequencies different from w = 1.
The strategy is as before: We start by finding the optimal variational parameters, then
do blocking and time-step extrapolation to find the energy and error. The results are
presented in Table 9.10. Each calculation of the energy is done with a total of 102 MC
cycles.

9.5 Splitting up the energy

We want to see how large the different contributions to the energies are. We can split the
total energy in three parts:

<Etot> - <Ekm> + <Eosc> + <Eele> 5 (9.3)
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Figure 9.9: The plots show the error as a function of block size. To the left in the figure, we
see the blocking plots for the twelve-electron quantum dot. To the right we see the plots for
the twenty-electron quantum dot. The top two plots are for At = 0.01, the middle plots are for
At = 0.025, and the bottom plots are for At = 0.05. The plateau discussed in section 6.7 is
clearly visible. At this plateau we find the correct value for the error of the sample mean. The
apparent differences in smoothness is only due to different resolutions on the y-axis.

131



Chapter 9. Computational results

Table 9.10: In this table we present the optimal parameters and energy found for two-, six-,
twelve- and twenty-electron quantum dots calculated for two different values of the oscillator
frequency.

N w «@ 16} Energy (Ha)
2 028 0975 025 (E)=1.02212+3x 1075
0.5 098 031 (E)=1.66027+3x107°
6 0.28 088 0.33 (FE)=76223+2x10"*
05 090 042 (E)
12 028 0.805 0.38 (FE)
0.5 0.84 048 (E)=39.2359+4x 1074
(E)
(E)

—~

20 0.28 0.77 042
0.5 081 0.54

where we have defined:

(Biin) = <Z ;v%> , 94)
(Brarm) = <Z Sl + y3>> , (95

(Eute) = <Z ?> . (9.6)

We then have that (Fy;,) is related to the kinetic energy, (Epqm) is the energy contribu-
tion from the confining potential (in our case a harmonic oscillator potential), and (E;.)
is the energy from the Coulomb repulsion between electrons. We want to calculate the
expectation values of each of these energies separately. This is done for the same oscillator
frequencies used before, and we use the optimal parameters found in Tables 9.3, 9.4 and
9.10 for the respective systems. The results are presented in Table 9.11.

9.6 Discussions of the results

We first consider the results in Table 9.11. Varying w — the oscillator frequency — is
equivalent to tuning the confining potential. This means the particles in the dot will
become more confined when we increase w, and less confined when we decrease w. From
this reasoning, it seems a bit strange that the role of the energy from the 1/7;; term in
the Hamiltonian increases relatively as w decreases. We shall see why this is so. Ob-
viously, the oscillator energy is proportional to w?, so it is not strange at all that this
energy decreases relatively with w. From eq. (7.32), we know that the Laplacian of the
single-particle orbitals is proportional to w. This means that the kinetic energy of the
determinantal part of W7 will also be proportional to w, and it follows that this will
decrease with w. Only the Coulomb energy from the electron-electron repulsion is not
dependent on w (it will, of course, be changed a bit by the fact that the inter-electron
distances are changed, but there is no explicit dependency).
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Table 9.11: In this table we present the results from calculating the expectation value of each
part of the total energy separately. All energies are in units of Hartrees. We have used At = 0.05
in all calculations. In the parentheses behind the numbers we have included what percentage the
relevant energy is of the total energy.

N w Eyot Elin Eosc Eele
2 028 1.0222 0.2531 (24.8%) 0.4235 (41.4%) 0.3456 (33.8%)
0.5 1.6602 0.4466 (26.9%) 0.7008 (42.2%)  0.5130 (30.9%)
1 3.0004  0.8908 (29.7%) 1.2955 (43.2%) 0.8141 (27.1%)
6 028 7.6218 0.9441 (12.4%) 2.8109 (36.9%)  3.8668 (50.7%)
0.5 11.8102 1.7213 (14.6%) 4.4772 (37.9%) 5.6117 (47.5%)
1 20.1902 3.5831 (17.8%) 7.9234 (39.2%)  8.6837 (43.0%)
12 0.28 25.7003 2.1780 (8.5%) 9.3232 (36.3%) 14.1991 (55.2%)
0.5 39.2354 4.0757 (10.4%) 14.5713 (37.1%) 20.5884 (52.5%)
1 65.7906 8.8318 (13.4%) 24.7721 (37.7%) 32.1867 (48.9%)
20 028 62.055 4.175 (6.7%)  21.804 (35.1%)  36.076 (58.1%)
0.5 94.028  7.976 (8.5%)  33.519 (35.6%)  52.533 (55.9%)
1 156.068 17.416 (11.2%) 56.995 (36.5%)  S81.657 (52.3%)

When w decreases, interactions get more and more important, and the kinetic energy
diminishes. This means that (p) can be determined very sharply. The uncertainty rela-
tion tells us that (r) (the expectation value of the position) must then increase. This is
something we expect as the particles gets less and less confined when w decreases.

We can also draw some conclusions from the optimal parameters of the trial wave
functions of the respective systems. The parameter [ is associated with the Jastrow fac-
tor in eq. (7.35). When this parameter is small, it means that the Jastrow factor becomes
large, and it follows that the correlation part of the wave function is more important.
Studying Table 9.4, we see that the parameter § increases as N increases. This means
that the Jastrow part of our trial wave function becomes less important for systems with
a higher number of particles, even though the energy from the electron-electron interac-
tion increases because there are more particles which interact with each other. This is
consistent with the findings in ref. [46] (see Fig. 2 in the article). We also see, from table
9.11, that the value of 3 gets smaller for a system when w decreases. This supports our
observation that correlations are more important when w is small.

So far we have no idea if the results we have obtained make any sense, except for the
results in Section 9.1, which seems to be quite good. In ref. [46] we find DMC (Diffusion
Monte Carlo) and Coupled-Cluster calculations on the same systems we consider. The
DMC method can in principle produce results that are as close to the exact as possible
within the limits of computational resources (ref. [36, 39]). We will therefore treat the
DMC results from ref. [46] as the exact ground state energies for the systems we consider.
In Table 9.12 we present the results from ref. [46] together with our results. We see that
our results are in very good agreement with the DMC results that are assumed to be exact.
This is a clear indication that the Jastrow-Slater trial wave function in eq. (7.66) is a good
trial wave function for a closed-shell system. Furthermore, we see that using only one
Slater determinant in our W gives us very good results. This indicates that particle-hole
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Table 9.12: In this table we present our results for the energies for different N and w, together
with the DMC results from ref. [46]. The DMC results are considered to be very close to exact
(for example, we see that the DMC results for N = 2, w = 1 is a reproduction of Tauts (ref. [34])
analytical results). Our calculations are in very good agreement with the DMC results — the
different is in the third or fourth digit. All the energies in the table are in units of Hartrees.

N w QVMC Energy ~ DMC Energy (ref. [46]) Relative difference

2 05 (E)=1.66027(3) 1.65975(2) 0.03%
1 (E)=3.00029(3) 3.00000(3) 0.01%

6 028 (E)="7.6223(2) 7.6001(1) 0.3%
05 (E)=11.8104(2) 11.7888(2) 0.2%

1 (E)=120.1899(2) 20.1597(2) 0.2%

12 028 (E) = 25.6989(4) 25.6536(1) 0.2%
05 (E)=39.2359(4) 39.159(1) 0.2%

1 (E)=65.7918(4) 65.700(1) 0.1%

20 0.28 (E) = 62.0567(6) 61.922(2) 0.2%
05 (E)=94.0308(6) 93.867(3) 0.2%

1 (E)=156.0732(6) 155.868(6) 0.2%

excitations in a closed shell system are not that important. The Pade-Jastrow correlation
function is able to account for most of the correlations in the systems considered.

Even though it is hard to say for sure, it seems that the relative difference between
our results and the DMC results get larger for smaller w. This indicates that when the
correlations get more important, our simple approximation of the trial wave function will
not be ideal. When w decreases, we should use a combination of Slater determinants,
allowing the particles to be excited to higher orbitals. Furthermore, we could try imple-
menting more variational parameters in the correlation function. This could be done by
using more terms in the expansion in equation eq. (7.34). However, for the values of w
that we have done calculations for, it seems that our WUr is a very good approximation,
indeed. It would be interesting, though, to find out where our approximation breaks
down, but we have not had time to do so in this work.

From our discussion in Section 5.1, we know that when the B-field increases and wy
is held constant, we split the degeneracies in our single-particle energies. This means
that the shell-structure is broken. When wp gets large enough, our chosen single-particle
orbitals are no longer viable; we need to use the orbitals that form the different Landau
bands in order to create a good Slater determinant. We have not studied this in our
thesis.

9.7 Quantum dots with more than twenty electrons

We want to show that the code we have developed in this thesis is able to simulate sys-
tems with more than twenty particles. One problem with making a code that is general
enough to take on any closed-shell system, is that we do not have an algorithm to assign
quantum numbers to each of the single-particle states. To solve this we have created a
table in the orbital class that assigns quantum numbers to each state as the orbitals are
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Table 9.13: We present the energy and optimal parameters found for 30- and 42-electron quan-
tum dot. The simulation was done with very few MC cycles. Still, we see that our code is able
to handle systems with many particles.

N « B Energy (Ha) #MC cycles

30 0.78 0.85 308.8 100 000
42 0.8 095 543.4 100 000

initiated in the code. This means that we need to fill in this table when we move to
systems with higher numbers of particles.

Even for twenty particles, the computation takes a lot of resources and uses a lot
of time. Unfortunately, we did not have time to do any large computation on systems
larger than twenty particles, but we have done small calculations on 30- and 42-electron
quantum dots, to show that we get good results for these systems. We did calculations
only for w = 1. The results are tabulated in Table 9.13. We see the trend from before
is still present. The value of j still increases as we increase N, which means the Jastrow
part of the wave function is less important.

As far as we know, there has not been done any ab initio calculations on systems
with more than 20 particles. We therefore do not have any grounds for comparison of the
energy. Still, considering the accuracy of our calculations on smaller systems, we do not
have any reason to believe that these results are very wrong.
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Conclusion

In this thesis we have done numerical studies of systems consisting of several interacting
electrons in two dimensions. To be more specific, we have studied closed-shell quantum
dots. The model we have used is the so-called parabolic (or circular) quantum dot. In this
approximation, the confining potential is modelled by the harmonic oscillator potential,
and the electron-electron interaction is given by the standard Coulomb interaction. The
goal of the thesis was to develop a Quantum Variational Monte Carlo (QVMC) code in
C++ that can approximate the ground state energy of such closed-shell quantum dots,
using a Jastrow-Slater trial wave function. Furthermore we wanted to see how well the
system can be described using only one Slater determinant.

The program developed can in principle easily be changed to handle other kinds of
electronic system, such as atoms, molecules and other quantum-dot models.

We have tried two different minimization techniques. The first one was a brute-force
approach, changing the variational parameters manually and calculating the energy for
several different sets of variational parameters. The second technique was a Davidon-
Fletcher-Powell (DFP) minimization which searches for a minimum in a more intelligent
fashion. We found that the DFP approach works well for small systems, but is not well
suited when N (the number of particles) increases to above N = 12.

Our studies of the parabolic quantum dots have been limited to closed-shell systems
only. We have studied systems containing two, six, twelve and twenty electrons in detail,
calculating the ground state energy for oscillator frequencies w € {0.28,0.5,1}. We found
that our trial wave function yields results very close to the (assumed) correct DMC results
in ref. [46]. This indicates that a Jastrow-Slater wave function is a good approximation
for our system. Furthermore, the approximation using only a single Slater determinant —
the determinant representing the ground state of the non-interacting system — seems to
be a good one. We have found that by decreasing the oscillator frequency, we effectively
increase the importance of correlations in the system. Furthermore, we have found that
correlations are not as important in large systems compared to smaller systems. Com-
parison of the relatives differences between our results and the DMC results in Table 9.12
indicates that at some point, when w gets small enough, we should include more Slater
determinants in our trial wave function, or expand the Jastrow function. In this thesis,
we have not studied this breaking point of our model. Furthermore, we have not studied
the high-field limit, when the single-particle orbitals form Landau bands (as discussed
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in Section 5.1). To study this limit, we need to change which single-particle orbitals we
use to build our Slater determinant (the ground state of the non-interacting system will
change). Probably, we would need to include several Slater determinants for such systems.

Out code is able to simulate even larger systems than twenty particles, though it is
quite time consuming. We have obtained results of the ground state energy for 30- and
42-electron quantum dots. As far as we know, there has not been done any ab initio
calculations on these systems. It is therefore not given that our results for these systems
are any good, but because of our excellent results for smaller systems, we have no reason
to believe that the results for these larger systems should be far off.

The sources of error in our calculation stems from the fact that our trial wave function
is not the correct wave-function the systems under consideration. We could decrease the
error by including more Slater determinants, and using more terms in the expansion in
eq. (7.34). In general, though, we will never be able to represent the exact wave function
in this way.

Future work

Our code has been constructed to only work for full shell systems. We could, however,
introduce more Slater determinant to Wr. Then we would also be able to study open-shell
systems (systems where the outer shell is not full).

Another interesting addition would be to improve the single-particle basis. This could
be done by first doing a Hartree-Fock (HF) calculation of the quantum dots and then
parametrize the results in Gaussian-type orbitals. The approach cancels the need for a
variational parameter in the Slater determinant — The determinant is already optimized
through the HF calculations. Furthermore, this approach introduces correlation effects
in the Slater determinant; the Gaussian type orbitals are typically linear combinations
of orbitals from different shells, which means that even though we use only one Slater
determinant, we have included the possibility of particle-hole excitations. This approach
could make the DFP algorithm more efficient, since we no longer need to optimize the
Slater determinant.

It would also be interesting to check where our W7 breaks down, either by making w
very small, which means the correlations becomes very large, or by increasing the B-field
so that the shell structure of our system is broken.

The code could in principle also be used for studying atoms and molecules, and it
would be interesting to implement this. This should not be a problem, we only need to
change the confining potential (for example, in atoms we need to include the Coulomb
interaction between the electrons and the nucleus), and change the basis of the single-
particle orbitals (in atoms, one uses normally hydrogen-like orbitals).

Finally, we would like to use a minimization technique that works well for a high
number of particles. The DFP algorithm is not well suited for this, and the brute force
approach by manually changing the parameters is clearly not optimal. The Stochastic-
Gradient-Approximation (SGA) method (ref. [47]) is one possible approach. This method
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utilizes the noise inherent in stochastic functions, and is very well suited for a stochastic
method such as QVMC.
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Appendix A

Statistics

VMC is an inherently statistical method, and it follows that we need some grasp of
statistics in order to correctly analyze our results. In this appendix we will give a short
introduction to many key aspects regarding the statistical terms used for calculating ex-
pectation values and its statistical error in the VMC process. As the nomenclature may
differ from one textbook to another, it is convenient to establish a nomenclature suitable
for our purpose.

A stochastic variable is for our purposes just the same as a random variable. It can be
either continuous or discrete. We will denote stochastic variables by capital letters X, Y ..

We define the domain of a stochastic variable as the set of all accessible values the
variable can assume. In the discrete case an example of a domain is

D = {1,2,3,4,5}. (A.1)

This domain specifies all the possible values of the stochastic variables X, so that X € D.
In the continuous case we could for example have

D = [a,b], (A.2)

and we must have that X € D.

The probability density function (PDF) is a function p(x) on the domain that describes
the possibility of all possible events. In the discrete case, the probability that a specific
value of X occurs is given as

Prob(X = z) = p(z). (A.3)

In the continuous case, the PDF is a probability density. The probabilities are then
related to p(x)dz. In other words, the probability for the stochastic variable X taking a
value on the finite interval [a, ] is defined by an integral

Prob(a < X <b) = /b p(z)dz (A.4)

There are certain properties a PDF must have. We have summed up the most impor-
tant ones in Table A.1 (ref. [38]).

In our work, there are two important PDFs:.
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Table A.1: Properties of PDFs.

Discrete PDF Continuous PDF
Domain {z1,29,..,2N} [a, b]
Probability p(x;) p(z)dz
Cumulative P=Y0_ p(x) P(xz) = [ p(t)dt
Positivity 0 < p(i) 0 < p(z)
Monotonic P, > P; if x; >x; P(x;) > Px;) if ;> a;
Normalization Py =1 P(b) =1

1. The first PDF is the most basic one; the uniform distribution

o) = ! H(z —a)H(b ), (A5)

where H is the Heaviside step function, defined as

0, z=<0,
H(x):{l x> 0. (A.6)

For our purposes, we use ¢ = 0 and b = 1 in the uniform distribution.

2. The second PDF is the Gaussian distribution, also called the normal distribution.
It is defined as
() 1 (x—%)2
p xT) = € 20 s
V2mo?
where £ and o2 is the mean and the variance of the PDF, respectively. These terms
will be discussed presently.

(A7)

Both of these PDFs are continuous, and in the following discussion we will assume con-
tinuous PDFs.

Let f(z) be an arbitrary function on the domain of the stochastic variable X whose
PDF is p(z). The expectation value of f with respects to p is defined as

)y = /D f(@)p(x)da, (A8)

where f]D) means integrating over the whole domain of X. Whenever the PDF is known
implicitly, we suppress the subscript X. An important special case of expectation values
is what we call moments. The n-th moment is defined as

(™) E/Dac"p(:r)dx. (A.9)

The zero-th moment is just the normalization requirement of p. The first moment, (zx),
is called the mean of p. It is often denoted by wu:

(x) = px = /Dxp(:c)da:. (A.10)

Qualitatively, the mean represents the average value of the PDF on the domain. It is
therefore usually called the expectation value of p.
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A special version of the moments is the set of central moments. The n-th central
moment is defined as

((z = (2)") = /D(l‘ — (@))"p(z)da. (A.11)

The zero-th and first central moments are both trivial. They are equal to 1 and 0,
respectively. The second central moment, though, is of great importance. It is known as
the variance of p. For the stochastic variable X, the variance is usually denoted as og(
or Var(X):

0% = Var(X) = /D (& — (2))%p(z)dz

= /(;ﬁ — 22 (z) + (2)°)p(x)dz
D

2
= (%) = 2(x) () + ()
= (z%) — (z)?. (A.12)
The square root of the variance is called the standard deviation of p, denoted by o. It is
qualitatively interpreted as the spread of p around its mean.

The PDFs discussed above are called univariate, meaning they are functions of only
one stochastic variable. A general PDF may consist of any number of variables, in which
case it is called multivariate. Let P(z1,..zy) be the multivariate PDF for the set {X;} of
n stochastic variables, and let F'(x1,..,x,) be an arbitrary function over the joint domain
of all X;. The expectation value of ' with respects to P is then defined as

Xl, X = / / (21, .., 2n)P(x1, .., xp)dxy . .dy,. (A.13)

If we want to find the expectation value of an arbitrary function f(z;) on the domain of
just one of the stochastic variables X;, we still need to integrate over the total domain:

Dx, :/../f(:z:i)P(acl,..,:I:n)dxl..dxn. (A.14)

The different stochastic variables may depend upon each other, in which case they
are called correlated. We define that the variables are uncorrelated or independent if the
PDF P can be factorized as

P(zy,..,x Hp (z4). (A.15)

where p(x;) is the univariate PDF of X;. We observe that if all X; are uncorrelated,
eq. (A.14) reduces to the simple form of eq. (A.8). The concept of correlation is very
important for our MC calculations as.

A variant of the above variance is what we call the covariance. Consider a set of n
stochastic variables, {X;}, with the multivariate PDF P(x1,..z;). The covariance of the
two stochastic variables X; and X; is defined as

Cov(Xy, Xj) = ((zi — (i) (zj — (25)))
= (@izj — @i (z5) — (@) zj + (@) (25))
= (wizj) — (@) (w5) — (i) (x5) + (@) (25)
= (wizj) — (@) (xj) - (A.16)
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Its easy to see that if ¢ = j, the covariance reduces to the variance. If the variables
X; and X; are uncorrelated, the PDFs factorize as in eq. (A.15), and we will have that
(xiz;) = () (x;) (assuming ¢ # j), which means that Cov(X;, X;) = 0.

We will now consider the covariance of linear combinations of stochastic variables.

Let {X;} and {Y}} be two sets of stochastic variables, and let {a;} and {b;} be two sets
of scalars. We consider the linear combinations

U=> aX; V=>» bX, (A.17)
( J

The covariance between these two linear combinations will be (ref. [38])

Cov(U,V) = a;bjCov(X;,Yy), (A.18)
]
and
Var(U) = Cov(U,U) = ZaiajCov(Xi,Xj). (A.19)
2%

In the special case where the stochastic variables are uncorrelated, the off-diagonal (we
may consider The covariance as a matrix Cj;) terms are zero, which results in

Var(U) = > a?Cov(X;, X;) = > _ a;Var(X;). (A.20)
7 7

Let us now try to apply this on empirical observations. Consider a stochastic process
that produces sequentially a chain of values {z;, xo, .., z;,..}. These values are created by
pseudo-random generators (discussed in Section 6.1). We will call each value a measure-
ment, and the entire set is called our measured sample. The action of measuring all the
elements of a sample is called a stochastic experiment (since they are often associated
with results of some observations; in our case the measurement of the energy of a quan-
tum mechanical system). We assume that our measurements are distributed according to
some PDF px(x), where X is just the formal symbol for the stochastic variables whose
PDF is px(z). Instead of searching for this PDF, we are usually only looking for the

mean px and variance J§<.

In practical situations a sample is always of finite size. Let that size be n. The mean
of the sample is then defined as

1 n
T = - Z X, (A.21)
=1
and the sample variance is

Var(z) = = 3 (@ — )2, (A.22)

and the sample covariance
1
C =— i — Tn)(T; — Tp). A.23
ov(@) = - Z@: Ea) (@) — ) (A.23)

This covariance is a measure of the correlation between succeeding measurements of a
sample. The above quantities for mean, variance and covariance must not be confused
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with the similarly named quantities for stochastic variables!

It can be shown that in the limit n — oo, the sample mean approaches the true mean
px of the chosen PDF (ref. [38])

lim Z, = ux, (A.24)
n—oo

and Z, can be seen as an estimate of ux. The question is then: How good is this ap-
proximation? To answer this, we need the error estimate of our mean; this is a quantity
that tells us how well we can reproduce the mean if we did another experiment. We are
therefore interested in the PDF of the sample mean itself. Its standard deviation will
be a measure of the spread of sample means, and we will simply call it the error of the
sample mean, or simply sample error, denoted errx. In practice, we will only be able to
produce an estimate of erry, since the exact value would require knowledge of the true
PDF, which we usually do not have.

In a sample, each of the measurements x; can be associated with its own stochastic
variable X;. The sample mean is then also associated with a stochastic variable

> 1
Xp=-> X, A2
- Z (A.25)

This is similar to the earlier discussed linear combinations of stochastic variables, now
with 1/n as a common coefficients. The PDF of X,,, denoted p %, (), is the desired PDF
of the sample means. It is generally not possible to express this PDF in closed form, but in
the limit n — o0, it is possible to make an approximation. This result is called the central
limit theorem (ref. [38]), which tells us that as n goes to infinity, pg, (z) approaches a
Gaussian distribution:

li B e o 3(/)2) A2
A2, @) = S N @) © ' (4.26)

For a proof, we refer to ref. [38]. This PDF will have a mean and variance that equals
the true mean and variance px and Ug(.

The error is now given by

_ 1 &
2
erry = Var(X,,) = = Z Cov(X;, Xj). (A.27)
,L?J
To find the exact error, we need the true mean. We would need the exact PDFs of the
variables X; to obtain this, however, we have only the measurements in one sample. The
best we can do is to let the sample itself be an estimate of the PDF of each of the X;.

Our estimate of px, is then the sample mean z,, itself. Instead, we estimate the true
mean by the sample mean:

1 n
= () = — =Tn. A28
px; = (i) - ;l‘k T (A.28)
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We can then give an estimate of the covariance in eq. (A.27):

Cov(Xi, X;j) = ((zi = (xi))(x; = (2))) = {(xi = Tn)(2j — Tn))

n

:LZ (:LZ T — Tn) (2 —a:n)> ~ %%Z(:ck — ) (2] — ZTp)
l k

k.l

22

By the same procedure, we can estimate the variance of any of the stochastic variables
X; as

Var(X;) = (z; — (x;)) ~ (x; — Tp)

n

> (o= 7a)

k=1
=Var(zx) (A.30)

%

We now rewrite eq. (A.27) as

Q

1 1
ﬁ Z ECOV(CC)

1 1
= ﬁn2ﬁCov(x)

erryk

_ %Cov(a?). (A.31)

Or, in the special case where the measurements in the sample are uncorrelated, we get

1 n
etk = 2 Z Cov(X;, X;)

1,J
1< 1 <
=3 ZVar(Xi) =3 Z Var(z)
1 1
= ﬁn\/ar(x) = EVar(x) (A.32)

The error of the sample is then just its standard deviation divided by the square root
of the number of measurements in the sample. This is a useful and easy algorithm that
works well as a first approximation of the error, but in most experiments, we cannot
completely ignore the correlations.

It is convenient to rewrite eq. (A.31) as

errd ~ Cov( ) = lV&M(ac) + 1 (Cov(x) — Var(z))

) Z = Tn)” + ) Z )@ — Zn). (A.33)

k<l

The first term is the uncorrelated error. This means the second term accounts for the
error correction due to correlations in the measurements. For uncorrelated measurements,
this term is zero.
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Computationally, the first term in eq. (A.33) is very easy to obtain. It is given as
Var(z) = (2%) — (A.34)

which means we only need the expectation values (x) and <a:2> The second term is a
bit more demanding because we need to store each individual measurements in order to
calculate the cross terms. We analyze the problem by splitting the correlation term into

partial sums
n—d

fa= = (k= Tn)(@kra — Tn), (A.35)
k=1

which means the correlation term can be written as

° v = 25 A.36
Tﬂ(xk—wn)(xz—xn)—n;fd. (A.36)

The value f; is a measure of how correlated values separated by the distance d are. Notice
that when d = 0, we have that fy = Var(z). We define the autocorrelation function as

Ja
Var(z)

Rd = (AS?)

which gives us a useful measure of the correlation at distance d, starting with kg = 1. We
now rewrite the sample error as

1 2
arrk = EVar(ac) + —Var(:):)

= (1 +22Iid> —Var(x)
= %Var(x), (A.38)

where we have defined the autocorrelation time
T=1+42 Z Kd- (A.39)

We see that the sample error can be expressed in terms of the uncorrelated sample vari-
ance times the autocorrelation time. This autocorrelation time can be used to define the
effective number of measurements, n.rs = n/7, for us to simply approximate the error
by the sample variance. From this point of view, we interpret sequential correlations as
an effective reduction of measurements by a factor 7. Neglecting this factor will always
cause us to underestimate the true sample error.
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